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Abstract

The aging of global populatiorisng forecasted by demographers, governments, and other public and
private actors is nowapidly being realized in many countri@sound the world particularlyin advanced, industrial
economiedike CanadaDriving this population agingre members of th&aby Boomer generatiom, grouplarger
and in many ways more socially influential than preceding birth cohtiigarey 2 6 Sy G SNAy 3 t AFSQa I
(if social theorists are correct) redefining concepts of older adulthood we currently rely ptatofor the aged.
However, the portended impacts of thisagingand proposed policy responses largely remain focused at the
national provincial level, with scant attention paid to how the aging of community and neighbourhood populations
will occur and howagingwill impact these local space®nly in recent years have researchers serigastempted
to understand how age and aging overlap the other complex forces that structure urban space and infioence
neighbourhoodschange Drawing ontheories of soal ecology this thesisassessethe roles age and aging play in
urban structure and changes processasing perspectives of life stage and generatiodiszernhow the aging of
Baby Boomesis enmeshed therein. Using the City of Toronto, Canada as atedythis research employs factorial
analysis¢ here, principal component analysis on a sample of 468 Toronto neighbourhooftyr which a
comprehensive dataset of social and spatial measures, with an emphasis on age, is created for the years 1996, 2006,
and 2016 and for the decades 1996 to 2006 and 2006 to.28@46ét of componentsre generatedor each year and
periodto serve as measures of dimensions whictilerlie howthesemeasuregelate e.g., how age and aging relate
G2 ¢2NRYy(G2Qa 2GKSNJ a20AFf FyR aLIl dArft StSYSyidaT AYLRNI
different parts of Toronto reflect the conceptual constructs depictétiese sets of componenénd theirspatial
patterning arethen assessedor their analytical import, focuieg on where and how age and aging overlap other
St SYSyida 27F ¢2NRYy . Fiadings dedal thgvhild Zotditd dontirii€s2otbe @itarily organized
by socioeconomi tha are heavily inflected by ethnic and immigrant status, age still plays a vital role structuring
GKS OAGeQa az20Alt S hanfoandadichaltheoribsRdcdhint f62eNeB if thedeYakaisefuHor
understandnghow the agingf residentsinteracts withy S A 3 K 6 2 dehNeKsb@aRaadBpatial elemenfurther
and in terms of howloronto changes, while other social elements appear to crystalize, or remain stable between
years, resident aging tak amore prominent role defining the chang@2 N2y i 2 Qa Yy SAIKo 2 dzZNK22Ra& |
As for where Baby Boomefactor into this while the earliesborn half of the generatiofollowsa similar trajectory
as precedingenerationsin enteringolder age, the younger half of the generation diverges ftbia trajectory and
thus fromestablishedy 2 Ny a 2 F { A TMOWNg forivard] &eEmsagde lamt Sigingre becoming anore
definitive a factor in the structuring of urbaanvironments like Torontand that concepts of life stage and
generation that have beerdeveloped more concretely in other research discipljwg$ be crucial for continuing to

unravel the complex ways in which demography interweaves itself into urban social ecology.
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1.0 Introduction

Globalpopulations have been rapidly aging for several decashebwill continue to do so for several mere
NF KSNJI RN YFGAOFTEte Ay (KS 62 NI RMiatrendrilbresyfapeSoRr cite®@ 2 iy A §A S a
structures and consequentlgur work aplanners(WHO 2002; 2007Lanada typifies thigging its share of persons
aged 65+ increased from 12.2% of the national population in 1996, to 13.7% (2006), then 16.9% by 2016. Older
adults will make up 23.4% of the Canadian population by 2036 and amaisdid share for 3plus years (Statistics
Canada, 1998; 2008; 2017a; 2019&)e social and economiimplicationsof this population aging are ndbst on
demographers, gerontologists, and governmental and public agencies, as wellivase corporatiors and
SYGNBLINBYSdzNB o1 NG 9 . AFESANAET wnamyT /lal X HAHANOD t 2
thelocalf S@St 0bSgo02f RS Hnanmp LIPocpuI $KSNB 2f RSNJ I RdzA 6AaQ RI
social connection (btige, 2008) Whether engaged in urban land use, social services, economic development, or
similar functionswe as plannerglay a vital role preparing the physical and social infrastructure of @mntunities

for current, ongoing, and anticipated challeaggand opportunities presented hlyis population aging.

Yet, the problem motivaing my research is thabur focus onpopulation agingremains nationaly or
provincialy anchored(McCann, 2017; Carbonaro et al, 2018; Hartt & Biglieri, 2018). Study déthisgraphic effect
at the local scale i.e., in communities and neighbourhoods, is much less comima knowledge of how, why, and
whereagingoccuss ¢ information muchneededto effectively plan for aging populatiem is lackingThis is not only
in terms of focus otocatlevelaging(Atkins, 2017), buipon how these shiftsaffect myriad other social, economic,
and physical elementsf urban spaceMuch research oneighbourhoodshas built up over the years (Teernstra &
van Genf 2012; Bailey et al, 2017yhisvast body of work draws considerable inspiration from seminal theories of
humanor socialecology,; LISNRLISOGA GBS 6KAOK OA SddBOO2A 282 e ¥R OKEN
social similarity is reinforcedtig Y LJt SESX &Si RAAOSNYIo6fS LINAYyOALX Sa NBf I (S|

as well as to local geographic featu(@sown, 2001 p. 1)

Before delving into this research tradition, | first clarify my use of social ecdlélgife contemporarily,
WE20AFf SO2ft238Q KFa& GF 1Sy 2y I ofdudy @buserdfectstBdy gidthg 33> RS L.
dynamic interplay between characteristics of people and places to understand the spatial distribution of populations
and social behaviodCaves, 2005 p. 413focusY @ dza S 2 F W& 2 OA | Gponfhdfdst of tHedde., SOSyYy ¥ d:
the aging of neighbourhood populatiomsd how this relatego urban spacen an aggregate, systersvel sensgé
This frameworlcwK A OK f 221a |4 OAGASE a +ty SO2f23A01f &aeadsSy:s
¢ originated in the earh2(d" Century with Parks, Mckenzie, and Burg@®25), who identify underlying patterns in

IC2NJ AYaidl yOSs yliGdzNI tf SO2t23Arada a8S wWazOAalt S$02f23eyQ & | 0
could relate more harmoniously (Bookchin, 2007).

2Many, such as those isocial work, apply social ecologyaW 6 2 (dil2¥spedive studying how individuals interact with and

respond to their surrounding environment and thmplicationsthis has for theipersonalbehavior and welbeing(Citation).

1



K2g NBAARSyi(da 27 8RH&KiBaNG iiThicagda (yiAA IO®B2odaiEAOA2IERE urban

researcher such adoyt (1939) and Hoover and Vernon (1959) build on these foundations by introducing and refining
concepts suclas urban space sorting accordingin@omes and the presence of aeighbourhoodlife cycle which

underlies patterns of urban change. These theimait perspectives ¢ KSNBAY OAGAS&EAQ 2NAI yAT |
spatial hierarchy of relationg akin to natural environmentg serves as the basis of this thesis research which

examines the where, how, and why of age and aging within the complex sodiapatial patterns that shape urban
environments i.e., how population aging shapes lluenanecology of cities at the neighbourhood level and indeed

how these ecological patterns and processes influence how local populatimtesgo aging.

While less emphasized in contemporary urban studies since reaching a zenith of popularity in the 1950
1960s (Viaud, 1995)he perspective that cities and neighbourhoods operate according to dogioal principles
continuesto reverberate throughout urba geography. The extensive (and ongoing) study of gentrification since the
1960s and, more contemporaneously, innumerable other formseighbourhoodchangé continue to utilize socio
ecological concepts to describe how and why cities come to be spatia@ NBHI yAT SR F O02NRAy 3 (2
attributes. However, while parallel social sciences like demography and soclwegyfocused omvhere and why
people reside in certain places at certain ages (Rossi, 1955; Newbold, 2011), relatively few uripeaplygas
explore the intersections betweeneighbourhoodage structure and their other social and spatial characteristics
(Rummo, 2016). For instanoehile gentrificationstudiesNS 02 3y AT S (KI G &a20Att yR S02y;
08 LRLMz I GA2ya 2F RAFFSNByYy(d |3Saé¢sx G(GKS AyaSaNdnyirzy 27
recentlybeing taken seriously (Hochstenbach, 2018 g)1a trend likely motivatedy the current and impending

aging of populations at all spatial scales, including the neighbourhoods we all reside within.

Given the increasing pace of global population aging, we eafidhd this disconnect between research on
aging andiurban sociaécology Aging is not so much absent from urban studies as it is vewhghasized or assumed
predictiveandlinear. A common trope is thatlder adultspassively remain in their homes through retirement and
i KSA NI Qeéparfurg bdbtgbMiag to detining local vitality until they moveut of their homes thisallows the
neighbourhoodto renew asincomingyounger residents reinitiate thneighbourhood life cycle (Foote & Walker,
2017). While aging studies advance these basic constructs by explorénge life trajectories for the young and old
alike (Coulter et al, 2016), advance of these constructs withian studies is noted to be halting at best (Rummo
et al, 2016; Hochstenbach, 2018). This thesis instead foregrounds age and related nidiferstagye and generation

to asseshowwell, if at all,O A (iskiffirg@mograply conforms withthese sorts of normative expectations

A generational perspective is important becausassage through A F Si€dastag@siisNikely to be

experienced dferently associal, economic, political, and cultural conditiateange with the course of time. This

3 Ergo, earlywork in humarecology is often thought synonymous wite W/AOl 32 { OK22f Q 2F (K2dzaAK{G®
4Such as shifts in locage and family statysacial/ethnic character, and built forg®wens, 2012; Delmelle, 2017).
5E.g., in how older adults (65+) are considered quite homogenous and thus so their role in neighborhood change.

2



generational effect means thatging as we know it is said to be changing (Green, 2006). Baby Bobiwer in the

prosperous, transformative decadesstWWII (19451964),are now several years into late career and retirement

life stages They now driveglobal population aging and will for decades (Hodge, 2008; Davies & James, 2011). Many
seminal (Graff & Wiseman, 1978; Litwak & Longino, 1987) and cyDertes & James, 2011; Atkins, 2017) studies

look atolder adults of prior generations. Contemporary sgutlus needto askk 2 ¢ . 2 AQNG Willcdverge

with and/or diverge from prior generationsRlready observed to diverge from prior generations in younger life

stages intheir behaviour and value$Moschis & McArthur, 2007; Siren & Hostein, 201B»omerfgeneral

experience of aging also expected to diffelas will therole their agingplaysin social ecologyConversely, if their

aging followsexpectednormsof the human life coursethen inthe aggregate, Boomenill largely converge with

preceding generatior® | .Wi%ey.32 2 Y & NB QI-0RdEkEGVA y I KA ald2NRé (Kdpelatleh NE Al A
Todo sowould be planning oucitiesF 2 NJ 12 Y2 NNR ¢ dzaAy3d aeSaidSNRIe&Uua GKAYLlAY

The purpose of my research then is to assess the nature and extent of population agingngdouan
urban environment; here the City of Toronto, Canadgat the neighbourhood level then further assess how these
shifts overlap otheelements of¢t 2 N2 y (i 2 Qa S&idds botioeofoiic 8taiud and built form. Throughout
my research, concepts of age, life stage, and gaimrare empirically foregrounded to support a detailed analysis
2F .l o0& .22YSNRQ GNIlyairdAizy Ayid2 2f RSnkskaRgpibkcB 2R ¢ KS NJ

In Section 2, | take a comprehensive approach to exploring these several aaeas@miconcern, starting
GAGK [/ yFRIFIQ&a NBOSYy(d LIRLMzZIFGA2Yy 3IAy3 GNByRaz | a ¢Sff
underscore themagnitude of demographic shift expectin coming decades. To understalikkly neighbourhoos
level impacts) also assessow/ | y I Rl Qa aliffeR foMlyokingetzpoppudatios on a series of social and
housingrelated measures. Having contextualized Canadian population aging, lettgare severalliteratures
related to urban social ecologincluding studies of neighbourhood change and of-bgsed residential mobility
i.e.,why move people move as they age, as the lattenslatesdemography into urbasocial ecologyl thensurvey
how and whythe Boomer generation, now entering older adulthood, is expectediigrupt existing models of

neighbourhoodagestructureandaging | conclude Section 2 witlhy research questions generated fraims review.

In Section 3lbeginY &8 & (i dzR & Q& with&ui dehvie® 6f thé @ity of Torontoy study areaBasic
geographicdescription precedes an outline of 2 NP ysdcial Qublitich and economialevelopmenthistory. |
present my useStatistics Canada data to createighbourhoodunits of studyand clarify my employ ofthe City of
Torontoas study arealthen outline how | structure age in my studynd usdocationquotientsto understand spatial
patterns of age imoronto. | then introducefactorial analysigssmy means ofassessingpow these patternsoverlap
¢C2NRYG2Qa astdlioltiineti® Bigdryhmi&ate elements of factorial analysimitroducemy choice of
principal component analysis, or PCA, as my spegificoachto understandcore dimensions undering¢ 2 N2 y (i 2 Q&
social ecologgnd my decisioto conduct a twestage analysig first conductPCA of the years 1996, 2006, and 2016
using statiZ LINR L2 NI A2yl YSI adz2NBa A dBied cohdyct ACAf ShaéiRiiesel0 a  LJ2 LJd:



proportional measures iecades 199@006 and 200€2016 | spend therest of my methodology presenting the
various step®f my analyses, includingow I developmy variables test them for statistical adequacy, conduct my
PCA, and finally, mapmy findingsfor visualanalysis. Thiall clarifies my methodological decisignaking and walks

readersthrough how PCA work$o provide a foundation for betteunderstandingmy results.

In Section 4| present my finding | first assess older adult and Boomer populations for Toronto in 1996,
2006, and 2016t also present neighbourhogkvel location quotients fothese groups for these yearsand how
they chang 19962006 and 200&016to contextualizehow my study area ages over my study peridtien present
my separatebut interrelated PCAs: static PCAs of 1996, 2006, andi20& A y (i N2 R dzO S R céHtingitd S i K S NI
andchangeit 2 NRy 1204 a20Alf SO02t23& 20SNJ §KS &0 dR&BHIVENA 2R |
before proceeding through 2006 and 2016. | then present my 2 change PCA eé2a@®&nd 200€016in similar
fashion, exploring the set ofdimensions emmging each decadend how these relate back tomy static PCA

Throughout my analysis, | focus on the implications of age and aging, life stage, and generation

In Section 5, | discuss my findings relative to other recent research on how demography owétitaps
humanecology and tdodayQ population aging trends. | first explore my findings according to two major themes
relating to age as an element of urban structure agthgas a process of urban change. | thiéscusghe trajectories
Boomershavetakt Ay ¢2NRYy (2 Qa &t &pettbf thSiG@ureadng.followvitth abriribuitions
my workmakesto the study of urban demography and urban social ecology more generally, as We@ asd (i dzR & Q&
limitations andthe lessons these provide fduture applications of factorial analysis. | conclude my discussion and
my thesisby briefly outliningsome potential direction for future researchof how age and aging shape our cities

and why continual research on this front is needed to keep up witteggional change.



2.0 ¢ Literature Review

2.1¢ Introduction

To begin my review of research relevant to my objectives, | first define and contextualize population aging.
| then assess how this process has occurred in Canada since 1996 and project these trends to 2066 to illustrate the
magnitude of currentand expeStR I IA Yy 3Id ! aAy 3 I NI y3IS 2F /Syadza YSI adaNB:
RATFSNI FNRY (K2a$S @2dzy3SNI GKIFy 38 cpd 2KAES (KSasS (NBy
social character could be expected to change as theseespage. At the local geographic scale, variation in
L2 LJdzt F GA2Y F3AAYy3I NBadzZ §a TNRY LIS2LX SaQ RSOAaAzya (2 Y2
preferences for certain dwelling and neighbourhood characteristics and the resouncsscure them;these
preferences and resources are often quite informed by age e.g., the need for fsuntdple housing once children
arrive. These demographic dynamics in turn influence and are influenced by otherspatia processes. For
instancethe proliferation of early families or retirees may incite developers to develop appropriate housing in areas
experiencing growth of these households. Conversely, the rapid expansion of said populations may overwhelm the
supply of these dwellings relatiie available supply, reducing affordability and possibly driving early families or
retirees to other areas, instigating changes in those places. Thus, population aging should be more integrated within

the study ofneighbourhoodchange instead of being tréed as separate social and spatial process as it has been.

To better understand population aging as a type of urban change, | dive into neighbourhood studies
generally. This contextualizes where and how population aging could better feature insob@recology | review
seminal theories from the eardgid 20" Century, prominently studied gentrificatiqggrocessesthen contemporary
studies extenthgbeyond these. While age and aging play an oftedimentary role irstudyingneighbourhood and
change, @mographyis better integrated in closely related fields of study. A prominent exaroplshereindividual
and population aginfeatureis research on agbased residential mobility. Essentialhgighbourhood changevia
residenti Q- arid gut-movemeng. Core concepts, such as human life course and migratory-pdgf £ = Y2 RSt | 3
role in where, how, and why people reside in different places throughout their lives. Just as neighbourhoods and
populations change, the wagtsat age and agingifluence these changeseshifting. | highlight generational change
and specifically how Boomers may transform intersections of aging, residential mobility, and urban change. Their
2dzi &A1 SR NRfS Ay [/ | yiémdrahic shifi§udtifiegrésearchioR hows theirlSgi§ iBflRences
other elements othuman ecologyThis informs a basic understanding of how we might expect them to influence

urbanchange in the decades to come. | conclude with a set of research queries arisingyrtit@rature eview.

6 These behaviors shaped by @ household statuss well as elements of soes@onomic status or ethnicity
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2.2¢ Population Aging in the Canadian Context

A population consists of all people living in a defined geography (Newell, 1989) i.e., a country, city, or
neighbourhood®® 2 S O2YLI NB L2 LIz | GA2y & o0& K Svedldodefide andl assessdS @ O
sublJ2 Lddzf | GA2ya APSdS /Iyl RIFIQa 2t RSN I RdzZA Gad t2LdzZ A2y 4
(Davies & James, 2011). People enter or leave, via birth, death, and/or moving at certain ages, making amopulati
older or younger. Sincthe early 28" Century decliningfertility and increasing life expectancy have generally aged
the global popultion (Lesthaeghe, 2010). An increasing number of countries now experience dwindling youth shares
while older groups swellTKAa GNBYR @FNASa o6& ylriAz2yaQ NBfFGAGDGS LINR
countries (with lowest birth rates and highest life expectancy) also age most rapidly (Lee & Mason, 2010). Even many
developing parts of Africa, Asia, and hafAmerica, where youth populations continue to explode experience
unprecedented increases to their number and share of older adults (WHO, Zpilation agings often portrayed
via simple stats, such as an increase to average age over time, or egreddis of growth among older age groups
(Hodge, 2008). Yet, demographics are influenced by the complex interplay of social, economic, cultural, political, and
environmental forces over timeShwanen et al, 2012; Coulter et al, 2018p, while the worlciges generally, the
aging of various populations, like other sosjatial change is marked by intensgatial variabilityat all geographic

scales, including the local or neighbourhood level (Davies & James, 2011).

¢l ofSa wnom 2dziif Ay &hd pelcéniide RHa@ af sdledt iade fgroup<2framyl 1996 to 2066.
Table 2.2 shows how these groups grow and/or decline during each deddmeshare of older adults (65+) in Table
2.1, initially 12.2% in 1996, increases to 13.7% in 2006 and again to 16ZbyRates of growth for older adults
each decade, 22.9% (192606) and 36.9% (20a8)16), outpace respective national rates (9.6%; 11.2%; Table 2.2).
The 65+ group continues to capture43 more share of the total population each decade, reaching 2349436.
While growth and gains in share taper after 2036, by 2066, 25.6% of Canadians will be aged 65 Arrelgasal
200dzNE Ay /IFYIFIRIFIQE RSY23INILKAO &GNHzZOGdzZNB & 2f RSNJ | Rdz
Children (614) and east households (284) see 1996 shares of 20.5% and 15.6% decline to 16.6% and 13.1% by
2016. Absolute decline in each of their total populations between 1996 and 20@84;-11%) underlies share loss,
even as these groups grow in subsequent decades. Bipuishare loss between 2016 and 2066 is less dramatic,
with 0-14 staying at roughly 15% throughout; however,®% Q& LJ2 LJdzf I GA 2y &KF NB {1SSLJAa &t A
projected growth stabilizes during this period, it never catches up to 65+ raten,a&vthese taper off. Juxtaposing
2f RSNJ YR @82dzy3SNJ 38 INRdzZLJA aK264& K2¢ LRLJz I GAzya | 3S

7To focus on older aduttood (65+, 85+) and those about to enter it (68), some age group4d%-24, 35-54) are left out ofthis
broad overview. Age groups®! and 2534 serve as markers for young families and for early, transitional adulthood (referred to
as earlyhouseholds) talepict howcountervailing old and yourtgr) residents inform population agend aging
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Table 2.1
Canadian Population by Age Group, 1996-2066

Age Group 1996 2006 2016 2026 2036 2046 2056 2066
Total Population # 28,846,760 31,612,900 35,151,730 40,314,900 44,113,900 47,478,200 50,728,200 54,386,300
0-14  Children # 5,901,280 5,579,840 5,839,565 6,261,200 6,593,100 7,117,000 7,638,400 8,050,800
% 20.5 17.7 16.6 155 14.9 15.0 15.1 14.8
4,498,910 4,005,805 4,615,385 5,280,800 5,482,100 5,861,500 6,124,900 6,514,200
25-34 Early Households
% 15.6 12.7 13.1 13.1 12.4 12.3 12.1 12.0
. # 2,489,455 3,674,495 4,910,750 5,072,400 4,917,100 5,701,200 6,003,200 6,252,500
55-64 Pre-seniors
% 8.6 11.6 14.0 12.6 11.1 12.0 11.8 11.5
# 3,527,845 4,335,250 5,935,635 8,398,300 10,337,600 11,316,200 12,510,600 13,899,900
65+  Older Adults
% 12.2 13.7 16.9 20.8 23.4 23.8 24.7 25.6
# 337,070 520,610 770,780 993,100 1,642,400 2,476,100 2,813,700 3,066,200
85+  Oldest Adults
% 1.2 1.6 2.2 2.5 3.7 5.2 55 5.6

Source: Statistics Canada, 1998; 2008; 2017a; 2019a

The age groups 564 Y R ypb FdzNGKSNJ AffdzadNI GS GKAamlageKS T2 NY
in 1996, Boomers (age &D) had yet to reach older adulthood. As they do in subsequent decades i.e., agés 42
(2006), then ages 520 (2016), the 58 1 INR dzLJ agSftfta FNRBY yodc (2 wmm:r 2F /
staggering growth rates @f7.6 (19962006) and 33.6% (20a816). By 2026, as most Boomers age pasif3he
INRdzLIQAa &aKFNB INRBGgGK adlffa oNMzLIitex a adzoaSlidsSyd 38y
it,seenin2026i noc Qa o ®m: (2 i gréup &P doBblesiis pbpulbitiorSsharepirbm 1.2% (1996) to
2.2% (2016), driven by growth of 54.5 (198@06) and 48.1% (20a816). The group more than doubles in number
by 2016. Here, we see Boomers aging into the projected decades: the ebdi@sBammers hit age 85 in 2031, and
1Kdza GKS ypb 3INRdzZLIQa LI LJz I GA2y aKFNB 2dzYLlA FTNRY HOpE:
Boomers will be between ages®®nn® ¢KS ypb INRAzZLIQ&a Hnuc LRLIzZ FGA2Y &KL
2036) and then 833,700 (2032046) over the two decades, outpacing the combined increase of the children and
SFNIeé K2dzaSK2f R 3ANRdzZLJA Ay GKS alyYS LISNAR2R omInyozZnnn

Table 2.2
Canadian Population Growth (10-year) by Age Group, 1996-2066

Age Group 1996-2006 2006-2016 2016-2026 2026-2036 2036-2046 2046-2056 2056-2066
. # 2,766,140 3,538,830 5,163,170 3,799,000 3,364,300 3,250,000 3,658,100
Total Population
% 9.6 11.2 14.7 9.4 7.6 6.8 7.2
. # -321,440 259,725 421,635 331,900 523,900 521,400 412,400
0-14  Children
% -5.4 4.7 7.2 5.3 7.9 7.3 5.4
# -493,105 609,580 665,415 201,300 379,400 263,400 389,300
25-34 Early Households
% -11.0 15.2 14.4 3.8 6.9 4.5 6.4
. # 1,185,040 1,236,255 161,650 -155,300 784,100 302,000 249,300
55-64 Pre-seniors
% 47.6 33.6 3.3 -3.1 15.9 5.3 4.2
# 807,405 1,600,385 2,462,665 1,939,300 978,600 1,194,400 1,389,300
65+  Older Adults
% 22.9 36.9 41.5 23.1 9.5 10.6 11.1
85+ Oldest Adults # 183,540 250,170 222,320 649,300 833,700 337,600 252,500
% 54.5 48.1 28.8 65.4 50.8 13.6 9.0

Source: Statistics Canada, 1998; 2008; 2017a; 2019a

L OSEESYWLINBE Q IAGSY (GKSANI LINPEAYAGE. G2 aFAR €AFS adlk3IsS o/allx
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/' yFRIFEQ&A& LRLMzZE FGA2Yy A& F3AAYy3I yR gAtf O2yiGAydzS G2 3
later life. These national trends have and will keep resonating down to the local level i.e., most communities and
neighbourhoods will undergo popation agingC dzZNJi KSNE Al A& | NHdzSR GKI G . 22YSNEQ
transformlongK St R 02y OSLJiAz2ya 2F fATSQa tFGSNJ aAdl3sSa Ay NBALS
including housing (Green, 2006; Atkins, 20R8)populéons age in Canada as elsewhere, what sorts of changes can
we expect neighbourhoods to incur from increasing numbers and proportions of older inhabitants? Any changes in
local social ecology depend upon older adults diverging from younger people irtrditsrand preferences, such
that the aging of aneighbourhoo® & LJ2 LJdzf | ( A 2 y -shafidf radzsSyeOeddiabovelits aga StrGciui.
Understanding the range of observed differences between older and younger age groups and the potential impacts
that these divergences might have upon local social ecology are important for informing my theoretical framework

and subsequent analyses | employ in my research that looks at overlaps between population aging and urban change.

2.3¢ Divergences Betweddld and Young
Table 2.3 examines older Canadians (65+) both as a total population and split between female and male
L2 Lzt | GA2y&ad® /FylFIRAIFIYa dzy RSN 6KS 3S 2F c¢cp FNB dzaSR ¥
reported to differ accordingvhether one is in early (634), middle (7534), and late (85+) older adulthood (Bradley
& Longino, 2009; Atkins, 2017), these groups also feature to provide further context into the process of population
aging. As populations grow older, they tend to grmwgressively more female, as per a gender gap in life expectancy
i.e., women tend to outlive men (Hodge, 2008). Older adults are generally far less employed and they more likely
live with a spouse or alone than do younger age groups. They also haveasnigely to be living with constraints
on their daily activities via various forms of illness or disablement incurred with age-, Badyle, and latestage

older adults differ along several axes, with notable gender differences also emerging ant@sgsgroups.

Employment for males ages 6% is under half (24.8%) and females age«/8%s under a third (15%) their
@2dzy ASNI O2dzy i SNLI NI AaQ NIGS&a 2F py YR pnom:zd 9YLI 28YSy
gender gap in labour fae activity remaining for 784 and 85+. In terms of household conditions, older women
more often live alone, while older males more likely continue to reside with a spouse. While rates of spousal living
atages65 n RAFTTFSNI o0& W2yt 800.54), thp:gap Widehstfo therd& antl 85F §rvups; as
females outlive their male counterparts, they thus more often alone or with others as they continue aging through
later life stages. From early to late older age, activity constraints increasedfgtrpeople, likely a major contributor
to both genders seeingafod2f R AYONBIF &4S Ay GKS akKl NB 2 FfordfaBeSBlJ | Rdzf i a

9 This includes residential care facilities and similar settings intended to provide ongoing health and social support.
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Table 2.3
Canadian Population by Age Group and Gender, 2016

Total Population Total Female Population Total Male Population

Age <65 65+ 65-74 75-84 85+ Age <65 65+ 65-74 75-84 85+ Age <65 65+ 65-74 75-84 85+

Total Population (# in 1,000s) 29,216 5,936 3,393 1,771 771 17,888 3,240 1,762 976 502 17,264 2,695 1,631 795 269
Females as % of Population 50.1 54.6 51.9 55.1 65.1 - - - - - -

% with an Activity Limitation 27.1 54.6 47.2 61.3 80.8 28.4 55.7 47.3 62.6 82.6 25.9 53.3 47.1 59.8 78.0

% that are Employed 56.4 12.8 19.7 4.8 1.1 54.7 9.1 15.0 2.7 0.6 58.0 17.4 24.8 7.3 2.2
2 2F JFYFRAFYEA [AGAY3IX

X gAGK | aLkRdzfbe 585 679 544 261 459 471 60.5 404 129 433 721 760 715 507

X f2yS$§ 8.8 29.0 21.8 322 533 8.0 36.8 26.6 41.8 62.4 9.6 19.7 166 204 36.3

X ¢6AGK 2GKSNAR 466 125 102 134 20.6 46.1 16.2 129 17.8 247 47.1 8.1 7.4 8.1 13.0

X Ay | 02tfSO0M8BS TR SH1OA Y B.E 32.0 0.6 9.6 2.0 9.6 36.5 1.0 5.3 1.9 6.1 23.6
Source: CMHC, 2020 * overlaps with other living situations; thus, %s total > 100



Table 2.4resentsa range of information regarding Canadian households, in terms of the types and size of
household they occupy, as well as the types of housing they reside in and some general housing conditions. Again,
the data for older adults (65+) have been delineadgginst data portraying the characteristics of younger Canadian
households; successive stages of early, middle, and late older adulthood featureTable 2.3. Using househld
here provides a considerable amount of conteatinformation often missed tethe individual leveéP. Because much
of this household data has been gathered and retabulated by the Canadian Mortgage and Housing Corporation
(CMHCQC), it and subsequent tables featuring household data are also organized according to tenure i.e., owner vs
renter households. Among the 65+ population, owner households outnumber renters by roughly 3:1, a ratio even
more pronounced than thatoftheunderp LJ2 LJddzf | GA2y Qa HYM® ¢KA& NBFfSOGA K29
have made ownershipmore §kf @ ® | 2 6 SPHSNE 2y O0S Ay 2f RSNJ | RdzZf 6K22RX K2
begins to decline with further age; from ages-B%to the age of 85+, the rate of ownership declined from 76.5 to
68.7% (nearly back at par with the 65.9% of the urgiepopuldion). Distinguishing between owner and renter
households here and in subsequent tables proves a useful lens, given tenure is a vital link to the types of dwellings
and therefore neighbourhoods these differing segments of the populagiboth older and yangerc are likely to
occupy. Further, the two tenure groups differ markedly in terms of typical household structure and factors relating

to socieeconomic status (referred to as SES hereafter).

Starting with household structur@able 2.4, dl older adult age groups (early, middle, and late) tend to see
smaller family households e.g., couples without as compared to with children and higher rates of living alone (1
person households) across both owner and especially rental tenure than dogoo@agadians. Amongst older adult
(65+) households, those of 2+ persons tend to own more than rent (68.4>33.9%) ypkiledh households age 65+
tend to rent more than own (66.14>31.6%). Among 65+ households of 2+ people, couples are the prevailing type,
especially thosavithout children. While smaller household size and childlessness is a far more common trait of older
adult households, certain age groups, particularly among owners, maintain vestiges of a family lifestyle: 9.7% of
owners aged 654 have bildren living in their home. Adding lofmarent owner households (4.7%) to this,
households with children reach a 14.4% share of the 65+ owner group. Older adult, lone parent owners also increase
in share with each successive age group. | posit thisaserenay reflect a trend of children returning home to live
with their elderly, single parents to help them or potentially for mutual support. The presence of (adult) children in
the home reveals diversity among older adult household structure and typeetgmwcouples without children still

F2NXY (KS f A2y Qusehdlds toNsiBting of 2+lpdople. c p b K 2

10Statistics Canada colleatata forindividualsand householde.g., age, labour status \tenure, income However, hese largely

fail to overlap (Viaud, 1995)Irban studies generally benefit from household analyses aslthigys a0 K S  amtaking it RS OA & A
[for6 & & & Kz2dzaAy3Z | YSyAde dzasSsy O2yadzYlliaAzyé FyR avYz2aild wRSY
i.e., forcesshapingpopulation aging (Kuijsten & Vossen 1988, pHbusehold age is dafed by the age of its primary maintainer

(which can be either male or female)rForevity, lusethe shorthand households age65+, 85+, etceven though these can
Oz2yaral 2F AYRAGARdAZ ta 2F 20KSNJ I ISareripbtSntially). I YI Ay dFAySNRa &2

2
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Table 2.4
Canadian Households Organized by Age and Tenure, 2016

Owner Households and Dwellings Age <65 65+ 65-74 75-84 85+ Renter Households and Dwellings Age <65 65+ 65-74 75-84 85+
Total # of Owned Dwellings 6,926,375 2,614,9451,551,495797,735 265,715 Total # of Rented Dwellings 3,591,285 883,245 477,370 284,860 121,020
Owners as a % of All Households 65.9 74.8 76.5 73.7 687 Renters as a % of All Households 34.1 252 235 26.3 31.3
% of Owners with a Mortgage 59.7 25.1 30.9 17.4 110 % of Renters in Subsidized Housing 13.0 21.8 20.3 225 24.2
% of Owners in a Condominium 13.2 15.7 13.7 178 211 % of Renters in a Condominium 13.8 10.9 10.3 11.6 11.7
% of Owners in Core Housing Need 6.3 7.7 6.5 8.4 12.0 % of Renters in Core Housing Need 26.8 32.8 31.7 33.4 35.4
2 2F hoySNI |1 2dzaSK2tRa [AQAYy3a AYy X 2 2F wSYUGdSNI I 2dzaSK2fRa [AGAY3I Ay | X
X {Ay3tSn5Sil OKSR | »tza S712 729 69.4 67.0 X {Ay3tSn5SiGl OKSR 118235 96 10.7 8.6 7.6
X {SYAn5Sil OKSR | 2 dss 4.9 5.0 4.9 4.6 X {SYAn5S8Sil OKSR | 2dzAis 2.7 3.0 2.6 1.9
X hiKSNI {Ay3tSn! Gl OKSR ok 2 dzd.$ 02 02 X hiGKSNI {Ay3ItSn! Gdl @K SR 0B 2 dzack 0.3 0.3
X w2g |12dzaS 6.4 5.1 5.3 50 44 X w2g |1 2dza$ 7.6 5.0 5.3 4.9 43
X 1 LI NIYSy i 13.9 16.6 145 186 22.6 X 1 LI NIYSyi 71.9 81.9 80.2 83.2 85.5
- Duplex 4.0 3.8 3.7 4.0 4.2 - Duplex 9.3 6.5 7.5 5.8 4.4
- Building with 1-4 Storeys 6.0 7.1 6.4 7.9 9.3 - Building with 1-4 Storeys 42.8 45.2 46.4 44.5 41.8
- Building with 5+ Storeys 3.9 5.6 44 6.7 9.1 - Building with 5+ Storeys 19.7 30.2 26.2 32.8 39.3
Total # of 2+ Person Owner Households5,771,265 1,788,4851,145,390512,150 130,940 Total # of 2+ Person Renter Household,198,650 299,115 174,830 94,085 30,205
These as a % of All Owner Households These as a % of All Renter Households
2+ Person Households 83.3 68.4 73.8 64.2 493 2+ Person Households 61.2 33.9 36.6 33.0 25.0
Family Households 80.9 66.4 71.6 625 477 Family Households 51.9 311 33.0 31.1 23.7
Couple Family Households 69.1 58.1 64.6 535 335 Couple Families Households 34.6 24.1 25.8 24.7 16.4
w/ children 44.3 7.9 9.7 5.8 3.9 w/ children 18.8 2.9 3.9 19 1.1
w/o children 24.8 50.1 54.8 47.7 29.7 w/o children 15.7 21.3 219 22.8 15.3
Lone-Parent Family Households 9.0 6.3 4.7 73  13.0 Lone-Parent Family Households 16.2 6.3 6.4 5.8 7.0
Multiple Family Households 2.8 2.0 2.3 1.7 1.1 Multiple Family Households 11 0.7 0.9 0.5 0.3
Non-Family Households 2.4 2.0 2.2 1.7 1.6 Non-Family Households 9.3 2.7 3.6 2.0 1.3
Total # of 1-Person Owner Households 1,155,110 826,460 406,105 285,585134,775 Total # of 1-Person Renter Households 1,392,635 584,130 302,540 190,775 90,815
These as a % of All Owner Households These as a % of All Renter Households
1-Person Households 16.7 31.6 26.2 358 507 1-Person Households 38.8 66.1 63.4 67.0 75.0
Female 1-Person Households 7.7 21.6 16.9 255 373 Female 1-Person Households 17.7 45.4 39.5 49.1 59.8
Male 1-Person Households 9.0 10.0 9.3 10.3 134 Male 1-Person Households 21.1 20.7 23.9 17.9 15.2

Source: CMHC, 2020
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In terms of Canadians who live alone (Table 24erson households make up roughly twice the share of
renting households compad to their share of owners, both at ages 65+ (66.1>31.6%) and §%€38.8>16.7%);
however, Iperson owner households form a larger total population thapetson renters for all noted ages. One
person households age 65+ are more often female, anceasingly so moving from early to late older age; this
FfA3dya 6AGK F3Ay3aQa IASYSNIt FSYAYATFGAZ2Y 6¢l10fS& HDPOOD
owner households aged 6B4 consist of a one person, a share increasing to 50.7%8bforowner households. For
older adult renter households, 63.4% of the-B% group increases to a 75% share of the 85+ group. While not a
YF22NARG& &aKINB 2F /FylFRFQa 2t RSNJ I RdzA G LUz FGA2y ISy S
of concern for many in the health and aging policy fields considering their vulnerability and potential for isolation
(WHO, 2007). The following discusses the dwelling situation of Canadian households in 2016, in terms of type and

conditions, to further iliminate the differing attributes of older adult householdsmpared to those younger.

Singledetached homes are the dominant form of dwelling for owner households, both over and under age
65, and likewise apartment dwellings for renter households (Talslg Pwelling patterns for 65+ owners tend to
mirror those for owners under age 65; however, advancing from th&%# the 85+ owner group sees a shift from
larger, single/semietached and row homes into various apartments. The observed shrinking seholds with
age, alongside increasing activity limitations (Table 2.3), likely contributes to small(er) homes being more frequent
or popular among increasingly older groups. Apartment dwellings also tend to be inurtzarized areas and thus
near agesupportive infrastructure such as transit and health care (Davies & James, 2011; Mulliner et al, 2020). Four
fifths of 65+ renter households live in an apartment of some form. Of all types, those of 5+ storeys seem increasingly
popular with age. While all oty dwelling types see a decline in share, 5+ storey apartments increase to represent

39.3% of the dwellings occupied by 85+ renter households, a share only slightly outranked byli 2 N & Q& nmdys

As per housing conditions, the share of un@&r owner hoseholds holding a mortgage (59.7%) is over
twice that of 65+ households (25.1%) (Table 2.4), which implies lower housing costs and generally more housing
equity among older adult owners. Similarly, renter households age 65+ more often live in some f&urbsidlized
housing, which also implies lower housing costs in respect to receiving fiscal stipptrile rates of condominium
living are quite comparable for both owner and renter households aged w8865+ households diverge on this
measure accordintp tenure. Atages 65 n X 2 6y SNJ K2dzaSK2f RAQ mMo®dT1: 2dzi g SAIKaA
(10.9%); this increases to 17.8 and 21.1% for owner households agitlatisl 85+ (respectively), while the rate for
sameaged renter households stays rather flatldt.6 and 11.7%. For owner households in Canada, there appears

to be a notable if still minor shift towards downsizing into condominium style dwellings with advancitg age

11 Provinciahousingpoliciesensurehomesare (somewhat) moraffordablefor older Canadians (Government of Canada, 2021).
12 A trend likely varying considerably by local geography i.e., densely urban environments such as the TarMencauver
CSDs and surrounding regions where condominiums have been densely developed (Filion et al, 2010).
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Despite observing smaller (thus likely less costly) dwellings for older adu#teholds, in addition to
fewer/smaller mortgages and the provision of subsidies, 65+ households (especially renters) fadréntmusing
need(CHN?®) more than households under age 65. While CHN rates among 65+ owners as a group do not dwarf the
under65 group (rates being roughly par for-88 owners), rates swell such that by ages 85 and over, owner
households are twice as likely to live in CHN than the w8egroup, even with a far greater share of them being
mortgage free. Thisis likely diie2 K2 dza SK2f R4 Q KA J-peoi(ik. yaGikgr SiyediBcdomeahd 6 SA y 3
being decidedly more femaled amongst the 784 and especially 85+ age groups; the implications of being female
led here deriving from women largely earning lower imes than their male counterparts at all age ranges (Statistics
Canada, 2019b). Hence, far greater incidences of CHN are observed among 65+ renter households, given 66.1% of
GKS 3INRdzL) t A@Sa Ff2yS YR npdm: | NRithEHargdof sSlitag dgrabdr NS R {2
femaleled households rates escalating as one proceeds from households led by those in early to late older
adulthood. Looking specifically at incomes and housing costs will, help to further clarify these trends.

The nedian household Table 2.5
Canadian Households Incomes and Dwelling Costs, 2016

income of age 65+ householdsis
All Ages 65+ 65-74 75-84 85+

roughly twathirds that of the allage
Owner Households

group, both for ownesand rentes'*  Median Household Income ($) 90,232 59,279 66,522 51,821 42,739

, - After Taxes ($) 76,878 53347 58965 47,720 40,054
(Table 2.5)The ncomesof OWNers  \edian Monthly Shelter Costs ($) 1,126 618 650 584 565
- as % of Median Annual Income 17.6 13.9 13.2 14.7 16.9

are roughly doublehat of renters at
Renter Households

all agesages 65+ andge65-74; for Median Household Income ($) 44,159 30,013 31,570 28,962 27,477

_ - After Taxes ($) 40,323 28,980 30,307 28,140 26,464
owners aged 784 and85+, this gap Median Monthly Shelter Costs () 915 801 785 802 857
. .- as % of Median Annual Income 27.2 33.2 31.1 34.2 38.9
narrows to owners earning aboutsoee: CMHC, 2020
nm> FYR oc2 Y2NB (KFy GKSANI NByidAy3d LISSNE® . SahiRSa (KS

(Haider & Moranis, 2020), 66.1% of renter households age 65+ live alone compared to 38.8%% ohdevsage

cpX FYR Y2NB IINB FSYI{S o0¢lo0ftS nonox FFOG2NE 6KAOK 020K
costs are generally lower than that of the-afie group, implied by mortgage and subsidy rates (Table 2.4), is verified

by totals observed in Table 2.5, especially for 65+ owners. However, while the shelter costs of 65+ owner households
RSOt AYS FNRY SINIe& G2 tFGSNI 2t RSNJ 383 2f RSNJ NBYGSNAQ
shrinks with age). This is atier factor contributing to higher rates of CHN among 65+ households (Table 2.4),

13 A household is in CHN if housimginadequde, unsuitale and/or unaffordalde and would have to spend >30% fige-tax

income to access acceptable local housing. Adequate housing does not require major@fabie housing has bedrooms
sufficient for household structureAffordable housing costs <30%jpwé-tax household incomgCMHC, 220)

14 Unfortunately, the nedian incomsand shelter costlata derived fromCMHQ2020)for these series of tables is not provided
numerically for the undeb5 groups; therefore, | was unable to disaggregate them from the 65+ groups as is théthasther

tables e.g., Table 2.4. Thus, here | employ alagdk group to at least highligigeneral divergencef older from younger
households (even if 65+ semmidscure a purer comparison by being included among aag@é group).

15].e.,owners and renters tend to diverge in general occupation, education, assets, household status, and other measures which
greatly influence income and thus their economic positioning within housing markets and other arenas.
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observed in how owner and especially renter households over age 65 devote increasingly larger shares of their
income to shelter costs, even considering sesfievorable taxtion policies andyovernment benefit®. Looking at

how incomes are received by older and youngeuseholds proves useful here.

Table 2.6 breaks down, for both™"'¢26
Canadian Household Income Sources as Share of Total Income,

tenures, the sources from which households

Income Source as % Age <65 65+ 65-74 75-84 85+
derive their income. As older adults leave thewner Households 100.0 100.0 100.0 100.0 100.0
) Wages and Salaries 81.4 18.2 24.7 9.2 7.5
labor force at age 65 and especially by ageseir.empioyment 5.1 2.2 3.0 13 0.9
. . . . Government Transfers 5.2 41.2 335 50.5 58.4
75, employment income is mcreasmglymvestmentlncome 36 i c3 4.8 6.4
replaced by retirement sources (registeredRetrementincome 3.5 324 32.7 33.9 26.4
Other Income 1.1 0.6 0.8 0.4 0.4
savings plans, or RSPs; emplayavided Renter Households 100.0 100.0 100.0 100.0 100.0
pensions) and government transfer (Old AgéNages and Salaries 68.9 11.4 17.6 4.6 2.8
Self-employment 4.3 1.0 15 0.4 0.2
Security, or OAS; Guaranteed IncomeGovernment Transfers 22.2 69.9 64.1 76.2 78.0
Investment Income 1.2 1.4 1.2 1.3 2.7
Supplement, 0GIS); older adult owners tend Retirement Income 1.0 15.8 14.9 17.2 16.0
Other Income 2.1 0.5 0.6 0.4 0.2

to receive more retirement income as &ource: cMHC, 2020

source than renters, while the opposite is true when considering their shares of government transfer. While
retirement sources as a share of total income remains roughly stable fros &gj#4, through 7584, to ages 85

YR 06S@2yR FT2NJ 020K (SydaNBaz 3S 1vp asSsSa I YIN]SR &edzy
incomes. Because these are fixed sources set by government policy, 65+ households tend to fall further into CHN

with increasing age. This indicates how local aging could affect neighbourhood SES via a downward trend in local
AyO2YySao /2y@SNAEAStfer NBGANBYSYy(d YI{1Sa Sywftz2evySyd FI N .
exit from the labor market andetiance on stable forms of retirement income and government transfer may prove

more resistant to economic downturn than the employment sources of working households (Davies & James, 2011)

e.g., aged neighbourhoods may respond better to recessian youngr, labordependent households.

Table 2.7 highlights different types, e 27
of residential moves made by Canadian€anadian Residential Mobility by Age Group, 2016

(according to age) between 2011 and 2016obility Status (5-year Span) Age <65 65+  65-74 7584 85+

As moving underlies howand why local Dd NotMove str 820 807 86 &1
Moved 42.3 18.0 19.3 16.4 14.9

population agsvary so widely, assessing the Moved Locally 22.9 9.9 10.1 9.5 9.3
idential bili f | Migrants 19.3 8.1 9.2 6.8 5.6
residential mobility patterns of people over i vigrants 144 71 8.0 59 5.2
and underage 65 informs how population Intraprovincial 116 6.0 6.7 51 45
Interprovincial 2.8 11 1.3 0.8 0.7

agirg influences other neighbourhoodtraits External Migrants 4.9 1.0 1.2 0.9 0.4

Source: CMHC, 2020

(Newell, 1989; Davies & James, 2011). Case

16 After-tax income is used to réIO G Wi NHzSQ Ay O2YS I FGSN) SyidAadtSySyida KI @S oSSy
like Old Age Security (OAS), a public pension (CPP), and the Guaranteed Income Supplement (GIS) (Governmemnt.df)Canada,

14



in point: people age 65+ move less than half the rate (18%) people under age &)d&. While the 6574 group
relatively more mobile in their early old age (Litwak & Longino, 1987), only 19.3% of them moved between 2011
2016; this already lower share then declines further with age. When they do move, Canadians age 65+ lean towards
moves that are local in geographic scép&Vhile most move types decline with age, local moves stay relatively level
from early to late older age. Older adults prefer to age in place, if not in the same home, then in the same locality,
so they can preserveocial connections and their level of pldeeniliarity (Atkins, 2017; Mulliner et al, 2020).

Older adults differ fromthose Figure 2.1: Canadian Age Groups by Shares Having Moved in Last

i 5 Years, 2016
youngerandfrom each other according o ’

~
=]

to age, genderand tenure. As national

@
=]

aging (Tables 2.1 and 2.2jliffuses

0]
o

o
=]

locally, it will vary (Hodge, 2008).
However,someconvergence occurs by

diversity (Walks, 2001; Coulter et al 10 I I I I I l . H =
35-44

late old age, despitéd 2 O AiScied@siOg
5-14 15-24 25-34 45-54 55-64 65-74 75-84 85+

2016). As cities grow older, eXPec squce:statistics canada, 20193 Age Group
households to shrink and for their labor force actiityy R Ay 02YS&a (G2 RSOfAySd 2A0GK | R@

% of Canadians by Age Grpup
w
(=]

o
o

constraints increase as do the likelihood that households are led by one person and/or a female. How these trends

are realized in spatial terms i.e., geographically depends oméiighbourhoode.g., a suburb of owned, detached

homes compared to an urban area dense with rental dwelliffgsider adults residing itheseplaces differ then

0KSaS INBlFraQ F3Ay3 gAft fa2 RATFSN® ! O2yadsidedin | Y2y 3
place longer than younger adults (Aurand et al, 2&%#) t S nhbbilitg dverall declines well before age 65, after

peaking for transitory early households (38)'° (Figure 2.1). However, mobility rates for adults ageeb35still

dwarf thoseaged 65+As both fertility and mortality rates tend to be stable at the national level and therefore
downwards to state/provincial and local levels (Murray et al, 2018, aging occurring within cities is most

influenced by residential mobilitfRosenS NH Si € X Moy dT az22NB g tI O0OS&s wnnan
3SySNIt GSyRSyoOe (2 y2G Y2@S ILIISINE G2 Ay¥FitdsSyOS Kz2g

explore how residential mobility interacts with local population agingcpsses.

17Within the same census subdidsy’ 6/ { 503 {GFGAaGA0a /I yIRFQa RSLIAOGAZ2Y 2F | O
18 Not only via their age making such a reality possible but by the fact that they movEips®(2.1Newbold, 2011; Smetcoran,

et al, 2017)This applieso older owners and renters compared to younger counterparts, respectively, even if renters move more

than owners at all ageSéguin et al, 20)qunfortunately, CMHQ @sidential mobility data is not sorted by tengre

19Years of departing home to attenghiversity;enter and leave various liviregenariosincluding partneing;and/or make early
careermoves(this particularly fragmented A y O S Great Reca3sion overlapping fashion (Newbold, 2011; Moos, 2016)
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2.4¢ A Geography dfleighbourhoodiging

Wiseman and Graff (1978) cite several ways-laaged migration shapes local geography: residents aging
in place, their dying, older adultdmigration, and inand outmigration of the young (p.390). Hgd (2008) distills
these further as aging in place, elderlynmigration, and young outnigration. Surprisingly, he ignores young in
migration, and both ignore older ot A INJ G A2y > F2NOS& 6KAOK RNARGS 20t we
Combined these demographic mobility processdisersifyurban age structures e.g., when younger people move
into homes vacated by older residents or vice vétsapatial segregation by age (Sabater et al, 2017), akin to that
by race/ethnicity or class (BaileyygamaH 0 Ol y SYSNHS: | fto6S8SAG Ad A& FFEN £Saa SE
influences subsequent demographic change: clustered aging may attract special services and housing, reinforcing
appeal to older overyoungér Rdzf 44X NB & @z @ DY AZNNK y By NB dzNINS tP)3hatpersds? Y Y dzy A (G
over time. While much work describes population aging proportionally, planners should look beyond average age or
65+ share increase as their sole means of understanding this demographic proéesauldh include approaches
such as distinguishing older adult age groups during analyses; including releigirtiourhoodhttributes; assessing
commonalities and difference between different aging trajectories; and/or assessing how aging trends respond to

local factors i.e., how certain traits influence local aging and other spEtial change more generally.

The followng provides a few examples of how aging neighbourhoods can also starkly differ inabiair
trajectory. An area ages as young people leave e.g., due to lacking work. Older adults atsgratd, just at a
lesser pace. Despite local decline, some oldsidents choose to stay, or lack the resources to move. Another
neighbourhoodgrows older as 564 and 65+ age in place; a lack of new homes and nenigriation makes it so
that nothing countervails local aging. This stability endures for decades thetiaged eventually move on.
Elsewhere, affluent older adults downsize into an ameriith urban area. Businesses then target housing and
services to older adults, increasing demand among this demographic, leading to exclusion of younger people with
lessfiscal capacity. Even incumbent elderly residentgho at one point might have been wat-do inmigrantsg
are priced out eventually, their tenure destabilizing with age amidst rising rent (Burns et al, 2012). While all three
examples qualify aseighbairhood aging, the various factors mediating these differing demographic shifts result in
distinctly declining, stable, and upgrading neighbourhoods. Besides demonstrating clear variagighliourhood
aging according to both cause and outcome (Daviearne$, 2011), the preceding indicatibst aging is a type of
urban change, and indeed one of its cetements If age groups differ in trait and behaviour, then aging is indelibly

an urban change, even if, to date, this role is underplayed (Rummo €1, Plochstenbach & Boterman, 2018).

2.5¢ The Birth of a Theory dfeighbourhoodChange

Since the early 20Century the social and spatila organization or urban environmeoften referred to as

human or social ecology, has been extensively resear@®emtinal theories, notably the Chicago School pioneered

200bviously, residents of like ageplace each other e.g., one young family for anothieg;example merely illuminatedynamics
21 Areas with high shares of older adults relative to tlsirroundingenvirons (Bookman, 2008; Davies & James, 2011).
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@ tINjJ&az aOl1SyiASs FyR .dNHS&& o6mMpHp0I LRAAG GKFG Ks:
YONBIFaAy3I &A1 ST NB&aA2dzNDSas | yR &Gl dzal NERREA £ 65A (iako K82 SIRARA S/
0S02YAy3a aSO2y2YAOnltte @GAlFoftSe TFT2NJ LINPINBaairogSte t26S
WSO02t23A01t yAOKSaAaQ 27F f 2 ¢ SThercanBiRdtiéDf newfdidekitialBévelgpradntd dza 0 . |
ati KS dzZNB Iy LISNARLIKSNE AYyAGAFGSa SO02t23A0Ft OKIy3aSao !'a GfF

> O

high status households leave their older, hitatus housing in moreentral neighbourhoods, thus providing

residential vacancies for lowelass households to move into. Declining social status resulting from theséhmurt

in-movements by the different groups drives further exodus of highgtajus residents, opening more room for

lower class households and continuing the process @l ldassbased decline. A concentric pattern emerges upon

the urban landscape a$¢ oldest, deteriorating core neighbourhoods host those residents of least means while
successively more affluent residents dwell further out in increasingly distal and resufeurbs. The physical age

and aging of local housing, relative to other neighbourhoods, underlies these shifting ecological patterns whereby
f26SN) adl (dzda K2dzaSK2f Ra AYyAGAFEfe WAYOBIRSQ | yRusS@Syidz

households who have left these aging districts for more desirable, peripheral areas (Owens, 2012).

While simple, this concentric zone model makes it clear that although urban change is driven by shifts in
local population, the ways in which residentsrts themselves is highly dependent on factors related to
neighbourhood Q & LJ GAlFf ljdzt t AGASAT K2dzaAy3a ljdzr €t AG& LINAYLEFNE Y
These qualities, such as the supply and distribution of dwellings; their conditi@s#ability, and access to
employment and amenities; and local attributes (nature, traffic, social delinquency) inform the value of local real
estate (Gaddy & Hart, 199Btathur, 2019). These values in turn mediate who can access certain dwellingiillo
Of2asSte GKS g2N)] 2F GKS / KAOIF3I2 {OK22fz 1 28i omdpody RNJI
the ecological sorting of residents according to income, an attribute highly reflective of their sociat%stiaizeme
and real estte values conjointly moderate the processinEome sorting.e., that different types of households
locate in a city according to their status and resout&eBhe social character of cities thus shifts in myriad ways as
K2dzaAy3a W@l fdzSaQ Tt dzOddz §S owSFENR2Y 3 . A&a0K2FFI HaAamMMmT
on by the aging of neighbourhoods, relative to each other, instigates speital change. As neighbourhoods age
and decline in social stattfs ongoing income sorting fundamentally organizes the social ecology of urban
environments (Gale, 1979: Weisel, 2012). For Hoyt (1939), the allocation of housing by age and type, as well as othe
local attributes, over time; via income sorting processesproduced a social ecological pattern that resembled a

pie-shaped, sectorial configuration of lewmiddle, and highstatus areas throughout the studied city (Chicago).

22Income also highly varsaccording to age, gender, household structure, tenure, occupation, education, and ethnic status.

Bt NEFSNBEyOSa faz2z RNAGS a2NUAYy3IAT @Ok dandifestyleNnieferenteS ¢an duthcrdée dza SK 2 €
iK2a8 o0FasSR 2y Ay02YS¢ 6. FAtSe SG FfXZ wamt LI HOD DAGSY Yl 22
dwelling and neighborhood choices, income is nonetheless a major determbeng €t al, 2014; Duranton & Puga, 2015).

24 A social marker made explicit and in fact operationalized via housing values that regulate who can live where
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Building on thi& WAL SilpdzA £ A 0AldhsizYI964; MBsR 1967 aMuth, 1968)ntendhouseholds
will optimize their overall utility between housing consumption and access to employment (Dube et al, 2014;
Duranton & Puga, 2015), which is found solely in a Central Bgdbissict (CBD) where homes are priciest. As price
decays with distance, housing then tends to cost less, albeit commuting to and from the CBD then costs more. Thus,
a familiar concentricity emerges in cities based on the continual equilibrium of hoasthfransport costs as one
ranges further from the CBD towards the urban periphery. Households balancedft® arrive at their own state
of equilibrium between these costs, shifts in their income and/or needs provoking a move to restore equilibrium.
Households will live further from the CBD if they save more on housing than spent commuting (Revington, 2015).
Thus,thepost 2 LL SN} Q&4 o0dz2NHS2yAy3d dzaS 2F GKS Fdzi2zY20AtS I yR
expansion of residential developmén Ay OAGAS&EQ adzodzNBlFy LISNRALKSNASad !'3a K
neighbourhoods shifted in respect to their new positionality relative to the CBD and to highways as access,
households with the means to do so optimized themselves out & aceas, leaving behind housing now degraded
in value which would then beconozcupied bypoorer residents (Higgins & Kanaroglou, 2016). While not necessarily
revolutionizing the study of urban social ecology, these models introduced a sykteehsand fighly quantitative
LISNB LISOGA GBS Ayid2 (GKS 02y OSLiidzr t ATIFGA2Yy FyR &aidRRe 2F K2

founded upon the utility achieved by individual households in their locational decisions.

Hoover and Vernon (1959) draw heavily on concepts of social ecology in theibsteg@neighbourhood
life cycle model thatintegrates dwelling and population traits, including age, to explain how (and why)

neighbourhoods undergo consistent, successiiages of urban decline and renewal.

i StageOne: Development and occupation of new housing oriented towards younger, $amgily households

1 StageTwo: Continued residential development, but at higher densities i.e., new apartment buildings
 StageThree:Now Ay 3 K2YSa WR24y3IANIRSQ (26 N RSyasSN ow2 @SN
§ StageFour: TheneighbourhoodW i KAy a 2dziQ Fa AGa& LI2LJzZ F OS ®3Sas FyR 2t
il

StageFive: Dwellings and residents terminally decline, thus replaced by nddstand younger householls

Life cycle theory assumes predictively lineaidealine in markers of local demography, tenure, and housing quality

(Wiesel, 2012). Invasion and succession of households by their status occurs in clearly deditegggedSchwirian,

1983). As neighbourhoods are built and occupied, the initial inhabitants and their homes age. New(er) areas then

attract newer i.e., younger household&s aging neighbourhoods are abandonedibi 2 @ith thé income and
wealthnecessaryi 2 2 00dzLle ¢ yS6 Kz2dzaAy3d odaAafd StaSsKSNB>: (KSe 6S
previously resided in a slightly oldeeighbourhood 6! dzZNJ yR Sié |t X wamn LI mMoyud ¢K
and the formation of new households tend thendo2 OO dzNJ &4 dzOK G KI 0 ySAIKo2dzNK22RaQ |

25This stage is also marked by transitions in social, ethnic, and culturalupake
%Thisstage t a2 LIR2NISYyRa RgSttAy3daQ O2ylGAydzf. LKeaAOlf RSOtAYS 3IAQD
27|.e., a return to Stages One or Two (Schwirian, 1983; Wiesel, 2012; Demelle, 2017).
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age structure begin to overlap. While staged local income sorting is drawn from prior modeteitfidoourhood

life cycle seminally incorporas®NBS & A RSy G aQ | 35S | y Rhouséhdlytgpe, tatiaiethaiSchdractera a KA T i
FYR GSydzNBoO (2 SELIIAY 20t aa200034S I §FIRNILEK 8laih (D% Y LIRS O 2
sociospatial patterng; from the Chicago School to tmeighbourhoodife cycleg continue toinform urban studies,

GKS OAde a WwSO02f23A0FtQ O2yainhphaurhaddndoms koittingy(@iselD2 y i S Y LI
2012;Duranton & Puga, 2015; Bailey et al, 2017; Silver & Silva, 2021). Ignorimgjghbourhoodife cycley 2 RS f Qa

linear determinism for now, let us assume its staged local downgrading proceeds to a final phase of degradation.
CKAE LINPOARSA 2L NIdzyAdGe (2 SELE 2MNBhbsuthdodupgdatiig | botiR Q dzND |-

in population and structural elementis said to occur once downgrading reaches a terminal point.

26¢DSYGNRTFAOIGAZ2YQa ! a0Syili 6AGKAY ! NbtFy DS23INI LIKE
If any urban change but that efeighbourhoodR SOf Ay S daél a 3ISYSNI f"Ceénturk Iy 2 NBRE
(Teernstra & van Gent, 2012 p. 91)search onneighbourhoodupgrading has maturedubstantiallysince.
Specifically, the revitalization of downtrodden, workiol@ss urban areas, referred to as gentrificafforhas for
decades occupied the academic study of urban change (Owens,2&ile; et al, 2017). While other types of urban
transitions are vital to understand, for now gentrification proves a useful departure from the life cycle. Coired mid
1960s to describe rehabilitation and ensuing status increase of degraded housing ingadasisl Londot (Glass,
1964), gentrification is now argued to be global in scope (Smith, 2002; Maloutas, 2012), the process itsglfchang
over time in boththe factorsdriving it and resulting outcome@ ees, 2000; Hackworth & Smith, 2001). Broadly
defA Yy SR | 4-0&¢ GIiSR GINF & F2NXI A2y é 2F GKS OAade 61 20KaidsSyol O
2008), gentrification comprises a process of local upgrading via th@gration of high(erstatus residents, the
revitalization of local hosing, and the deconversion of rental housthgack to owneroccupation (Walks &
Maranaan, 2008 p. 3). More accurately, higiiefi | (1 dzda yS$S6 02 YSNAE WRAALX | OSQ SEA&GA
values that put rent or ownership out of original inhabita@its A y 02 YS NBIF OKT &AYAf I NI 83X NJI
eliminates access for many lowstatus households unable to afford ownership (Slater, 2006; 2009). This upward
process of invasion and succession via income sorting is the ironic inverse of similanaddviltering processes
observed by the Chicago School and further refinechbighbourhoodlife cycle models (Teernstra & van Gent,
2012).lective irmigration of highesstatus residents is distinct from social change driven bgighbourhood &
exising residents, referred to often da situchange e.g., if residents increase their social status via education or

career advancement while staying in in the samegghbourhoodBailey, 2012; Hochstenbach & van Went, 2015).

Whether gentrification is a deand- or supplyside process once bifurcated debate. Each theoretical stance,

however, is useful for highlighting and assigning key roles to various actors and social and spatial processes involved

28 \Whenthe affluentin-migrate topreviously underinvestetloroughsfor economic, soial, and aesthetic reasofis RSa i Ayl GA 2y a
socioeconomic and physical upgradiggically displaces poor(eificumbens (Glass, 1964; Walks & Maraanan, 2008).

29 Soon observed asprocess occurring in other major urban centers, such as New York (Hack8rtith, 2001).

30 Rental housing, often in poor condition, being the spatial legacy of previous stages of neighborhood downgrading.
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in gentrification (Maloutas, 2012; Rigolon & Nemeth, 20I®) one side, demanside theory attributes upgrading

to the residential location choices of a young, upwardly mobile middle class that prefers urban qualities such as
amenity proximity, walkability, and historical aesthetic (Teernstra & van Gent, 28app(@ et al, 2017). These align

well with the depressed housing of inreity neighbourhoods hollowed out by postwar suburbanization (Bounds &
a2ZNNAAZ HAncLud [ S8Qa omdpc T HAnNnolO B2N] 2y GKSficalySy G NR F A (
highlights the role artists and others with high cultural capital play in driving early stages of naigbbd

upgrading. Despite their own economic marginality, these sorts of pioneers catalyze the local transformation of

social character awaydm workingclass traits deemed less desirable by potential gentrifiers (Rose, 1984; Zukin,

1995). On the other side, supphyde contends that capitdllowsin and out of neighbourhoods define gentrification.

Despite diminished home values, many degradeghs are still rich in amenity access or urban character. This marks

a gap between low actual rent and higher potential rent that incites the purchase, rehabilitation, and repositioning

of homes in these downgraded areas towards occupation by hightars residents (Smith, 1979; Shaw, 2008).

2 K2fS ySAIKO2dzZNK22R& IINB y2¢6 02dzAKGI RSY2f A4KSRX FYyR N
by significant commercial elements meant to serve incoming residents (Smith, 1996; Shaw, 2008; Rarlkéai®, M

2015). Wholesale urban revitalization is increasingly supported by municipal incentives and policy (Zuk et al, 2018).

Demand and supply merge in stagased models of gentrification (Walks & Marannan, 2008). Albeit not
all gentrifying areas travee each stage, nor complete them (Rose, 1996), these sorts of models illustrate the
mechanics said to underlie gentrification. Initially, pioneers with incomes and status not too far removed from
existing, workingclass residents imigrate and (via theiown labor and investment) revitalize local homes, shifting
local social character and reversing the assumed decline ofntighbourhood (Ley, 2003; Rose, 1984). In
subsequent stages, those of higher status view the area as a safer, more appealingtiesideation, inviting
further upgrading and the ongoing increase of local rents. The neighbourhoods rising status (demand) and the
potential profit to be earned on rising home values (supply) inspire the "deconversion of former rental housing to
ownershlLJ: YR NBy20@lF GA2y 2F O2YYSNOAIf LINE L3%aNE resklanis o KA OK
62Fft14a 9 alNIFYlLYyZS Hnny LI nT ¢SSNY &G NI -spatial @heyal. MSy (X  H N
some cases, escalating property valuegires wholesale reconstruction, ironically displacing original gentrifiers
(Lees, 2000; Shaw, 2008). As in downgrading, gentrification sees local SES and dwelling -ualpes/ems

households and other actors respond to opportunities and incentivesigitig]ly low costs and/or ascending status.
¢C2RIFI2Q& ASYUNRTAOIGAZ2Y &aiGlFNj]fe& RAFFSNE FNBY SINIASN
i.e., postindustrialization, globalization, economic liberalization, and real estate finandiatizéHackworth &

{YAOGKEZ HnnamT . 2dzyRda 3 a2NNR&X HnncT .dzift SNI s I FYySadazx
I Rdzf 6K22R 2F | AaRAAGAYOGAO®S ySé6 YARRES Oftlaaé¢ ogK2aS O
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and who regct suburbid! (Ley, 1996Bonvalet & Ogg, 2007Deindustrialization, then neoliberalizatioduring the

1970/1980s, saw fiscally motivated owners and developers more prominently rehabilitate degraded homes
(Hackworth & Smith, 2001). In response to economic shocks in the early 1990s and more recently 2008, municipal

and other government actors spprt private renewal of disinvested urban spaces into high status residential and
commercial enclaves (Teernstra & van Gent, 2012; Zuk et al, 2018). Thelmesrsocial, economic, and political

context in which each wave occurred (or is occurring) eé@sur 12 R 28 Qa 2f RSNJ ' yR NBOSydift e
YdzOK 4 ddzy3SYGNAFTFASR YR IASYGNATFTASR LINRPLISNI& ORARB o0l ¢
waves represent a distinct form akighbourhoodupgrading via class transformatipimsofar as change is driven by

in-migration of higher status households who replace lower status incumbents (Slater, 2006 p. 747).

With demand and supplyside compromised (Shaw, 2008hethergentrification occus @A I a Of | &a L2t
NBadzZ GAYy3 Ay RAALIX I OSYSy G 2NJ LI2LJz | GA2y dskhe @ebaieduNBt | G SR
jour (Hochstenbach & van Went, 2015 p. 1480) Age now features more prominently compared to an early, nominal
role e.g., he young, upwardly mobile (Bonvalt & Ogg, 2007; Hochstenbach & Boterman, 2018). While many insist
gentrification only applies to higher status households displacing existing residents (Atkinson, 2002; Slater, 2006,

2009; Shaw, 2008), others argue that sbcipgrading can also occur as an aging working class downsizes or passes
on through demographic replacement (Buzar, 2005; Bailey, 2012; Hochstenbach & van Went, 2015). Class transition

can occur via two distinct pathways, in turn influencing the neighboads that emerge.

.FAfSe® 6uHnmMHO NBFSNE (2 K2¢ @&2dzy3 | RdzZ §aQ Kz2dzaiy3a O
f2¢6 adlddza FNBIFad ! aRSY2 3 Niosdkdution) hedo@eS @nd Natus Rrifls td-cuitdzy 3 LIS
scale these pla@€existing inhabitantg flows through downtrodden areas (p. 707). Local uplift of social status may
stall, however, if these imovers are transitory. Van Criekingen and Decroly (2003), drawing on Rose (1984),
describe spaces that initially upgrade asigg adults capture cheaper housing found within. However, gentrification
flatlines as many move out at familial age, replaced by new streams of younger adults. Local status change can also
derive fromdeA Y Rdz& G NA I £ AT F G A2y { K I uie] gkowth of ditldi&assiptfedsighal2a@dSaN f @
©O2NNB&ALR2YRAYy3I8 RSOftAYS Ay wiKS8 g2NJAy3I Oflaaé¢ ol 20Ka
This differentiation is not meant to deny the presence of displacement in either procesghibdisplacement is
G2NIK LINBGSYyliAay3a o{ftFGSNE HwnncoX 2N 0KIFIG aK2dzaAy3d o0S02
Hnny LI mMTnanHO® LG Aada YSFEYyd G2 oNRIFRSY dzyRSNEGFYRAYy3 27

by deptting more complexly nuanced transitionsrieighbourhoodsocial and spatial character.

2.7¢ Moving Beyond Gentrification
Most gentrification research centers on a particular segpatial ascent involving entry of middier upper

class households, digglement of existing residents, reinvestment of capital, and clear social and physical change.

31These are the same Boomers driviagd supposedly changipgppulation agingn the current periodin much the samaay
i KSe WLlkadywdn® NBipy@ding in urbareighbourhoodsn preceding decades (Hochstenbach, & Boterman, 2018)
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predictive, linear, and uniform across urban spgBounds & Morris, 2006; Slater, 2009; Hochstenbach & Boterman,
HAaMyOod [ SS& O0Hnnodov A& FY2y3a Ylyeée 6w2aSI wmpdcT {KIFgX
contingent [as a rule] and [the] geographically specific result of differertgeses operating [differently] in different
O2y(SEG&é 6L HnodmMOUd | 26SOSNE G NAIFYyOS Aa t&a2 | &GdaNROG dz
WdzLJANI RAY3IQ AYONBlFaAy3Ite NBY2OSR FNRBY 3I9yw200BRGWerB| (A 2y Q4
2012). Some deem this to stray too far conceptually, weakening gentrification as an analytical construct while

obscuring the specific, and unique nuances of other forms of ssgatial upgrading (Maloutas, 2012).

Shaw (2008) calls fordO2 y 1 A Y dzdzY Q (2 2NBF yYAT S { KA2D), defifidgNiBat a A y 3 A\
gentrification is and is not, to clarify changes within and without its sphere (Owens, 2012). For instance, Walks and
Maranaan (2008), examining change between 19601 n Toronto, Montreal, and Vancouver, require studied
neighbourhoods to first have income and housing values lower than a regional average but then later become above
F@SNF IS F2N G§KSY &anythinglodtshdd af this is conBifleBed dnNidcomplé&eRcange. They also
do not count instances where (originally) midddad highstatus areas ascend into high(etatus neighbourhoods.

Along these same lines, should local transition from low(er) thi(eig status via demographic replacement be

considered similarly distinct? Suppose a new, mididssneighbourhoo®a K2 dzaAy 3 A& &aSadt SR 7
residents retire, incomes decline yet home values do not (Teernstra & van Gent, 2012). As thesssatgnts later

age out, replaced by younger, working households, uplift in local SES occurs, but only in a technical sense since no
genuine residential class change occurs. Is this genuine gentrification, especially absent displacement, or a
meaningful bange in housing tenure or condition (Butler & Hamnett, 2009)? Given calls to explore urban change

beyond gentrification, | use these distinctions as a springboard to identify and discuss other types of urban change

more generally. This helps uncover whempulation aging currently rests in said constellatiomefghbourhood
ReylrYAOa YR 6KSNB Al O2dAZ# R 6S o0SGGSNIAYyGSaINIFGSR & |

2.8¢ Changing Perspectives bieighbourhoodChange

Walks and Mararen (2008) identify continual middiand upperclassy SA I K0 2 &WRBR A2 RA AR G A 2 y
well astheir declineandNB 02 SNE 6 WNB OF LG dz2NBE QU0 +Fa GidN¥2SOUG2NASa 27F o
18-19). However focus on start and finish oMeoks how and why changes occur. Focus on selectimgignation
alsodeniesexisting resident8&capacityto changein situ (Clay, 1979; Owens, 2012), via their own social mobility
(Hochstenbach and Van Went, 2015; Bailey et al, 2017). Neighbourhoodgeraally upgrade as people improve
their own incomes and homes. This social mobility is shimalre a comparable if not superior driver of local uplift
compared to iamigration (Bailey & Livingston, 2007; Bailey, 2012). Areas with low turnover ascerdbelime,

GKAETS 20KSNB GNBYlIAYy a20Aaltte adlotS ®wRSaLAGSE KAIK O

32 They also incorporate changessharesof artists and residents of status, and tenure and housing stockitrango further
clarifyi K Sgedrificéitionsandtheir W O 2 Y LX S vieBtlye Setids @f décades, as pévanging historical contexts.
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other social dectie (Teernstra & van gent, 2012) while transitory spaces remain marginally gentrified by a constant

flow through of transitory early households (Van Criekingen & Decroly, 2003; Seguin et al, 2016). Moving further
FFASE R FTNRY 3SysaspH antd Qowiglading,@idd the théddea seékiyig to assign causality to these
processes, the following reviews recent empirical studiesadfhbourhoodchange. Here, many studies return to

more seminal constructs deriving from social ecology agjghbourhodl life cycle. However, they do so in a more

theoretically relaxed sense, and allow the patterns which emerge in their results to speak for themselves as opposed

to adhering to prescriptive frameworks as is more often the case in gentrification reseaddininso, this growing

cohort of studies find sociepatial patterns outside of narrow, linear trajectories of housing and income status.

Hedman et al (2011) and Owens (2012) identify several types -cfhngp downgrading with their own
distinct demographic, dwelling, and racial/ethnic attributes. They find household choices to sustain equilibrium
between preferences, status, andeighbourhood status underpin the reproduction, or social stability of
neighbourhoods. Foote and Walter (2017), catégiog neighbourhoods demographically and by housing type to
assess their social restructuring, find a relatively diverse rangeighbourhoodtypes as opposed to a presumed
uniformity, among both suburban and immigraRt2 YA y I y i & LI OS & QranfitfomsNiles@ 5@des | Yy R G |
dzy RSNH2 ® ¢ KSe vy 2 i $inimedSratiitte hature Ml £x@ent Bfthe WaLidH $o€udtifl changes
they observe. Mikelbank (2011) and Delmelle, (2015; 2016) use cluster analyses to group studied neighbourhoods
Ayildz2z wierlSaQ OO02NRAY3I G2 GKSAN aKFNBR FSIF(GidaNB&a O60APSoH:
type tends to chang¥. They uncover several common types, which they refer tBusurban, Stability, Struggling,
and New Start®, that are distinct in SES, demography, residential turnover, housing, and urban location. Further,
each type experiences different trajectories of transition between types over3fimésing principal component
analysis, Murdie, Logan, and Maranaan (2014)héGanadian context, also find several types of urban change i.e.,
three forms of aging in place, each distinct in SES trajectory. They also find that ethnically concentrated

neighbourhoods tend to change along differing trajectories according to thgiemive age structures.

Delmelle (2017) finds suburbs diversifying socioeconomically and racially, relative to homogenizing central
OAGASE&T o0dAf RAY3I 2y 9KNBYKFT 0Q& 0 Hn wvstaius H6F Nefbiin o cokey S NE A 2

neighbouhoods while suburbs increasingly play host to I0W8&S residents. This diverges from prior, seminal

BLPSPY ySAIKO2dz2NK22RaQ t20FGA2y Ay (GKS O2adBnitiésSNR dza (G KS LISNR LI
34 As with many quantitative approaches urban geographers employ to identify and typologize neighbourhoods (e.g., factorial
SO02t23esx OftdzadGSNI Iyl fearavy (GKS&aS |dzik2NBR fl1o0Sf (KSlywiealLlsao
relatable both to readers and to types uncovered in other resedbavies (1984) devotes an entire chapter in his foundational

text on factor analyses to the importance of labelling that is clear, reflexive,relatable to existent precedent i.general

conceptual domains uncovered in prior studias seen via overlap in types used by Mikelbank (2011) and Delmelle (2015; 2016).

35 Additional types not common to all three includue Collar, Struggling African Americand Elite

36 E.g.,Suburbard Wy S ¢ S Nanehtedrhbusingf pripheral) become tiStabilitytype (more akin to aging, inner suburbs) via

NB a A R S ylifi-pla®e. MeArwiilaNew Startgdenser housing in/near core areas, mobile early households) tend to remain

that type as residents in early stages of adulthood filter throwghtinuously(akin toplacesWa (i dzO1 Q Ay YI NBAYFf 35S\
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neighbourhoods that remain so, avoiding thencentration of certain attributes. Stability, she notes somewhat
ANRBYAOIfte&s A& G(GKS Yz2ad O02YY2y GNI2SOiG2NER 2F OKFy3SY ay
RSOFRS&a¢é¢s RSEALIAUGS OFRSYAO F20dzaHRYy IOXK&aFaAS b LIONBINR b B
changing socigpatial attributes from 1996 to 2016. They find neighbourhoods diverge along axes of social

W O NEB Fjiukb@niv iséb@rban lifestyle, and marginality. These continuums also overlap, such as anditgiw

income immigrant areas and suburbs that are socially diverse and others homogenous. They find several types of
OKIFy3S o6FrtoSAG NBLINRPRAzOGA2YykaGlFIOATAGE FNB O02YY2yo0z AyOf
influences the changthey experiencé®. Unsurprisingly, studies such as these which incorporate many-spatal

attributes, and which avoid narrow(er) conceptions of how change can occur uncovers diversely complex

neighbourhoodypes and change patterns beyond life cycielihe and gentrification.

2.9¢ A Role for Aging Beyomdkighbourhoodecline

In terms of situating the role demography plays in the study of urban change (Buzar et al, 2007; Rummo,
2016), let us recall the crude function of age in the neigithood lifecycle: newly built areas initially populate with
@2dzy3 FlLYAfASA S6KAETS aoSe2yR | OSNIIAY GALlaleybdanl2 Ay X
St RSNI & LRLlz A2y és NBadzZ GAy3 Ay a RS BD)aThd hdukisficdsnotLIK @ a A O
entirely errant: dwellings and people age; household size and income decline with age; and the elderly tend to stay,
WE201AYy3AQ Ay F3IAy3Ad | 2YSa Ydzald S @S yhigbekidcdmi hotsdablds. 2 @S NI
H 6 SOSNE GKA& RSGSNXAYyAAY o0StAS& dNBly O2YLX SEAGE 06585t
(Bonvalet & Ogg, 2007; Burns et al, 2012). Gentrification studies also prioritize young adults, with supposedly high
social and (eventual) econdmcapital, as key drivers of this form of urban change (Ley, 1996; Walks & Maranaan,
2008; Boterman et al 2010). Even as age begins to feature both more prominently and in ways more nuanced than
in the urban research of prior decades (Buzar et al, 208&1nEtra & van Gent, 2012), the young still play a dominant
NBEfS O0{SARSYG2L) S Ft3X Hnmpd 6KAES 2t RSNI I3S O2yadNH
aged impede turnover in their later years until eventual departure (Hochstehl& van Went, 2015). Recent works

foreground age, exhibiting a highly generational gentrification where older adults feature prominently.

While older adults are ofteseenas victims of gentrification via displacementasenduring disruptive
neighbourtood changse (Burns et al, 2012; Buffel & Phillipson, 2019), they are now increasingly seen as active
contributors to urban change. In early waves, social and physical renewal in depleted inner cities was driven by Baby
Boomers (Hochstenbach & Van Went, 29Wwho while young adults and early households, are now the ones driving

population aging. Many Boomers in large cities such as Toronto likely still inhabit thos@ithaarareas that they

37 At the high end, typified by educated, young(er), mobile households working in jobs requiring high social and cultutal capita
andliving in trendy urbameighbourhoods) LJ® mMp 0 S NB YA y A aOrBafivié ClasEd Ct 2 NA RIF Q&4 OHANNHO
38|.e., marginal areas close to creative spaces tend to transition into creative spaces themselves more often than thoake margin
spaces which are more distlom creative spaces.
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initially gentrified years ago, or other neighbourhoods theyéaplifted in their housing careers (Bonvalet & Ogg,

2007). Whether staying urban or eventually suburbanizing, early gentrifiers still transmitsoaiell tastes to their

offspring and fund the housing careers of their children in competitive realtestarkets (Revington, 2018;
Hochstenbach & Boterman, 2018). Recent research focus also shifts from young gentrifiers to other age groups,
including families (Boterman et al, 2010; Goodsell, 2013) and near/recent retirees (Bounds & Morris, 2006; Danyluk

& Ley, 2007). Hochstenbach and Boterman (2018) argue thibragelening of who can gentrify reflects sustained
GSTF2NIa (2 wasSttQ ySAIKoz2dzZNK22RA 2N yS¢ RS@GSt2LIvSyida
Ay i S Ngp.390.0Mile still caceptually bound under a gentrification lens, these and similar works highlight how

F3S A& AYyONBlIaiay3dte &aSSy | a F2dzyRIFGA2YyIf G2 LIS2L) SaqQ

extends the field beyond early binaries of young/ascent aladdecline.

Recentworksente 3Ay 3 d wdzYY2 SiG It 06HAMc 0-20013t8 hdthat, WdlezNI Y I 2 2
increasing older adult shares correlatthRSy &8 A i & RSOt AyS o6t ATFS 0edtS WiKAYYyAy3
incomes anaducation rates do not support aging as downgrading. Aurand et al (2014) identify NORCs acress a mid
arAl S 1 { OAGe oHNnMMNBIINBRBHAUBR AfYR SIOZY 2d0deyORENIE RA & RGOl y
and concentrating in the opposite ([1.53). Bothfind agingrelatively prosperous, stable, and suburban. Channer et
al (2020) find that while Canadiange65+ lean suburbarii K2 &S aAy 26 AyO02YSI OAYS8 AY)
YR oKz aLISE1 |68 T2 NB5AHAW. 5)XIhTobnds; Béeser, ethiBallyRiveisé dldé@aduftse  dzND |-
Ot dzZAGSNJ Ay (KS &dzmdz2NbaX NBT SO lspafi patternsliSegiireeyal (R016& finks OA T A O,
YARRES ANRdzyR Ay a2y iNBI f ySREK cHrezidgthesRia D81 nBdsyfes and NI 2 S O
25year change. Many innarrban elderly concentrations diminish, while inner and outer suburbs age, albeit both
trajectories delineate further by magnitude. The strongest predictors are 1981 sharestdf 49812016 change
in 0-14; and 1981 Jerson household shares and-g6ar change. Aginigp-place and young family migration informs
local aging. Living alone is more complex within trajectories of increasing and decreasing elderly concentrations, as

younger indviduals also traverse solitary, and precarious, early housing careers (Van Criekingen, 2010).

Early households, which are comprised largely of young(er) adults, factor heavily in urbansgtmngeng
ALISOAFAOLEE R AY YI yeé adedsédjduingys i@ adiithobdhdarked By housirg &nd fabo S O
market precarity and increasingly extended, erratic transition from home into career, housing, and family
trajectories which early on are distinctly urban (Van Criekegen, 2010; Hochstenba®), @@htral city rental
dwellings (ideal for multiple single tenants) clustered near jobs, transit, and amenity, grow increasingly youthified
and/or studentified! (Moos, 2016; Revington, 2018). As an already dynamic life phase further upended by adverse

structural conditions, early households mould urban demography as they cluster in shared circumstances, recalling

39 An oft-cited example is the empty nester household recently enriched by downsizing the family home
40The authors also cite how these vulnerabilities overlap agkincreasingsolitary living and activitgonstraints(Sectior?2).
41 A variation marked by student concentratipnoximate topost-secondary institutions (Smith, 2005; Seidentop et al, 2018)
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marginally gentrified (Van Criekegen & Decroly, 2003)Nen Startareas (Delmelle2015; 2016). Given suburban
aging / urban¥ & 2 dzy ag& segréyation is an emerging theme (Winkler, 2013; Seidentop et al, 2018), although
az2YS y20S OsgchuRlecenNalide ypang &ialE (Moos, 2016; Revington, 2018). Fuvttadks et al (20P)

find Boomes primarily drive growth in central Montreal, Toronto, and Vancouver in the 20 years between 1991 and
2011. They findhat these CBDs are not getting younger, but instead are aging at a slower rate than are surrounding
suburbs. This is due tgoung(er) adults tending to livascentrally as possible, which counterbalances shares of

adults in later stages of life which contribute to a generally more aged population structure.

This complex interweaving of demographic and socioeconomic proceapesrt+ I 'y / NAS{1 Ay ISy Q&
claim that a proper understanding of urban change requires understanding how it is that social status influences
dynamicsof aging and household formation/dissolution. Bonvalet & Ogg (2007) assess the housing trajedtories o
Londo & Y R t | NJ* anfiddle, dndlldbexdass Boomers. The former were the ones to pioneer local
gentrification in the 1960/1970s, while those of lowaass cannot afford to reside in neighbourhoods they grew up
in. Demographic shifts give rise different forms of urban change (Van Criekegen, 2010; Revington, 2018) while
these changes in turn influence local demographic structure. Urban change is varied in its underlying dynamics and
outcomes at a local level, but also in how neighbourhoodseogal change in the different regional and (as evident
Al . 22YSNBQ dzyAljdzS NRtS GNIYyaF2N¥YAy3d dz2NbBEy &aLI OS Ay
O2yadlyits K26eSOSNE Aa GKIFG F3IAy3 £ NBSvioras they Fe&k@ditdain dzND | Y
neighbourhoods at various stages of their journey from early through late and into older adulthood. These life stages
influence where and why people move via, for instance, the different demographic and socioeconomic processes
which people experience in their 20s vs. their 40s. vs theif60hus, agdased residential mobility is the primary

axis that ties togetheneighbourhoodsocial and spatial characteristics and the changes these incur with time.

2.10¢ Age and its Rolim Mobility Patterns
Neighbourhoods demonstrate considerable variability, in terms of sspé#dial attributes and how these
covary together. However, discernable patterns emerge when comparing urban and suburban neighbourhoods, or
when considering things such as dwelling soshd income sorting. It is also clear that these sorts of social and
spatial factors converge via household decisions to move, or to stay and cinesiggRosenberg et al, 1988ailey
St FEZ HAamMTO® | I @AY 3T &dzNIBS e Serin)diNdprient to @ tisC@Son of kegiderit dzR A y 3
Y20AfAl@Z 6KSNB 13S LIXIF&a | LINRPYAYSYyd NBtS 020K Ay (KS:
through predictive stages of life strongly influences location (Rossi, 1955; Plane &byg€a9), including in later
life (Litwak & Longino, 1987; Davies & James, 2011). The following explores hbasademobilities have adapted
DA KAIRYRINRATIFGAZ2Y 2F tAFTSé OAl NBOSYyld RSOlIRGHEQ SO02y?2

2016). Then, | review specific findings of factors influencing residential mobility, particularly that of older adults.

42].e., family formation and dissolution, educational and career advancemetitement.

26



Seminal migration theory heavily cites the concept of life cycle, this time of humans (not neighbourhoods).
Fromearly to lateadulthood, households move to optimize their resources, lifestyle, and success during succeeding
stages of school, work, coupling, child rearing, and retirement (Rossi, 1955). The life cycle model assumes
LINEFSNByOSa T2fft20 A HEHREWEF Npap2 QMEpOEYSYFENBSR o0& GKS
Gadlr 3SR OKNRy2f23ASa¢é3 K2 SHIINBENEOsatROONRSDIScdhayidaketal] | v R K
2012 p.1293; Coulter et al, 2016). Deviance from education, career, arsghold formation norms, in addition to
social fragmentation, make age a less effective mobility indicator (Moos, 2016), yet Plane and Jurjevich (2009)
O2y GSYRZ aUKS Wi 3IS maiddnS|RdZ S a4 @ B2 WA I8Y LA R QF £ WEBS dzf I NR
a0FYRFNRATFGA2Y QY GKS F2tft26Ay3 Aa 02YY2y Ay | 3INBILGSY
urban rentals near work or school (Davies & James, 2011; Moos, 2014). If/as they form families, they suburbanize to
satisfy space redtements, settling there for mid/late adulthood (Plane & Jurjevich, 2009; Newbold, 2011). While
most older adults age in home, some moves occur near retirement, or with advancing age, for financial or health
needs (Hodge, 2008). A nuanced life course sax¢he life cycle, reconciling social diversity with a sustained, age
based regularity to where we live and why, but not without new irregularities (Coulter et al, 2016). These concepts
are also advocated for in urban change analyses (Hochstenbach &wote?018).

| 2dzaSK2t Ra 6 Figure 2.2: Canadian Age Groups by Share of Tenure and

suitability in respect to new aridr % Dwelling, 2016
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favour home ownership as their tastes, needs, and assets develop with age (Figure 2.2) (Van Creikengen, 2010;
Seidentop et al, 2018). Litwak and Longino (1987) contend three magoitedefine the moves of older adulthood:
retirement (move to optimize lifestyle); moderate disability (to be near family/support); and eventually major
disability (to receive institutional support). Not all older adults make these moves, but thesédag@énts often

motivate older households to relocate and lead to demographic replacement (Buzar et al, 2007; Bailey, 2012). The
fAFTS O2dzNB S AagedbadeSrgsiukcestant prled&rentds  hdetlie why they reside in different types of

homesand neighbourhoods. A parallel is demasidle gentrificatiordriven byin- and outmovers(Ley, 1996)

43 One of 3 age(ing)concepts; the others are a) chronologickdvelopmental agingthe physiesocial aspects of aging e.g.,
maturity, declining healthand b) age as historical locatidmw collective experiencedifferentiate birth cohorts.
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... for characterizing residentiallchy 3S¢ 02 A&a4SYlIysS mpyn LI mncoOd | 2dzaSK2f Ra
home. Migratory push and pull help deconstruct this decisimaking (Hear et al, 2017). Push factors are adversities

driving households from current residence e.g., local declfailing health (Pope & Kang, 2010); pull factors are
RSaAGAYIFHiA2yaQ @FftdzSR GGNRGdzGSa SdIdr FYSYAGASaszs adzZaidl
f20FiGA2y SEFOG& LizZ tod alyeée 2f RSN I R dafesistaging {(Hbdga 20085y dzNB A
However, if motivating factors reach excess, households mélangen, 2005; Atkins, 20Ll7Recent mobility

research delineates voluntary from involuntary relocation (Smetcoran et al, 2017). Gentrification epitomizes how
rapidyNRA aAy3 NByida yR (SydaNB O2y@SNBRA2Y | OG Fa | WLHzZAKQ
6.2y @+tSG 9 h3I3IAS wnanntod W{GAttySaaQ o@2fdzyyGFNBEO RAFTFFSN

secure suitable housing in a meodesirable area (Cresswell, 2012; de Jong & Brouwer, 2012).

Agential models should more fully consider agsiructure relations (Geist & McManus, 2008; Coulter et
FfY HanmcO® DSBS PAARYISEGgE BSNHESY 2N LA (ndental3tessi{Lavon OF LI OA
& Namehow, 1973). If stress overcomes capacity and in situ fixes are lacking, people relocate. These are familiar,
later life moves made as physiological decline limits activity (Litwak & Longino, 1987; CMHC, 2020). Lacking capacity
also informs inertia despite distress (Hodge, 2008). Clearly, relevant houselwdénous factors represent
structural influences, not only from the built environment, but economic conditions and urban policy. Stockdale and
Catney (2014) argueresidenttdl2 6 Af Alé A& (22 O2YDbit §BRB:G2I a8 SNEFRzOSIKR & & 2 :
2F aaildNHzOGdzNT £ FI O 2 NEside gehtiificatipi, i that Kn&ced SactdisShaevhot ju§ wherdzL LI &
moves occur, but functional inputs of preference aedource: mobility is economically embedded (Fielding, 2012;
Findlay et al, 2015). As with dema#iddzLJL)t @ O2y @SNHSY OS> | 3SydAlft FyR &GNHzO0 o
change. The following explores factors influencing mobility, especiallyeinlife. While most are settled, several

e.g., income (Weeks et al, 2012) and urban form inclination (Patterson et al, 2014) remain contested, inviting review.

2.10.1¢ Mobility Factors Relating to Household Characteristics
Older adults move leshan younger people (Smetcoran, et al, 2017). However, the process of aging, for
most people, corresponds to shifts in lifestyle and major events, such as family formation and retirement that inspire
people to move house (Hodge, 2008; Dorfman & Mandici620Individuals move more than couples at all ages
(King & Newbold, 2009; Seguin et al, 2016). Widows especially favour supportive housing (Weeks et al, 2012).
/| KAf Rt Saa 02dzLlJt Sa Y2@S Y2NB 2F0Sys S@21 A ylacomeyffet¥S YLIG & v
mobility, both generally (Moos, 2014) and for older adults specifically (Smetcoran et al, 2017). However, whether
higher (Han & Kim, 2016; King & Newbold, 2009) or lower income households (Dorfman & Mandich, 2016; Séguin et
al, 2016) movemore is still vague (Weeks et al, 2012): while more money implies more capacity to undertake a
move, those poorer are likely unstable in their tenure, which is often rental and therefore less secure. Conversely,

YSFANB AyO02YSa Oly BNTFAMNNIMSHAAGEA G 98 $dz@RYWSa 6/ NBa&asSt ¢
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move far more frequently. Length of tenure is also seen to influence mghiisofar as longer residency via aging

in-place (at any age) tends to decrease the chances a given household moves (King & Newbold, 2009; Han & Kim,
2016). People also seek social homogeneity i.eliveo near those they resemble (in status, age, fatiicity)

(Bailey, 2012; Musterd et al, 2015@rfnstance, those of higher income, homeowners, and Caucaafgpear more
aSyaAriArgdsS G2 t26SN) adGldidza INRAzZLIAQ | R2F OSyO0S IyR | NB Y2
2012; Bailey etl. 2017).While agential factors help conceptualize mobility, understanding is limited without
O2yAARSNAY3 ySAIKo2dzZNK22R&aQ OKIFy3aAy3d az20Altt SO2t238 |y

2.10.2¢ Mobility Factors Relating to Hougl and Locational Characteristics

| 2dzaAy3 YSRAFGSE LIS2L)X SaqQ | 00Saas AyO02YS:T IyR KSIfti
a concept inclusive of theeighbourhoodand wider community homes exist in, impacts aging decisions (Davies &
James, 2011 p.127). Preferences also diverge from early to oldest stages. Older adults, whether owner or renter,
respond to housing costs (Seguin et al, 2016). Being ovemderhoused both induce households to correct said
imbalance (Han & Kim, 2016).9& S Y2 @Sa I NE GeLAOrftfte y234 Y2iAQFGiSR o@
and support needs (Ostrovesky, 2004). With age, older adults gravitate to smaller, rented homes (Abramsson &
Anderson, 2015; CMHC, 2020). High shares of older adultsahdaas are also linked to declines in the price of
detached homes and to increases in rents (Hiller & Lerbs, 2016). As the viability of certain housing for certain ages

varies spatially, the spatial preferences of older adults also tend to change fndynt@¢ater older adulthood.

The distance which older adults will move tends to shorten with age (King & Newbold, 2009; Abramsson &
Anderson, 2015). While most moves are intraurban (Northcott & Petruik, 2011), moves outside of current
community lean to saller cities in early old age, then with increasing age back to midAsimgsl cities to access
key services such as health care more accessible in larger centres (Plane & Jurjevich 2009; Newbold, 2011). Walters
(2002) attributes penturban moves ineagyft R I 3S {2 aYlff SN OSYyGdSNE FyR NXzNI
FYSyAGes FyR GKSANI NBtFGA@GS €101 2F adzaNDly RAalFYSyAGe:e
YO2dzy iNEQ 20SNI Wiz26yQ YI NJ & cillengingthad érdan (GlAs§a & Bidedl 2008;- I A y 3
Weeks et al, 2012), leading to higher mobility among the rural elderly (Turcotte & Schellenberg, 2006; Sergeant et
al, 2008). While interurban moves are a minor portion of older moves, they reveal |&e@ i LJdza K | y R LJdzf €

and how aging mediates these relations. These factors are mirrored in local moves within/between neighbourhoods.

While some studies find increasing urban affinity (Davies & James, 2011; Abramsson & Anderson, 2015),
others reveal &lerly inclination for dispersed, peripheral areas (Patterson et al, 2014; Moos, 2016; Seguin et al,
2016). Differentiating older adults clarifies these patterns, given the(p&64) and oldest old (85+) differ in health,
income, and household status @Hige, 2008; Statistics Canada, 2016). Generational values also mould preference
(Inglehart, 2008; Coulter et al, 2016). Many early old prefer suburbs, where homes are larger and less dense (Atkins,
HAMTT adzZ t AYSNE HAHNO® Y5 | @IKIAWSA 2AdaT QO 2yFe SFIFENIGISIR  SI2NDS A
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reflect aging in place (Kroll & Kabisch, 2012). Reality eventually pusheklést i smaller rentals (Abramsson &

Anderson, 2015; Hiller & Lerbs, 2016) in supportive urban areas (Davies & James, 2011; Tyvimaa & Kemp, 2011).
tKSaS (SYyRSyOASa O2KSNB 6A0GK 2t RSNJ I Rdzf G&Q Ay diSNHND Iy

ConvdNh Sf &> FaasSaaay3a OflAyvya 2tRSNI I RdzZ G§& aoAff AYyONE
increasing age inversely relatesitmving(p.116). Seguin et al (2016) also link aging to lower density and turnover.
Some contendt A Y RA OA R@KE NIOG2OWNK & 8A O0a | yR K2dzaAy3d al dAa¥Frk OGAz2y
mobility drivers (Bailey et al, 2012 p 26). However, if neighbourhoods differ in attribute e.g., building age, resident
tenure, these traits inform who lives where and whentadsishing their role in local aging mobilities. This is
supported by studies linking population agingigighbourhoodsocial ecology and built form (Clark & Coulter, 2015;
Seguin et al, 2016; Channer et al, 202@hile there is no pure consensus on fast such as urban form and income,

recognizing the diversity of life stage is vital. Further, so is realizing hodasgel mobility continues to evolve.

2.11¢ The Changing Nature of the Aging Process

If age andlife course influence location and lifestypreferencs, change therein will lead to concurrent
change in aging mobilities. Life stages are socially constructed (Elder, 1975; Coulter et al, 2016) via economy,
demography* government, and media (Stockdale & Catney, 2014; Atkins, 2017). Olebatgbdrastically differ if
notforearly 20/ Sy G dzNBE AYRdzAGNRA I £ NB & i NUzO (i dzNR 7h8 imBovetishgdhgeNR 4 S (i +
remedied in later decades by welfare measures to afford retirees a modest dignity, inflected by Bottatutility
O[F6a&aZX MdPoT 21 hI HAnHO® a 896§ 4 Kded ith verp diftenizgtanomicRsixfiall & 06 2 N.
FYR LREAGAOFE O2yRAGAZ2Yaé¢ (KIYy (GK2aS 02Ny LINA2NI 6xFy /1
in the family home, delayed household formation, and concentration in specific urban forms i.e., central city
@2dziKAFAOFGAZ2Y 0a224X HnmcT {S3AdAy SiG FfX HanmcOd® ¢KSAS

Broad demographic (cohort) andsharical (period) effects arghownto restructure the life course (Atkins,
2017).Cohort effects depict how generations experience stafistructurez | YR OKIl y3S5a whkhSNBAYy Wi
shapes shared value® (Moschis & McArthur, 2007; Sander & BeD18).BoomersaNB ¢ dzLJ ddzy RSNJ wdzy Y
LINPALISNRGEeéS gAGK || 6SEFINBS adlrisS O2yaiARSNIofé Y2NB NP
131).Period effects are historical events that vary in their impact for different ages (Findlgy26i&). For example,
MPT N Q& RSAYRAZAGNRAIF AT FGA2y SR OAGASA G2 FolyR2y Yl ydzFl

prospects for those just entering, amid, or leaving the workforce (Green, 2006; Bonvalet, Clement, & Ogg, 2015).

44].e., increasing life expectancyeant older adulthoodbecame something people mommmonly reachegthus becoming a

socially normative part of the average lifespan YdzOK f A1 S OKAf RK22R | YR addlthieddNgnd y3 & S| N
retirement has now become more fully entrenched in our social institutions (Laws, 1993).

BLG aK2dZ R 068 y20SR GKIG LINR2NI SNI Qa &K2 NI S-89 af theEHéwa afkhg” & |
early20"/ Sy i dzNE ¢+ & Y2NB SljdzAgrtSyid (2 Gd2RreQa tFGESNIF3I8a F2NJ 1

46 Generations are cohostof peopled d 2 NJ I NR dzy R edpkrignceaiingiSorical evé@sTat the same ages, and

consequently develding] similar worldviews and life coure¢ 6 Y2 YL) 3 W2 Kl yyaz2yZ Hamc LI® mdbdnT
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(Smith, 1979), can also be considered a generational process: it was early family householde 195G onwards

who led suburban expansiomtheir exodus from core, urbaareasboth aging and contractingnay central city

populations. These spaces of course eventually recover via gentrification and through more geneahigation

by early households (Van Criekingen, 2010). Ironicalilyreékurbanizationoccursalongside the suburban agisig-

LI I OS 2 F LINR 2 NdhiShtks 2fi maBy inh&rand elen Yiswerdutrasuburbs much older (Seguin et

al, 2016; Hochstenbach & Boterman, 2018). Cohort and period effects situate lifesauys Gspakeyndthin . . .
OKIFy3Ay3a SO02y2YAO0Z &a20Alf 3> FyR Odghichizfedms hovi Bodliz® GodiNE & ¢ 0 C
NEY2fR O2y@SyiGAz2ylt dzyRSNRAGFYRAYy3Ia 2F tAFSQa €t GSNIadgl:

By enduring differing cohort and period effects than their parents, Boomers are posited to have developed
differing cultural and attitudinal values that will lead them to diverge from their parents in their expectations of
aging and how to live out theblder adulthood. Those born 194864 have been the vanguard of social change
throughout their lives, included (but not limited to) the rollout of the modern welfare state; fragmentation of the
nuclear family household into a range of household types, Bathily and noAfamily; the mass entry of females
into paid employment; the rise of duglarners as the dominant family tyflethe civil rights movement and resulting
societal change; the expansion of consumer media and its influences upon both peopleaabnomy; and the
incredible advance of various technologies, especially computers (Green, 2006; Moschis & McArthur, 2007).
I O0O2NRAY3 (2 .2y@LfSiz /fSYSyidX FyR h33 O0Hnmp0OI . 22YSNE
home ownersh L] 032865 o6& 020K GKSANI LI NByiGaQ FyR OKAf RNByQa :
Depression and WWII, while subsequent generations, including their own children, now endure unstable
employment conditions and soaring housing costs. Maogniers, however, attest to erratic career trajectories
owing to labor redundancy via offshoring and automation (Pinnegar et al, 2012). Socioeconomic, demographic, and
other diversity is expected among the total population of Boomers, leading to contrdstitiggs of whether they
are better/worse off than their parents in finance, health, and other lifestyle factors (Moschis & McArthur, 2007;
{ANBY 9 12aGSAY HnmoO0O® DAGSY G(G(KS 3ISySNIdGAzyaQ aii S IyR

on these sorts of individual axes may prove less fruitful than identifying influences borne of common experiences.

t SO

47 The fragmentation of the dzOf S+ NJ FIF YAt & G2dlrtteé OKFy3aSR OAGASaQ az2o0Al
2F K2 dz

location, based on household social status, totally obsolete (Viaud, 1995).kBy 4 ¥ (G KS 200dzLd GA 2y
earner, which defined households and their neighbourhoods by class e.g.,{wlliae/'upperclass, bluecollar/middleto-lower-
class), was no longer a valid construct. As females, both single and cougad tbevork, and as males and females spent longer
as living alone, and as couples began to defer having chitdasnjust a few examplesexisting understandings of households
and their relations both to space and to various social hierarchies had ¢orbpletely redeveloped (Viaud, 2022). From a social
class perspective, it is the rise of dearner householdg and their use as an indicator of neighbourhood statuduring the
1970s and beyond that made traditional interpretations much less releaangxample of this breakdown being females working
white-collar jobs yet living in what were considered b2 £ £ I NJ Yy SAIK062dz2NK22R& 06S0OFdzasS 2F (GKSA
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Boomers are largely seen to have similar cultural and attitudinal vaiwasy tosharedcohort and period
effects (Gillear& Higgs, 2007; Roth et al, 2012). Many want an independent aging, including driving (Siren & Hostein
2013), staying in their home (Pinnegar et al, 2012; Roth et al., 2012), and enjoying a consdraptidmetirement
(Olsberg & Winters, 2005), instead @K SA NJ LI NBydaQ Y2NB | dzadiSNE 2tR F3S o
suburban lifestyle, a likely influence on their peripheralization (Seguin et al, 2016; Atkins, 2017), indicating where
FdzidzNB | 3Ay3 Attt 0S5 NI GKS bdbhtihugdisPagainbetis: awia$to datticatizddmice) LJdzt €
Boomers are the first sandwich generation, caught between caring for aged parents and supporting young adult
OKAfRNBY® LYy a2YS OFadaSaz WRSLISYRSyGaQ tAQ8nePiK22KSKNA®

workload here is far more pronounced than prior generations, impacting their time and money as well as needs.

This informs why Boomers Figure 2.3: Canadian's Median Retirement Age, 1991-2016

o
a

continue to work intotheir older

o
«

adulthood (Moschis & McArthur, %,

2007).As perFigure 2.3, through the g 63 _—\

199 Qas GKS {Af Sy 262 ‘/\/\/\/\/\/

1926-1945), tends to retire soonét E E:

I'FYyFRAFY&Q YSRAL

remains stable through the 2000¢ FFF 5SS SIS EFEE SIS
until 2008, when age of Workforce ., . swisic: conads, 2022 Female  ——Male Both Genders

exit for both genders escalat®sFor context, Boomers as a group enter and ghssugh retirement age from 2008

(age 4462) to 2016 (50)°. Besides differing generational values informing their career extension, cohort and
LISNA2R STFFSOGa YlLe LXFe I NBtS Ay .22YSNAQ RStIFI&@SR NBG7
retirement at age 65 (CBC, 2009); while not initiating a labor sea change, this highlights a structural effect mostly
experienced by Boomers, not preceding generations. Median retirement age nearly reaches 65 for males and 63 for
females by 2015, showingany Boomers (then 569) still retire on schedule. However, half of retirees were over

this63cp F3S NIy3aS 6KSYy NBGANARY3I GKFEG @SFNW {2YS 2t RSNJ I R
are reluctant to [go]. And many [of all educationsi.. @@ f dzS8 GKS OF YIFI N} RSNAS: aSyasS :
by going to work every day (CBC, 2009). Yet, many older adults are found to continue their labor force participation

for need of the income (Moschis & McArthur, 2007; Pinnegar et al, 20h%.condition of lacking fiscal resources,

for many, may result from the ongoing impact of a major, recent period effect.

2008 marks (at the time) the largest financial crisis and protracted economic turndown since the Great

Depression, lasting until 201Kingsley, 2012), the fallout of which many still endure (Hochstenbach & Boterman,

48 Aging from 4665 (1991) to 5574 (2000).

ORYlFfS8a YIGOK YIESaQ YSRALFLY 38 Ay HnndI 4Dilfdieafilyearehiel) namn T

50 The Silent Generatioare 63-82 in 2008, largely paslorma r&tirement. Meanwhile 2002008, Boomers age36-54 to 44

62,LJdzi GAy3 G(KS 3ISYSNIGA2yQa WiSIFIRAYy3a SRISQ 2y (GKS OdzalLl 2F 2f RS

32



2018). Loss of job prospects and career stability, wealth erasure, and increased poverty negatively impact

K 2 dz& S K 2 fytRwofk, puréhask Hoihes, form householdssave for retirement. While much is said of outsized

impact on younger adults given alreafipgile work/housing careers (Moos, 2016; Hochstenbach, 2018), Boomers

are not unscathed. In addition to asset deflation forcing reconsideration for those nearietjfiement, some suffer

career turbulence, including reduced earnings and job loss (Bonvalet, Clement, & Ogg, 2015). This impacts female
Boomers especially i.e., erratic retirement age 2@081 relative to steady male increase, influenced by lower

overal SINYyAYy3Ia IyR LINBER2YAYLlI YOS Ay Ay Rdza (i NRisedand0d4y.F SNA y 3
Ipsos Reid finds 65% of the Canadians age 66+ they sample continue to work out of need, revealing how such events

and ramifications can and haveezed the life courses of older as well as younger adults (Haig, 2019).

However, other period effects enrich many Boomers e.g., the highly inflated home values of those who
purchased decades ago at drastically lower prices in the now desirable neighlbdsriod major urban centers
(Olsberg & Winters, 2005; Pinnegar et al, 2012). Further, as age and wealth generally correlate (based upon the
premise that more years of life allow for greater caresand especially assdtuilding), older people tend to weathe
SO02y2YAO R2gyGdzNYy o6SGGSNI 0Ky R2 @2dzy3aSNJ) LIS2LJ) Sz SalLlSo
financial assets recovered faster than wages (Zewde & Crystal, 2021). Also, retirement benefits drawn on in older
adulthood remain constant amidsiutright job loss or reduced hours faced by stitirking populations during
economic downturn. Thus, latetr G 3S T yR 2t RSNJ I RdzZf 6a GSyR G2 SYSNES A
younger, all else considered. Of course, clear divides emerge wétgriolder adult populations, for instance
between those who own a home and those who continue to rent, as renters have no equity to secure retirement,
nor can they (or many young people) nowadays aspire to own a home, a rift wrought by the interplesroof p
effects on differing Boomers and this generation relative to ensuing cohorts (Pinnegar et al, 2012; Hochstenbach &
Van Went, 2015). The net impacts of historistlictural effects results in greater wealth inequality between those
at older as oppos#to younger ages (Zewde & Crystal, 2021), providing for wider-spaitial divergence between
populations both of older adults and of Boomers, who eventually enter their older adulthood during the extent of
my study. Why such a focus on Boomers and thexient and ongoing life course? If they now redefine the aging
process and thus population aging (Atkins, 2017), then their diverging incomes, labor status housing and
O2yadzyYLJiA2y LINBFSNByOSas IyR fAQAY 3 | aiiMlayd3&Menghilit Y GG S

by which they come to influence processes of urban change (Teernstra & van Gent, 2012; Bailey et al, 2017).

2.12¢ Neighbourhoods and Their Aging: Converging Towards Inquiry
Canad®a& L2 LJdzf  GA2Yy | 3Ay3I Attt KI GBS AYthdcihdsave iveONR && 3 S
Because older Canadians diverge in household type, dwelling preference, income, and rfnolrilityose younger
their increasing proportions wiihduce tianges in the social ecolog§ neighbourhoodsvherethey concentrate.
These demographic transitions spatially vary just as do other forms of urban change, precisely because population

aging isan urbanchange. Reviewing the study of neighbourhoods, 8eshinal ecological and life cycle constructs,

33



GKNRdzIK 3ISyidNRTAO patalypibdesss thdnllconhterhpdryy, bréaded cdrodpiial views of

urban structure andchangeq reveals three key findings: a) neighbourhopds socieecological cortsucts, are

complex and diversin their structures andn how these structureshange yetinterplay between certain factors

such as income and life stagapduce and rproducedistinct, oftenfamiliar patternsover time b) until recently,

the role ofage andagingin these socieecological patterns and processes has bieated in a narrow, assumptive

manner, leading themto be relatively understudied; and c) what marries sodiaits to spatial formisNB a A RSy (1 &4 Q
propensities to move in, out, or sfan certain spaceshroughout their life coursesin other words, our collective

F3Ay3d GKNRdzAK fAFSQa adGlk3Sa KIFa RANBOG AYLXAOFGA2ya ¥F2

While urban studies have at many times tended to undergiaw age shapes neighbourhoods, the study
2F Y20AfAde O0SKIF@A2NR GKIG WaKFLISQ GKSY OSNIIFAyfe KIFa
where, when, and why people move (or stay) as they follow familiar trajectories referred i@ &sitnan life course:
individuals intertwined physiological and social development and its molding of our preferences, capacity, and
resources during successive life stages. Structural factors, such as period effects also considerably shape where and
how life courses occur. This is clear in how contemporary young adulthood has evolved from seminal life course

models, transforming not only their career, familial, and housing pathways, but the cities they inhabit in living these.

Likewise, population agingRNA @Sy o6& . 22YSNBRQ GNIyairAdiAzy Ayaz2z 2ftR
demographic change. Questions arise as to how their divergence from preceding generations will reshape their
relationships to urban space and in tuand theneighbourhoodaging pattens molded bytheir aging Further, as
agingisinextricably tied to other social, economic, and cultural patterns, it is crucial to better understand how aging
2OSNI LA 20KSNJ StSySyida 2F OAGAS Basedos Oyiréview o i sk | Y R

ecology and where age angiag(might best)it within it, | therefore propose the following research questions:
1. How is age structured across urban space and how do these patterns change over time?
2. How do age and aging factor into urban social ecology?
3. How do Boomereelate to these patterns, and what can this tell us about their future aging?

4. In mapping these patterns, how do they emerge across urban space and change over time?

These questionareleft somewhat broad to reflect that what | intend to do is largelyeaploratory analysis of how
and where age and agir{gith a focus on BoomeJselates to other aspects of human ecologyhile shaped with
intent to test certainsocioecologicalK & LJ2 (i K S a ArBan dgidgS@tErnsWalert stages of the neighborhood

f ATS O& Othée dquestihgllévime 6 @ddress the expectations set by this and other models, such as the
human life course in how | answer time In short, in developing methodologyfor thesequestions, and responding

to them, | refer to the body of urban soeexological and demographic theory covered in this literature review
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3.0¢ Methodology

3.1¢ Introduction
¢KS F2fft26Ay3a 2dzif AySa (GKS &0 dzRé&rddid, onfte TdtadtB@ehstd e & L 1
Subdivision (CSD) as my study area. The Toronto CSD is a Statistics Canada geographic aggregation that mirrors the
[ A& 27F ¢2NERy G PP thahdmgfodu@d Hollv fmodelahdRn@dsidire neighbourhoods using Wtatis
/' FYlFRI RFEGI® L GKSYy AYyiNRBRdzOS (KS t20F0dA2y ljd2zidASyida L
and changes occurring in the periods 19886 and 200&016. These analyses both answer Research Questions la
and 1b and provideco&tEi F2NJ | 38Q&4 NBtS Ay GKS ONBIFRSNI FIFIOG2NRIE |
| then outline factorial analysis and its use to uncover sepigtial complexity (Murdie & Logan, 2014). | outline how
the techniques work and review key anabgtl principles, as technical concerns need due attention to ensure rigour
and validity. | introduce my static (1996, 2006, and 2016) and change-gl@#5and 200&016) datasets and how
| treat my data to improve analytical clarity. My factor analysesiser Research Questions 2a and 2b. Boomers are

highlighted throughout to address Research Question 3. Mapping my results addresses Research Question 4.

3.2¢ The City of Toronto as Study Area

l'a /FyFRFQa F2NBMR&G dzNBFYy | NBF Ay

terms of population, growth, economic Toronto CSD Population, 1996-2016

CSD as % of Canad.

output, and global relevance (Harris, 2015), Toronto CSD Canada )
Population
Toronto provides a dynamic, complex study 1996 2385 421 28,846 761 8.3
area. For many, Toronto invokes the vast 2006 2,503,281 31,612,897 7.9
2016 2,615,060 35,151,728 7.4

urban region known as the Greater TOrontQ ;- sausics Canada. 1968, 2008 20172

Area (GTA), which includes a host of large cities, towns, and swaths abanband semrural area. I, however,

employ the more tightly defined City of Toronto. While not entirely representing urban Canada, Toronto contains

2.62 million people in 2016, andpresents7y2"> 2 F [/ I Y I Rl Q& Li2yeldzdtudyiiperdd(THRIMNA y I Y&

The City of Toronto, in southwestern Ontario (Bigbm0 = A a GKS OFLAGEE 2F /Yyl RI
On the northern shore of Lake Ontario, its population of 2,615,060 (2016) covers 630.2kmi KS KSI NI 2 F /
most extensive urban area. Founded in 1793, Toronto has long been an economic, cultural, and political center; in
the20"/ Sy GdzNE Q& €1 GGSNI KFEFX Al 3INB-emireiigoval dity (COMBI@HiSOOA | £ Ol
Museum, 2006). The City ®bronto results from a 1998 provincial amalgamation of Toronto with neighboring cities
of Etobicoke, York, North York, East York, and Scarbofdigha & | y I f @ aSa NBFSNI G2 GKSAS ¢
ddzodzZNDAaQd ¢KS&S p | NB to&patially Resciltie paRédns fededld® Wying/ varidudSmagsa The
followingsubd SOGA 2y 2dzif Ay Sa ¢ 2 NPy 2@ QenturRts hBtéxRdlide Biyrésults.A y OS (K S

S1C2NJ O2yGSEGET L daS W/ AGe 2F ¢2NRYy(i2Q3F WE2NRY:GE2Q3 FyR We2NRYy |
52 Conversely, Census Metropolitan Areas (CMAS) consist of $&&bs which Statistics Canada deems interrelated.
53 Although the Metro government hatd regional development and administration since 1954 (Sorenson & Hess, 2015).

35



Figure3.1

City of Toronto (CSD) as Study Area
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C2NRBYG2Q& dzNDBly F2NY O2yiGAydsSa G2 6S RSTFAYSR o0& F2c
World War, suchas by that the time the Metro government was formed in 1954. The Metro government was
SadtGlrofAakKSR (G2 oFlflyO0S GKS O02YLISGAYy3I YR AYyGiSNNBtIl iSR
its 5 surrounding inner suburbs, which according to Richard Harris 2015

had always been physically and socially diverse . . . Before 1950 there were industrial suburbs with working

class residents, and one with professionals; there were upper class residential suburbs outside the city, as

well as inside; and there wereovkingclass residential suburbs, with immigrants living in owlmgiit

K2YSad ¢KS o0dzAfd SY@ANRYYSY(d LISNBAAGAYT | yR32EaA2 ¢2NRY

Harris emphasizelsow Toronto diverges from many American cities, where dmwms and suburbs are
much more spatially and socially distinct. Toronto and its inners suburbs began to boom both economically and
demographically during the general pesar prosperity gripping North America (Sorenson & Hess, 2015). Both
manufacturing ad business functions took off after the lean interwar years, as population exploded via the Baby
Boom and waves of immigrants seeking a fresh start fromtaar Europe (Toronto History Museums, 2006). These

trends created a need for regional coordinatiohhousing, commerce, employment, and transportation functions.

Figure 3.2: Toronto CSD’s 20" Century Development Trends
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Source: City of Toronto Survey and Mapping Services (accessed 2022 via Toronto History Museums)
CNEY GKS ¢l NDRa SyR (2 (GKS mMpTnQa 6FyR aAydes ¢2NBY

(Fig 3.2). Growing vehicle use supported suburban residential development and construction of adjoining highways
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and major arterial®. 5 S@St 2 LIYSy i 2F ¢2NRBy(G2Qa& adzogleée a2adsSyYx LI NIA
and Bloor (1966) lines, also fundamentally shaped adjacent boroughs, and more importantly the mobility patterns

of thousands of Torontoniafs Ly 3 Sy S NEomfitted ta Sriiné@tramspottation policy, focused on both
expressways and rapid transit, and to mixed [residential] density, which explains numerous pockets of high density

Ay GKS AYYSN) adzodzNb &aé¢ O CAf A2y Suersdufban landsaapes = | LI GG SNY

These patterns of eévelopment Figure 3.3: Toronto CSD Population Density, 2016
and settlement have and continue tc .
shape Toronto. While core areas pla
K2ad G2 YvYz2ald 27T-ridhk
neighbourhoods, density is atypical at a
distances from the CBD (F&3). Trends
that influence this are the rampant @ce L Aok 1 People per Sauare K
of public housing development until the ; b " 195+ 1500
MOT 1Q& 61 I NNRAS w7y ‘ | seor o000

3501 - 6000
6001 - 9000

largely replaced by private construction 0001 - 19000

particularly of condominiums; the onsei oot ;‘::L:“‘m

and continuation of gentrification gripping centralrdato; deindustrialization and devolution of local labor markets

into high-and lowpay sectors; and considerable shiftdtie naturet Yy R RSa Ayl GA2y 2F GKS / {5C¢C
l'a LISNJ aSGiNR Lkt A Oe -sand¥iediubnddedsityt hOmedvagzia¢cdmpahideliby eofstruttidngof

affordable (often socially funded) unitsinhigtih 8 S (26 SNAR o1 F NNAAX HamMpOd . & (GKS
Y2NB (KFy T1tm: 2F ff we¢2NRYy(I2Qa6 daAiaiSR tioked tisadiyyigd ¢ 0 CNR
up of federal publidhousing funds, which precipitated a steep decline in new construction of affordable rentals and

GKS 3SySNIft RSOFe 2F SEA&GAY3 dzyAala 6! dz3dzad g 21 f1&%
and contnues to further amplify their undesirability, supported by their location in areas with rather poor access to

transit and other amenities e.g., employment, parks (Harris, 2015). Their current fate is discussed later in the section.

Highdensity housing tnsitioned from public to private, and thus to a profit driven model. 1970/1980s
deregulation of condominium policies led to a construction boom in/near Downtown or beside highly accessible
ddzogl & adlkdAazya NIFRAFGAY3I FNBRMngwaWRofdiPeQia thedl®g08Sandebrly NNA a =
1990s, then from 2000 to present (Filion et al, 2010). Rosen and Walks (2015) count roughly 200,000 condo units
SYGSNAYy3I ¢2NRy({2Q4a K2ap0AntraasinglydallySram perfdi shag ®igin by apfacior of

54The Provincial 401 entergfrom Etobicoke, through North York, and traimg out via Scarborough; the Gardiner Expressway
running intdl £ 2y 3 ¢ 2 NB vy (i @secingDbwnio@nNgBitReylalie; the Don Valley Parkwaynning north from the
DI NRA y &Ibdg the Doy \Rillegmeetsthe 401 in North Yok and the Spadina Expmsasay,famouslyhalted midproject by
vocal, weHorganizedDowntown residentslt would have cleave®owntown, irrevocably damaging the cityscape (Harris, 2015).
55The Sheppard Line was added in 2008r¢nto History Museum, 2006).
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4808y ® albNJAy3 | RAAGAYOd F2N¥ 2F RSyaArde FNRBY LISNALKS
re-urbanization following post | NJ & dzo dzZNb 'y SE2RdzaX KSf LA Yy3I GKS O2NB  YI A
NB 3 A 2 yifién [vialigddous residential redevelopment. . . [of] laté"Ehd early 20 OSy G dzNBE ¢ | NBl & 6 C

FfX wnmn LI pncod 5¢StfAya O2yaidaNHzOidAz2y Aa odzi 2yS (NS
Ffaz2 o0& 6 KA OKsofdohdradiertshifte, 2viNad i tu B1$o influencing the inner suburbs.

Asposts I NJ LINPALISNAGE RAA&AALIGSE o0& GKS mopcnQa SyRI ad
YFEYATSaAG Ay ¢2NRByG2Qa RSOSt 2 LIS ydishialicatiodEgénerally devafatidgk ! Y S N.
2 a2dz2ikgSad hydlFrNAR2Qa Fdzi2aY230A08S FyR 20KSNwalag dzF I O dz
surrounding areas (Toronto History Museum, 2006). However, these were somewhat braced by administrative,
cultuNI £ = I yYR LI NGAOdzZE F NI & FTAYLFYyOALf aSOG2NBR RAGSNEATFE&AY3
declined, the inner city wherthesel OG A @A G A Sa (221 LI @St YN L#&A DA $ NiEA 2ty 20 |20
also. The former is sedn abandoned warehouse and factory sites, while the trades and manufacturing workers
GSNBE aY2NB GKI y-ONSLI NNOSRNP @S MIKBE &1 SoLJd ocv>X NBLIX FOSYSyid
2F ¢2NRyd2 Aydaz2 /Iyl RIQA&Tod@dHidonNIMisSum) 2008). Thdsy shitOshippdrt O LJIA
ASYGNRFAOLFGAZ2Y 27F ¢-2aR ifine2n@ighboLihdBdd As?rekidentd asso@iaiell wityi Bmerging
economies (crucially with higher income than existing locals) make considerable inrodks &W¥%éaranaan, 2008).

Initially isolated to select few innddA (& RAAGNAROGA Ay GKS mMdcnkmeprnaszs GKS
increasingly higher levels of so@oonomic status eventually radiates through much of the Old City, taking o@ mor

RN} aGAO F2N¥a 2F NBAGNUHzOGdzZNAYy3a & GKS FINBIFaQ NBYySsSR LE
during recent decades and into the contemporary period (Filion et al, 2010). These development projects occur not

only upon demolished righbourhoods, but on abandoned industrial sites, a most prominagighbourhood
WNBGAGEFEEATFGA2YQ 0SAYy3a GKIG 2F ¢2NRyi2Qa&a Yl aargsSte NBR:

| 2YOdzNNBy i (2 (GKSaS LISNA2RA PFsummidnginfed syidirbs2nd@ dzZNNR y 3
often experience soci® 02y 2YA O &Gl Ayl GA2Y | yR RSOtAySd ¢KS aO2yaAir
ASNIBAOS AYRdAza(UNREé¢ Fdz8SttAy3d ISYIGNARFAOFIGAZ2Y O6CAHad2ZYy S M
LINEFSaaArz2ylt YR YFIYF3ISNAIE 2206a& YR I N}YLARf& AYyONBI &/
OLI NI GAYSET GSYLRZNINBE 2N O2y (N} OG0 22060a¢é¢ O0YSAtS wHnAnH
manufacturing careers, WiK SNBR Ay RSAYRAZAGNRAI AT F GA2y Qa-padlwhitBd ¢ KA &
collar workers to compete over Toronto increasingly expensive, aménityR Sy O2NB>X KAt S (Kz2aS$s
occupations relegate to peripheral suburbs where accessaosit, services, and secure work is sparse. Many of
these areas host posi I NJ | LI NIIYSy Ga y2¢ O2yaARSNIoOf @

§3INI RSR YR

56 These processes were/are also accompanied by what Walks and Maranaan (2008) identify as the consistent consolidation and
upgrading of districts considered midelend upperclass from before WWII and since. Thus, these places were never really open
to working-class populations and so the authors refrain from labelling these escattingshiftsasgentrification.
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marginal and working poor (Harris, 2015; Stapleton & Kay, 2015). Thus, larger globahicshifts reverberate to
GKS NB3IA2ylLf FyR €20t tS@Stz AyONBlFrairAy3ate RSEAYySIHGAY

occupational status residents spatially organized according to their relative level of income and SES.

Figure 3.4: Average Individual Income, Toronto CSD, relative to Toronto CMA, 1970 & 2005

1970

Census Tract Average Individual Income Relative to the Toronto CMA Average of $30,800* (estimated to 2001 census boundaries)

Very High Hcigi Middle Income Low Very Low * Average incomes in
More than 40% Above  20% to 40% Above 20% Below to 20% Above  20% to 40% Below More than 40% Below

constont 2005 dollors
36 Tracts, 7% of City 41 Tracts, 8% of City 34) Trocts, 66% of City 91 Trocts, 18% of City 6 Tracts, 1% of City
Average = $54,700° Average = $39,000° Average = $29,800* Average = $22,300* Average = $17,000°

2005

Census Tract Average Individual Income Relative to the Toronto CMA Average of $40,704 (estimated to 2001 census boundaries)

] — == [
Very High High Middle Income Low Very Low
More than 40% Above  20% to 40% Above 20% Below to 20% Above 20% to 40% Below More than 40% Below
76 Trocts, 15% of City 21 Tracts, 4% of City 152 tracts, 29% of City 206 Tracts, 40% of City 67 Census Trocts, 14% of City
Averoge = $104,000 Average = $53,500 Average = $39,000 Average = $28.000 Average = $22.500

Source: Hulchanski, 2011, map 2, p. 4, map 3, p. 5

Hulchanski2011)clarifies thiso @ KA IKf AIKGAYy I ¢ 2 NB phiddeQand Ihinéon&S S/ A (A ¢
FNBl 42 ¢6KAOK KI @S aLld dAalrftte LREFNAI SR 20SN) aSgOSNIf RS
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individual incomes for the years 1970 and 20GHative to the Census Metropolitan Area (CMA) avefagélear

patterns emerge in how highmiddle, and lowincome areas transition in their location and extent between 1970

FYR HAanp® ¢ anbdngréstiénis colisbliflde3helr presence and/aapture core parts of the CSD from

poor(er) residents, turning these spaces into hightus areas (City 1). Middle income areas (City 2) diminish in both
prevalence and extent, becoming either higher lowerincome areas; what of these spaces remainvide for
GKAYOYSND o0dzFFSNB 0Si6SS yheightdu®obii Brally, loNdcdg Sr@ds (CityyR  LI2 2 NEF
LINPEAFSNI OGS Ay yYy2NIKgSAGSNY FyR y2NIKSIFaAadSNYy aSoirzya
Kay (2015) contextualizeithlast trend, finding Toronto the most incorpelarized Canadian city and host to the

highest shares of residents that live in working pov&tyalks ties this specifically to income disparity between

immigrants and noAimmigrants, highlighting vital,eg unfortunate links between marginalization and racialization

in postwar Toronto. This has occurred during a general transformation in Canadian immigration. Quick and
WS@AYAG2YyQ O6HNnHuMO NBOSYyG Fylfeaia 2 FhroughMB§an@finddthgt ¥ A N a |
highA y 02 YS NB Ssdgredaiion o lodvant middleincome residents plays as much of a role in this

ongoing polarization as does the relegation of {meome residents to undesirable areas.

Toronto has long been a nmajimmigrant destination (Murdie, 2008; Harris, 2015). In 2016, 47% of CSD
residents were born out of country (Statistics Canada, 2016). Immigration has evolved through"toer@ry.
Although early waves are predominately Europ€aimmigrants sincek S mdpTt nQa Ay ONBFaAy3Ifte K
Africa, Central and South America, the Caribbean, and Asia (Hou & Bourne, 2006; Murdie, 2008). They also confront
C2NRYyG2Qa8 aKAFOAY3IA dzNDBlFy adNHzOGdzNBE 'y R NB aafisdallagdi A Y LI C
language capacity of domestic residents, thus m@eent immigrants increasingly flow into entlgvel service
sector jobs. Further, while Downtown settlement was common peai®’, where access to work and transit are
plentiful, asgentrification massively eroded affordability (Walks & August, 2008) and displaced an existing working
class (Skaburskis, 2012), mM& OSy G AYYAINI yiGa& I NBE AYyONBlFaiAy3ate F2NOSR
0KS / {5Q& LJISNXCiFH nd sodidllyaiiaGnkdmy softilg @aelatively logeality neighbourhoods

far from primary transit networks (Harris, 2015), in often overcrowded, physically degraded housing (Murdie, 2008).

CdzNI KSNJ RNAGAY I ¢ 2 NP Y thhtodveriNdordeh rofimmigrait kegidents2ribl to LJ2 & S NI &
leave the CSD while higher income, Aommigrant professionals flow into moradvantaged areas (Hou & Bourne,
2006; Ley, 2007). While overlapping divergence between smmoomic and raciathnic status e prevalent,
AYYAINI GA2YyaQ &AKIFILAYy3I 2F O2yGSYLRNINE ¢2NRyG2 A& FIFN T

despite insecure income because of economic/cultural support from existing ethnic communities. Qadeer et al

57 Brief reference to the legenshows blues denotes higher ends of the income spectrum, yellow the middle, and reds the lower

%8 Their base dscription being thosevith after-i | E Ay O2YS 06 Sf 24 {indomé Medsure QMIhat bayhlaR |l Q& [ 2 6
least $3,000 a yeagre between ages 1:84; are not student; andwho live independentlyStapleton& Kay 2015p. 33).

591n the early 28 Century, more ofterirom the United Kingdom, Northern Europend Scandinavia, shifting to parts of Southern

(Greece, ltaly, Portugal), Central, and Eastern Europe with the passage of time (Mubg)e, 20

60 Prominent examples include Little Italy andfagal west of the CBD and Greektown across the Don River.
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(2010) highlight the efodzi A 2y 2 F &I NA2dza WSGKYyA O Sy Ofl ¢gSaQ GKNRdAzZAK2c
processes occurring sincetheMO Sy G dzNB X 2dza G y 26 FY2y3 Wy SHgSND AYYAIANT yi
concentrations are communities of choice fodjii (G KSaS NBlIazyasx yz2id ySOSaal NAte
exclusion (even if socioeconomic conditions constrain where these communities emerge). Further, not all new
FNNAGEFEA G2 /FyYylFIRF FNBE YINBAYI{ ® ¢Ki&MBrants MBoroita, dothd G 6 2 @S
located primarily in the suburbs, but differentiated by seemnomic status and their ability to bid for housing in
C2NRPYyG2Qa adzodzNDBty yYySAIKO2dzNK22Ra¢ 6adz2NRASSET wnny Ll® yo
rSOAGNHzOGdzNF GA2Yy S AYYAIANI GA2yQa GAGlIE NRES AKILAY3I ¢2NEP

Canadians arrive from, but as to how their considerable inflows interact with the former two processes.

While Old Toronto and itsinnersutiu@d 6 2 FFAOALF f £ &8 WY NNASRQ Ayid2 2yS |/
many normative expectations of how built form, location, affluence, and ethnicity overlap and they experience
changes common to many other cities (e.g., deindustrialization, gentrditatihe Toronto CSD continues to defy
YFy® dzNDIl ykadzodzNbly aGSNB2GeLlSaz S@Sy Fa (GKS&aS O2yadNd
2015 p. 30). The outlined array of global, regional, and local processes creates a rich sampled oflyaaimic
neighbourhoods to study. Thus, the Toronto CSD proves ideal for examining relations between population aging and
other urban change processes. In designing this study, effort was given to employing the broader Toronto Census
CMA, in which the sidy area is included (Figure 3.1) as in other urban change studies (Seguin et al 2016), including
those using a factorial ecology approach (Murdie, Logan, & Marannan 2014). | employ the Toronto CSD, however,

G2 addzRe Wi OO0dzNT G S QelycéntaiBek rdadzidas RIR developeSidOI6NIItHikel) réflect
one if not more life cycle stages. Using all Toronto CMA tracts, while providing a broader catchment of potential
neighbourhood units to study, presents my research with obstacle$ lmonceptual and technical in nature,

especially for my ability to accurately assess urban changes in consistent units of observation.

First, many parts of the CMA are large, undeveloped tracts in 1996 (many still in 2016). Over the ensuing
decades, manydzf f @ k LI NI A f f & RS@St2L) Ayid2 & dzedgtduthoodifé syOek WA K 2 dzf
| 26 SOSNE GKS&S yIaOSyid dzNbIly | NBtraids® danhadddsts ybtaticand3 2 F Y
temporal, or changdased analysé& Yetl seek to uncover a more fulsome view of theighbourhoodlife cycle
FYR F38Qa LXIFOS 6AGKAYd® aé OK2AO0S Aa FdzZNIKSNJ OSYSyY (SR

these urban areas. These issues are discussed after introddansyisTractsand their use in the rest of the study.

61 In a study of neighborhood u@nd downgradingPwens (2012) highlights ascent waburbanization: sparsely populated,
peripheral tracts quickly become socially homogenous family aB@®sonstrating the problem that | hope to avoid, the changes
occurring in these suburbs dominate his ascending neighborhood types relative to other types of change occurring incore area
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3.3¢ Studying Neighbourhoods

Statistics CanadasesCensus T,pje 3.2
Tracts (CTs) as a subit of CSDs, Number of Census Tracts by Census Year, 1996, 2006, -

which define municipaities by their Census Year #of CTs Difference from 1996
political boundaries. In effect, CTs can 1996 468 -

2006 517 49
be considered as neighbourhoods 2016 561 03

O2yatiiiddai s wo2amsdi R PR'S B 18%°P5B%Y

contain 2,50010,000 people (averaging 5,000). Borders tend to follow recognizable physical features e.g., roads,

rivers. While not a perfeateighbourhood broad data collecion and theirrelative stability over time underlie use

here as in most Canadian urban rese&f¢Ratterson et al, 2014; Seqguin et al, 2016). Relative here reflects that CT
boundaries do change over time, albeit in a way supporting ageable, inte® S| NJ O2 YL} NA &2y & ! /
determined by the extent of its population. In older, densely populated urban areas, CTs tend to be small and stable

as they have typically reached a mature stage of neighbourhood development, while rutddusban CTs, where

a similar number of people are dispersed over a wider area, are larger. As newly built suburbs emerge in these areas

(or urban CTs rdevelop and add considerable population), CTs are subdivided between censuses, as their
populationgroi K SEOSSRa&a {GFGA&GAOQA /| yI RI -grarcdnpaiidon df TooikdS R i K NB
from 1996 to 2016 requires that [ e IINB I G§S HnncQa FYR HamMcQad RAGARSR [/ ¢
6¢F0fS odn 2 dzi f-dggfédption SumiieKof ETS) Befor@ expMiiBy how these CTs are analyzed,
elaboration of their changing delineation also highlights shortfalls in how Statistics Canada captures the emergence

of many nascent urban areas, a technical issue supporting my use ©bthato CSD as study area.

Through the Toronto CMA, many arease large single tracts of dispersed rural an@al996 andncur
considerable development by 2016. As populations swell over several censuses, tracts are divided. Figure 3.5 depicts
this between the 1996 and 2006 censuses: one massive tract (5450403.00) becomes seven CTs; six are tightly
Of dZAGSNBR i GKS 2NRIAYLFE [/ ¢Q& &2dzi KSNY SPRYBhileRB0BENSE RS G S
and 2016 data for all seven €3anbe recombined int@ne unit, this conceptually deviates fromreeighbourhood
CANRBGEZ G(KS AAE WySsQ ylaOSyil adzomdcaNBly /¢& RAFFSNI &dl NJ ¢
quite rural). Reaggregation creates a unit somewhezyveen the two that poorly represents eith®r In addition
to compromising divergent traits into a single unit, modelling denk#gomes onerous if not impossible, given

growth clustesat the margins andsdispersed throughouthe rest 0f2006 CT 535@8.03. Further, thssingle unif a

62 The next lowest census unit, Dissemination Area {A0Q personsyvas considered. However, before 1996, Statistics Canada

employs Enumeration areas (defined by dwelling, not population counts), impedingy@aeicomparison.

63Each CT has a unique identifier for reference and further, to indicate tracts from whichbeba split. Researchers use these

to recombinecas lhave H nmc Q& GNJ} Oda Ayidz2 GKSANI wannc yRk2N mpdc 62 NRSNE
4a230 2F GKS W2NRAIAYIFHEQ mdpec /¢ popnnnodnn 6S5S02YS& wnnc /¢ p
65 It could be argued that amalgamating any 2006/2016 CT back into its 1996 border will provoke the same issue; however,
reaggregating 8 CTs tht are nearly or wholly built out in 1996 (i.e., CTs in the Toronto CSD) does so only in a marginal sense.
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growthis so massive as to skew the entir Figure 3.5: Example of Toronto CSD CTs Split Between 1996 and 2006 Census

analyses towards chaagn CTs like these
at the urban peripherystiflingimportant
forms of change occurring in the urbai
core andInner Quburbs. This isone of
many cases ithe Toronto CMA where
Statistics Canada poorly capture
nascent, often peripheral urban areas}
While technically surmountable visact
1996 CT 5350403.00

reaggregation, tts introduce conceptual : < ™y % 1996 CT Borders

0. : o o [ 2008 €T Borders
Canada, 1998; 2008; Esri, 2017

ambiguityin my study sample. oy e

Yet in severalcases throughout Figure 3.6: Example of Toronto CSD CTs Mismatch Between 1996 and 2006 Census

the Toronto CMA, tract raggregation is
nearimpossible. Figure 3ghowsa cluster
of CTs at the eastern edge of the Toroni
CMA, which cover the Pickering and Aje
CSDs in 1996 and 2006 (Bid.). The 1996

CTs not only splits by 2006ut do so ‘
incoherently; looking at the yellowed 200¢ %
CTs (Figure 3.6), portions of the 1996 C§

2006 CT Issues
1996 CT Borders

become part of one 2006 CT, while othe " b e
- A [ 2006 CT Borders

" v g
portions join other 2006 tracts. SolutionsSources: Statistics Canada, 1998; 2008; Esr, 2017
to this and similar issues include either merging all the involved CTsyn® ol NI A FA OA F £  Wa dzLISND { NI
all from my analysis. In fact, | pursued selectively excluding tracts not built up in 1996 via inventory of the entire

CMA for these problematic boundary issues between years. However, increases to my armepd size were

marginal at best while introducing further iss§&sTo avoid these, and to accurately model urban change without

weighting my analysis towards nascent suburban CTs, | employ the Toronto CSD instead of the Toronto CMA as my
study area. This because CTs falling within the Toronto CSD from 1996 to 2016 represent a more balanced range

of urban and suburban neighbourhoods and avoid the issues outlined via Figures 3.5 and 3.6. Having outlined how |
adapt neighbourhoods from Statistics Canadadata, | now present my framework for analyzing population aging

Ff2y3aARS 20KSNJ GelilSa 2F &a20Alft yR aLlk idArt OKIFy3aS 200

66 Of just over 300 potential CTs for my sample that would be provided by expanding my study area to the entire Toronto CMA,
roughly 100 are easily stiardable for reasons established thus far, with another ~50 at the margin of these problems, where
much discretion is needed to settle inclusiéior instance, many 1996 CTs have a small, developed corner while the rest is rural.
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3.4¢ Structuring Age over Time and Space

wSaSkNDOK 2y K2g LSgitiadge (PianeR AuwjdvithA 20@9) aGdoh tietyical location
of certain age groups (Moos, 2016; Seguin et al, 2016) focus on age in study design, disaggregating groups for
comparison. Common groupings are meant to reflect life stages, such as child®dddyears of age), early
household formation (25884), and older adulthood (665+). These delineations are also employegdighbourhood
d0dzRASEas Ay (GSN¥a 2F GKS NefSa GKS&aS INRdzJA LX la&Q Ay &Kl
preference for dense, urban living (2014; 2016). However, much of this research takes a simpler, often sparser view
2F 135Qa NRtSo ¢KS&asS adtddRASa 2FGSy NBteé 2y 2yS> Ylé&oSs
constructs. For instanceeighbourhoodife cycle frameworks employ local shares of children and older adults to
differentiate neighbourhoods in initial famigriented stages from later stages marked by aging and decline. To
FdasSaa [F3Ay3aQa NRfS6a0 Ayagazhdupsyas podsible/ 8 Secfter unde&tarndthéwe | &

C2NRYyG2yAlyQa &dz00S&aaidsS GNryaiaidArAzy (GKNRdAK (KSasS tATS

Table 3.3
Baby Boomer and Other Generation Ages, 1996-2016
Generations
Gl Silent Early Boom  Trailing Boom Gen X Millenial (Gen Y GenZ

Birth Years 1911* 1925 1926 1945 1946 1955 1956 1964 1965 1979 1980 2000 2001 Ongoing
Study Period Onset End Onset End Onset End Onset End Onset End Onset End Onset End

1996 85(+) 71 70 51 50 41 40 32 31 17 16 - - -

2006 95 (+) 81 80 61 60 51 50 42 41 27 26 6 5 -
2016 105 (+) 91 90 71 70 61 60 52 51 37 36 16 15 -
Source: Green, 2006 *1911 chosen as approximate base year for transition from a prior generation; hence totals here include the + sign

¢2 dzyRSNBEUGF YR ulbah®KBPEASNR{BREAELIBOAFA Olughthanzan ang 2 Y S NA Q
neighbourhoodife cycles, | employ a Agear time span of 1996 to 2016 (including 2006), drawing on a broad range
of variables curated from available census data. Certain age groups underscore this study. As indicated earlier, 1946
marks theonset of the Baby Boom, a period of sustained fertility in North America and other western nations that
lasted until 1964 (Green, 2006). This tdecade generational group is often separated into lead{1§461955)
and trailingedge (19561964) BoomergMoschis & McArthur, 2007). Table 3.3 situates the age ranges occupied by
Boomer from 1996 through 2006 to 2016. Generations on either side of Boomers are also featured here for context
e.g., the Gl and Silent Generations preceding them, born before ariigdhe interwar period. Identifying Boomer

age groups and incorporating them into my analyses supports my ability to answirthgesearch question:
3. How do Boomers relate to these patterns, and what can this tell us about their future aging?

Boomers collectively age from &b to 4260 from 1996 to 2006 and from 460 to 5270 between 2006
and 2016, passing through young, middiad late adulthood into early older adulthood. Splitting this range in two
requires 10year ranges. Statistics Catacollects Eear age data e.g.-0, 5559, limiting groups to these intervals
or an array thereof. Five years is too brief a proxy life stage, so most ugeat@roups i.e., early households {25

34) or early older adults (6B54). This balances accuyawith analytical clarity far more than, say, broad categories
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such as working (264) and older (65+) adults. Yet, Boomer age ranges from 1996 through to 2016 make many of
GKSaS GNIRAGAZ2YI 3-BE(lz19421951y & & dp Sphtiaded&tingdge BaoMers apdpthe
Silent Generation, while the rest are allocated into the5#bgroup. Therefore, | employ groups 610, 2629, 36

39, 4049, 50659, 6069, 7079, and 80+ to capture a range of delineated life stages that also overlap Inetien

with the age ranges occupied by Boomers throughout my study period. While this reduces the direct comparability
of my research to other studies, that these groups far more accurately capture Boomers (a focal point of my study)
outweighs any minuteigtergence. | now outline how | map older adult and Boomer populations in Toronto in 1996,

2006, 2016 and change in these populations between 183®6 and 200€016 before outlining my factor analysis.

3.5¢ Location Quotients as a Means of Assessing RopnlConcentration

The following introduces the location quotients | useatddress myirst research question
1. How is age structured across urban space and how do these patterns change over time?

| first visually assess concentrations of older aglalhd . . .
Y Figure 3.7: Location Quotients
of Boomers in 1996, 2006, and 2016 as well as -inter

'q O
decade shifts in these proportions using agpecific CT's % of Older Adults

location quotients (LQ) to visually map2 NB yage2 Q4 CSD's % of Older Adults
structure over time. LQsituate localtraits in a regional

O2y GSEGT (KS& I NB RSNAODSR @1d 10%000Ifer AduIté 201t dzyArAiaQ a
G NAFO6ES - o6& | adNNRdy RAYI T NBrox akrNB= 26 S NAlFof S

' 0,
Figure 3.7 depicts this process and the resulting LQs by CSD's 5% of Older Adults

_ Location
~ Quotient

KT

O2YLI NAY 3 | / ¢ QasuRdumiBINISD.Rdzf i aKI NB (2

. . A . . CT's 10% of Qlder Adults )
InonecaSs¥ UKS /¢Qa wmmr: aKIFINB_Ad UgAOS UKS lz{di_é’zé pl: X
resulting in an LQ of 2, interpretable as the CT being-over CSD's 20% of Older Adults

O2yOSY (N} GSR O2YLI NBR (2 GKS /{5 o0Ay Tl Ol R2dzfé& az2oud

share resukin an LQ of 0.5, reflectg underconcentration. LQs close to 1 express a local share roughly par with
NBEIA2ylFf GNBYRad {AYLXS RIGFE ySSRaz AydSNLINBGbagS Sl asSs
geographic (Tonts & Taylor, 2010; Crawley et al, 2013). LQs caagped as choropleths to depict oveunder,

and average concentrations throughout the Toronto CSD for visual analyses (Esri, 2017).

L FaaSaa Geg2 GeLSa 2F [vI olaSR 2y SIOK /¢Qa wmddc:
Boomers (compared tthe Toronto CSt). While the 60+ variable is constant throughout, the Boomer generation
shifts a decade forward each of my studied years to reflect their passage through successive age ranges (Table 3.3),
resulting in LQs for ages-3@ (1996), 4669 (2M6), and 5869 (2016). To assess how these concentrations change,

for 19962006 and 200016, | measure the increase or decrease each CT experiences in the respective 60+ and

67 Totals, representingharesfrom which LQslerive arein Table 4.1 (Section 4), for ease of reference with associated maps.

46



Boomer LQs. If LQs identify concentration, these measures contextualize hdw lodaK 2 (1 QX WO2f RQX 2 NJ
change or remain stable. These findings greatly inform my subsequent analyses and discussion of results by
spatializing where and to what degree older adults and Boomers locate themselves in the Toronto CSD throughout

the study period.l now outline how I identify relationships between these groups and a broader, comprehensive

array of potential socigpatial patterns using factor analysis. Much like LQs, factor analysis results can be mapped

to increase interpretive effiagy. Once | briefly introduce how factorial analysis works, | outline how | gather and
2NHFYAT S Y& RIFGEF FYyR SyYLXz2e AG Ay | FrOGzNI lylteara (2

3.6 ¢ Factor Analysis: A Brief History

The following introduces the factor analytical approach that | usadidress mysecondresearch question
2. How do age and aging factor into urban social ecology?

BATFFSNBY (G alF LIINRIF OKSa GRYKMKADKS dRE&EYIHY F$ @Fif2NT & yi NIRRIM O
employed since the 1960s (Viaud, 1995 p. 20) to distill large, complex datasets into smaller sets\afriabtas to

LINB&a SNBSS RIFGEFQ& SELX FylGd2NE LR 6SN @lferh 1988; DaXes)NBHATHeI Ay (S
factor analytical approach uncovers core structural elements which underlie complex interrelations between
observed units of datae.,the CTausedin my research. Components are often conceptualized as the highaber

correlations, or conceptual dimensions, that underlie more granular correlations between individually measured
variables. Specifically in geography, factor analysis urs@v&l (icbr&ptexy overlapping social, economic, cultural,

FYR aLIl GAFf RAYSy&aaz2ya o6+xAl dzRZ mdodphpud LT YSIadaNBa NBf |
Mueller, 1978 p.8), factor analysis generates a series of components, the first several oéxglaih considerably

more dataset variance than several variables can (Wyly, 2012). Components, also referred to as axes, are often used

as variables in further analyses, such as regression. This helps researchers create stronger measures of a concept,
such as SES, using a singular measure instead of several at the same time e.g., income, education, occupation,
housing value. Another common approach, that which | employ, is to generate a set or sets of components which

serve as the object of analysischimterpretation (Moos et al, 2015). As | assess a large sample of neighbourhoods

on a broad series of social and spatial measures, the resulting components can be seen as the fundamental
dimensions underlying the studied urban area i.e., the City of Tordks a flexible, effective multivariate research
approach, factor analysisiswélldzA 4§ SR G2 RS@St 2L I aSNASaE 2F O2YLRySyda

interrelation with other sociespatial phenomena occurring throughout Toronto from 38 2016 (Viaud, 1995).
| 26 SOSNE FFEOG2NI Lyl t@GAOFE FLIINRI OKSa SLMAG2vAT S (KS
GKFG LI22NI & O2yRdzOGSR RIFGl aStSOGA2y NBadzZ da Ay O2YLRYy!

varisbles used to indicate certain social and spatial phenomena fail to conceptually capture their intended urban

68t is often the case that using several of these variables in the same, say, regressidts in issues with their all being highly
collinear with each other, which disrupts the proper employ of such techniques (Moos, 2016).
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dimension(s), the resulting components will be accordingly limited in scope, accuracy, and/or relevance, potential
shortfalls magnified if the dataelection process is lacking in rigour. These concurrent (mis)steps have contributed

to factor analysis earning a lesan-stellar reputation at times in recent decad&¢Davies, 1984; Viaud, 1995).

The most prominent critique levelled at PCA, arguestW& O6HAMHOZ A& Ada AySaol LI o
y2 AYRSLISYRSYy(> dzyRA&LIMziSR o6F&aAa F2NJ RSOARAYy3I 6KIFG | &l
YSGK2RAQ | LIJ AOI GA2yadERSIRIE a2 NBGHEcM Dt dz8a/ SN R dzO & S & ik
similar socioeconomic, family, and ethnic axes (Berry, 1971; Murdie, 1974;), these seen then as tripartite enduring
urban dimensions. However, the continual use of batdsted measures related to these domains underlies their
ubiquity (Viaud, 2021). In many ways, thepriori assumptions of patterns expected to emerge in urban space
dictated the use of associated indicator variables (to the exclusion of other measures). The resulting components
then had little choice but to depidhe expected patterns, with these being what limited variable selection in the
first place (resulting in an increasing degree of investigative circularity). Drawing on previous research, subsequent
factor analyses further entrenched this normative vat@lselection (Davies & Murdie, 1991a, 1991b). As a
methodological approach, factor analysis thus waned in popularity for several decades as researchers turned to
other quantitative tools or to qualitative approaches to neighbourhood study, atrend aligredi K 352 INJ LIK& Q&

general turn towards postodernist theoretical and empirical frameworks in the laté"ZDentury (Viaud, 1995).

Despite intractable subjectivity, the factor analytical approach regained respectability by repositioning its
supposé flaw. As Wyly (2012) argues, factorial analysts can employ topic knowledge, reflexivity, and interpretive
creativity to understand complex social and spatial phenomena, even if unbiased causal findings are unattainable.
Many explore, for example, the gBRS NBR & LI GAFf @I NAFGA2Yy 2F OAGASA O6xAl
temporal continuity as both a lifestyle and development pattern (Moos et al, 2015) by incorporating measures
relating to these socigpatial constructs in their study design, sifieally in their curation of indicator variables.

Since my research objective is to uncover potential overlaps between population aging and urban chelegéa |

host of variables depicting various age groups, as well as key social and spatial efgpeatsban system, including

many reflecting demographic amighbourhoodife cycle stages i.e., family status and local built foFhmughtful

selection and emplayent of data, when aligned with core methodological best practices, can greatly condtei

g2NRG aK2NIFLIffta 2F FLFLOG2NI FylfearaQa adomaSOGAgAaGes |y

reasoning is better illustrated via a basic introduction to what factor analysis does and how its results are interpreted.

691 y21KSNJ GNBYR O2y(iNROdziAy3a (2 GKAA Aad NBaSIkNOKSNMEGhs] S& YAad
and limitations, resulting in their misemploy; these sorts of issues are discussed more fully in subsequent sections.
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3.7 ¢ Factor Analysis: Developing and Refining Conceptual Measures

| begin my outline of factor analysis and its use in my research with my initial selection and treatment of
G NRFoftSa GKFEG 0 NBFESOG LRGSYGALF T d@mOdtrhcture;lbyde & LI G AL
temporally consistent; and c) accord with factor analysis statistical requirements. While initial conceptualization of
my research design led to an expansive list of potentially desirable variables, many of these are left ostusfymy
due to either data unavailability or their inclusion in my model resulting in statistical issues. Detailing these decisions
provides readerswith a useful introduction to factor analysis that | build upon in subsequent sections. Also,
discussion of m variable curation provides a link between the reviewed literatures@ighbourhoodchange and
agebased mobilities (Section 2) and how sesjiatial concepts core to these topic areas come to be operationalized

in myresearch as individual measures whichen employ in my factor analysis (Section 4).

First, my dataset development is illuminated mviewinghow ft OG 2 NJ 'yl f @ AA & RSO2YLR A
correlation matrix into a series of linear variable combinations. Thésmponentexjual to the dataS 4 Q& 2 NA Ay I
countofvariablesSE LI Ay wmnm: 2F GKFG RFEGFaASiQa GFNAFYyOS 6D2 NA dzC
of data reduction for which researchers employ factor analysis, the ggstralcomponents explain the most
variance, famore than any single variable or even several variables. Every subsequent component extracted then
explains the nexhighestvariance and so on until all variance is accounted for (Wyly, 2012). However, only the first
few components which together explai a substantial portion of total dataset varian@re retained for use as
variables in further empirical procedures to be analyzed in and of themselV&dn either case, researchers assess
components to identify which variables from the larger datalsate the greatest level of mutual association and
use these observations to infer the underlying structural meaning portrayed by each axéset'ththese meanings

then informdescriptive labels that best encapsulate the suggested urban sadimgi@l constructs (Viaud, 2022).

Factor analysis effectively breaks complex datasets down into the fundamental dimensions which underlie
most of the variance observable of the entire set of studied units (in my work, all CTs in the Toronto CSD) across a
series of measures. This basic heuristic informs my dataset curation in the following ways. First, relations between
unincluded variables cannot be uncovered nor will variables that are weak indicators for their intended conceptual
constructs meaningfully covarwith other measure®€. Second, if certain variable domajns.g., incomeand
ethnicity, overweigh a dataset, these domains will then dominate or bias resulting Eesdige, Logan, & Maranaan
2013; 2014). With these points as backdrop, | now detail how | developed my sets of indicator variables used to

assess overlaps between population aging aaijhbourhoodchange in the Toronto CSD from 1996 to 2016.

70 A basic rule of thumtretain only components which explain more variance than any single variable in the original dataset.

71 The natureof this relation and how it is measured, akincorrelation, is discussed subsequently.

2¢KS GSNY O2@FNE 2NJ O28F NAl yOS KSNB o0FyR (KNRdAK2dzi GKA& (K
correlate to some degree, whether positively or negatively e.g., iffwhen local incomes increase or decrease alongsi@s increas

or deceases to local education levels, income and education are said to covary, a relation measurable as their level of covariance.
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3.7.1¢ The Variable Selection Proses

Table 3.4 features the 53 (1996), 55 (2006), and 57 (2016) variables that make up each of my static data
aSiao ¢lroftS oovp fAAGA GKS pn YR pH OF NRI 0 t2808 andza SR (2
20062016, respectively. Thatatic analysis of datasets, the far more common approach (Perle, 1982), still provides
researchers a means to interpret change. As in previous studies, | compare the component sets resulting from each
ESENBEQ RIEGFASE FT2N y2il @014 W2 10891 Hofvéver, despite beddad yore Slirect a 2 2 & =
approach to identifying and assessing urban change, the analysis of change occurring-gear zrements
proposed here is the far rarer approach in factor analysis, typically due to data conijparabues e.g., shifting
census borders and census data definitioMuKdie, Logan, & Maranaar2014). Factor analysis conducted on
measures of variable change provides a vastly different perspective by directly assessing how changes in these
variablesoccur together. Using both static and change data sets gives me a more fulsome sense of where, how, and
gKe ¢2NRy({i2Qa Yy SAIKO 2 dzNRESAMR how agd it idiStiesep&térisS Sy mpdce

In essence, measures should reflect larger social andadjplmimains measures of age and family status, of
income, and of education, measures of urban location and housing type. Most of my included variables are derived
FNRY {dGFdGdAadAada /IylIRIFIQAd wmdbpdcSE HnncsI |y RarisblemaeatédSy a dza  t
using ArcGIS (ESRI, 201P).0 I GA O YSI adz2NBa o6dzyf Saa y20SR0O NBLINBaSyid ¢
L2 LJddzt F GA2y 2F NBaARSyidad 2N RgStfAydaad ¢KSe& YSIadiNBE f2C
share of ciidren compared to older adults. Change measures can take several routes in how they depict and assess
change. While rates of growth or decline e.g., an X% increase in the number of Y, might seem obvious, these are
difficult to consider relative to each loér i.e., increase or decrease in certain measures will remain specific to that
measuré®. Measures need to relate the multiple variable changes occurring in observed CTs together, so that their

covariance as competing percentage shares of a total populdsi clearly expressed and measurable.

Two primary formsthese change _. . .

P Y J Figure 3.8: Relative and Point Change Examples
measuredakeare relative change and point

Time 2's % of X / Time 1's % of X = Relative Change
change both graphically lain out in Figure

3.8.Relative change is measured by dividing 2006's 25% of 65+ / 1996's 20% of 65+
I @ NR I 6 prdpéXtion biy ks YirBe 1

proportionS ®3 &> WHnanc 3 2F - 1ieR's YR pdine 1'e%of X ggPoint Change
Results of 1.0 indicate no change, while 5006's 259 of 65+ - 1996's 20% of 65+ = 0.05

values belowor above 1.0 indicate decline

1.25

73E.g., variable A may increase by 20% in one CT as group X increases from 1,000 to 1,200 between time 1 and 2; meanwhile,
another/ ¢ SELISNASYyOSa | wnm: & INRdzZI - AyONBLFasSa FNBY pn (2 wmpy
and imply vastly different changes. Further, these changes are difficult to interrelate with others, as these rates battelgry

andf  O7 Fyeée a2NIl 2F LINBLRNIAZ2YLf MBd as@haie ratésbetvieendlivetsé damables i K SNJ ¢
(representing absolute shifts in large and small groups) range frommead y i 2 (GKS wmannnQa 27 223X (GKS
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orANR g GK 2F (KL (progdribd Distafcs ftbin 1.018pidtsimagdiide of change. In similar fashion,
LRAYG OKIFy3S YSIadza2NBa NBadz jropsriaR iom disdimdeilptdpQriion /@3 & X AP NG/ 06
2 2FPmdpe 2 2F - Qd b S3ILF GADSR NBRIX (ARSI yNRB Dz Ba A \REEIOMIS T S S
share of a variable (Le Bourd#sBeaudry, 1988). As tfeR SNRA @3S FNBY OKlFy3IS Ay OF NKRI of
L2 Lzt | GA2Yy S Ay ONBSI & Sistieyto ¢hifisin®@thet groupels  a2fFg. NeFildiRe5. Mihille Strdlizér G

measures, émploy point change becausgtehandles percentage values of 0 better than relative change mea%ures

Point changen age group proportions takes on specific meaning worth unpackergexamplethe 60-69
group increasas ashare ofa CT @opulation between 1996 and 2006,ti§ 1996 population of 589-yearolds age
in placeuntil 2006(to ages 689), thisinformsthe/ ¢ Q& A \piOpa#dn af khg’ GD69 group However, other
processes codlbeat playe.g., 5659 entering the CT during the decadkus being theres 6069 in 2006, or other
age groups leavinthe CTincreasingi n nc Qa LINIBA62 gidiiph Uhfdrtunately,discerninghow factorslike
agingin-place andmigration eachcontribute to thesechanging proportions is beyomdy point change measures.
Caution should also apply to thgjenerationalinterpretation. A generation is a given ade each year of my study
e.g., trailingedge Boomers are 389 in 1996 and 449 in 2006. However, this generation ages frori330to 4649
between 1996 and 200RACT & A Yy Qridditich bf yha 4049 group between 1996 and 2006 is likéten the
result oftrailing edge Boorars whoagng-in-place.lIt is not correct to sayhowever,that trailing edge Boomers
increasehere, because itis (roughly)the sameBoomersagingfrom one group (3€89) to the next (40-49);, said
3 Sy S NI dmo@nyiedtio thé @T during the decadm®uldlead toproportional increase ahe 4049 group Thus,
L RS&EONROGS OKIFIy3aS Ay /¢aQ LRLMzZ I GA2Y LINPLEBNWARYARKY I 38
.22YSNBRQ KIFI @S | NINBABUYOSAYI2RYRKSNY 8§ jdorikepndy dralis®B.2 R 2 OSNJ

Alsq my change datasetsseOS NI F Ay &LJ GAFf @FNAFO6tS& F2N) K2dzaAy3a
RSyaAteT FyR /¢aQ RAAGIYOS FTNBY ¢2NRyd2Qa / Sy.Gmg € . dza A
reflects conceptual difference between spatial and soaial laow change in the two realms oceuPerle (1982) and
Le Bourdais and Beaudry (1988) both note their housing change measures perform are underexpléiedd
NBadzZ Gad t SNIS omehpyrH?0 NBALRYRE (KI (I RSOIRSES KEKdiayAySE Ady
measures (e.g., shares of family type or ethnic group) will near always be of greater magnitude and prevalence,
resulting inY 2 NB WS E i NI Q. B1®)t T® @voidinyNshcialyf@aSures outweighing my spatial measures, |
draw on theneighbourhoodlife cycle While housing ages, it is by and large not going anywhere ¥anike once
odzAf Gd 1 26 SOSNE SAGKSNI @ aituchangesok thel yidviagRighbdihgbdopalafionsJt | OS s 2
change much more readily am buildings do. To capture the fixity of housing and urban form, | employ these

G NKIFofSaQ o6Fas &8I NI LIS NDWDethis 1896 sni forNeBEBOL6FtEsNS 2008.Thid JS NX 2 R

74|f a variable has a percentage value of 0 in base year 1996 or end year 2006, dividing X by 0 or 0 by X is problematic.

B¢ KS SEOSWLIiAzYy (G2 (GKA& NHzZ S Aa GKFGZ F2NJ SFOK RSOFREQa RIGLl A
andmottKS o6F &S &SI NJ A DS dZ-2000imtlee Q06 K2 dza RY T | a&Ait & yRPHARNCIDRe K2 dza A y I
20062016 dataset; this should reveal where newest homes are being built, both locationally and in relation to CT characteristics.
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operationalizes how social patter@sO O dzNJ W Bejghbdughadd Buift orm and location. This results in a more
O2yOSLJidzZ tt& | OOdz2Ny §S RSLIAOGAZ2Y 2F K2g OKIy3aSa 200dzNJ A

3.7.2¢ The Building of the Static and Temporal Datasets
As mentioned earlier, the initial (ideal) varialil lvas much larger than the final ones retained in my static
and temporal datasets (Tables 3.4 and 3.5). Gorsuch (1983) and Davies (1984) contend that oversaturating datasets
with redundant or useless measures isaillvised. That said, factor analysesguce more statistically significant
results and overcome issues in correlation matrix decomposition by including many variables. Further, as per Viaud
(2021), meaningfully modelling cities requires measuring as many aspects as is reasonable. If eérnbbuéadth
FYR RSLIGIK 2F YSIadaNBa INB SYLX 28SRXI 2yS NRaia NBLISKGAY
based ora prioripattern expectation&. Conceptual accuracy, representativeness, and breadth should be balanced:;
so, | useseveral age groups, occupations, housing types, as oppose tiooin each domain. However, certain

measures in each domain are absent e.g., th2@&ge group. The following accounts for these choices.

Statistics Canada limits the extent, availabiltyd comparability of publicly available data. Recalling Viaud
(1995), social data is provided for either individuals or households, with little way to conceptually connect them. |
lean to the former for whom a broader range of measures exists, excepblesitor household/family composition.
While Statistics Canada aggregates 2016 data for useful potential measures such akeddraseholds or the age
of household maintainers, the@tbsencen prior yeargrevents use in my analysis addition toerraticallyreleased
data typesyear to yeay Statistics Canada tends to profoundly alter data types and aggregations between censuses,
forcing concessions from researchers on certain data categories in their creation of variables. Some of these
obstacles rquire creativity to arrive at relevant, useful measures. Before | specify these obstacles and their resulting

impact on variable generation, | first discuss how several indicators fail important statistical screening tests.

76 Broadening the initial set of potential measures is also advisable given many could suffer from inherent statistical issues.
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Table 3.4

Variable Domains and Variables used in Toronto 1996, 2006, and 2016 Static Analyses

Domain

1996
Variable n=53

2006
n =55

2016
n=>57

Age / Life Stage

% 0-14 yrs old

% 30-39 yrs old
% 40-49 yrs old
% 50-59 yrs old
% 60-69 yrs old
% 70-79 yrs old
% 80+ yrs old

Family & Household
Characteristics

% 2-person HHds

% 4+ person HHds

% Legally Married Persons

% Separated / Divorced Persons
% Common-Law Couples

% Lone Parent Families

% Multi-Family HHds

Educational Attainment

% No High School Certificate
% High School Certificate Only
% Non-University Certificate
% Trades Certificate

Female Participation Rate
% Business, Admin, Management

Labour Force & Occupatior % Arts, Science, Public Sector

% Sales / Service
% Trades, Transport, Manufacturing

Immigration & Integration

% Immigrated Pre-1980s

% Immigrated 1981-1990

% Immigrated 1991-2000 n/a
% Immigrated 2001-2010 n/a
% No Knowledge of Official Languages

n/a

Visible Minorities

% Black

% South Asian

% Chinese, Korean, Japanese
% Southeast Asian, Filipino

% Arabic, West Asian

% Latin American

Income

% Government Transfer Income
% Other Income Sources

% Persons in Low Income

% Persons in Near-Avg Income

Commuting

% Auto Commuting
% Transit Commuting

Residential Mobility

% No Moves in Last 5 yrs
% Moved Locally in Last 5 yrs

Tenure

% Renting
% of Annual Income on Housing
Average Dwelling Value LQ

Housing Type

% Single-Detached
% Missing Middle
% 1-4 Storey Apts
% 5+ Story Apts

Housing Age & Condition

% Homes Need Major Repair

% Homes Built Pre-1960s

% Homes Built 1961-1980

% Homes Built 1981-1990

% Homes Built 1991-2000 n/a
% Homes Built 2001-2010 n/a

n/a

Urban Form

Dwelling Density
Distance from CBD
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Table 3.5

Variable Domains and Variables used in Toronto 1996-2006 and 2006-2016 Change Analyses

Domain

Variable

1996-2006
n =50

2006-2016
n=>52

Age / Life Stage

Change in % of 0-14 yrs old

Change in % of 30-39 yrs old
Change in % of 40-49 yrs old
Change in % of 50-59 yrs old
Change in % of 60-69 yrs old
Change in % of 70-79 yrs old
Change in % of 80+ yrs old

Family & Household
Characteristics

Change in % of 2-person HHds

Change in % of 4+ person HHds

Change in % of Legally Married Persons
Change in % of Separated / Divorced Persons
Change in % of Common-Law Couples
Change in % of Lone Parent Families

Change in % of Multi-Family HHds

Educational Attainment

Change in % of No High School Certificate
Change in % of High School Certificate Only
Change in % of Non-University Certificate
Change in % of Trades Certificate

Change in Female Participation Rate
Change in % of Business, Admin, Management

Labour Force & Occupatior Change in % of Arts, Science, Public Sector

Change in % of Sales / Service
Change in % of Trades, Transport, Manufacturing

Immigration & Integration

Change in % of Immigrated Pre-1980s
Change in % of Immigrated 1981-1990
Change in % of Immigrated 1991-2000
Change in % of No Knowledge of Off. Language

n/a

Visible Minorities

Change in % of Black

Change in % of South Asian

Change in % of Chinese, Korean, Japanese
Change in % of Southeast Asian, Filipino

Income

Change in % of Government Transfer Income
Change in % of Other Income Sources
Change in % of Persons in Low Income
Change in % of Persons in Near-Avg Income

Commuting

Change in % of Transit Commuting

Residential Mobility

Change in % of No Moves in Last 5 yrs

Tenure

Change in % of Renting
Change in % of Annual Income on Housing
2006 Average Dwelling LQ

1996

2006

Housing Type

% Single-Detached
% Missing Middle
% 1-4 Storey Apts
% 5+ Story Apts

1996
1996
1996
1996

2006
2006
2006
2006

Housing Age & Condition

% Homes Need Major Repair
% Homes Built Pre-1960s
% Homes Built 1961-1980
% Homes Built 1981-1990
% Homes Built 1991-2000
% Homes Built 2001-2010

1996
1996
1996
1996
2006
n/a

2006
2006
2006
2006
2006
2016

Urban Form

Dwelling Density
Distance from CBD

1996

2006
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Because factor analyses require employed data to be normally distributed (Davies, 1984), any of my
variables that skew > +.70 require arithmetic transformation to be usablg/pes of transformation include using
the squareroot, cuberoot, Logl0square, cube, and or the reciprocal of an original data point. The most improved
result | was able to generate replaces its original,-normal data. Where no transformation could yield skew within
the £.70 range, variables are excluded from analysis2UH9 age group, despite playing a vital role shaping cities,
is one such variable that could not be sufficiently normalize8ome claim that transformation is unnecessary or
GKFG Ad dallzNRA2dzate AYyONBlFaSa oRdvérlada mulvaratideaNswlistict G A 2 v &
(Gorsuch, 1983), factoring methods require a minimum degree of linearity to ensure their results are both legitimate
and clear (Cattell, 1978; Davies, 1984; Viaud, 1995). Further, my transformed variables g&#iroftheir original

information, in many cases > @8%. Only a few variables could not be normalized by this précess

Two other issues alspossiblyimpedefactor analysismulticollinearity and norcorrelation, respectively
are whenvariables overanddonotrelateb adzf GAO2t t AYSINAGEeZI 2F FI N Y2NB 02y 0!
analyses, isanissuetmat,A ¥ (G2 02NJ Y2NBUO O NAlFo6fSa O2NNBfIGS wizz2 Y
STTSOUAGSt & YSI adMNBI fiKBe AF YEK A GKISDOA S NIT2 YR & makingRdidi I 4 S ¢
construct(s) appear far morerucialthan they are. From a technical perspective, multicollinearity aubits
statistical algorithms inherent to factor ecological models, preirenproper axis extraction (Viaud, 2022). Non
correlation, conversely, is the larger isswih change data. Because factorial analyses idematgsof covariance
between measures, variables that hardly correlate wathers will necessarily register tie to no covariance and
tend toform their own axesAsthis belies the data reduction for which factorial analyaes employedandassaid
variables demonstrate little covariance in this preliminary stage, they can safely be excluded from a datgétet. Des
aiming to include as many measures as possible, a quick glance of Table 3.4 and 3.5 reveals several gaps. Why, for
instance, 2 and 4+ person households, but nofpgrson? Similarly, shares of university education lack from the
education domain. Simyp)] these and other notably absent measures correlate problematically with others in my
datasets. Unlike normality exclusions, however, handling excess correlation is a more holistic balance of maintaining
conceptual coverage and the accuracy of resultirgglats. Shaping this process are further guidelines. Hair (2010)
argues a maximum tolerance for correlation forms the first basis. | employ his cap of +.90 corfélatiem closed
variable sets are to be avoided, obvious ones being measures whidbiremgy opposite®’. Thus, my employed

variable domains each intentionally exclude at least one variable to avoid instigating this issue in my factor analysis.

77 Many measures of spatially concentrated patterns e.g., certain age or minority groups, built forms, etc. inherently skew to
somedegree; while transformation can tame this to a tolerable level, excess skew can lead to questionable results.

78 While tolerating an overall higher level of skew throughout the dataset (e.9.7%80) was explored, the 20 o I NPB dzLIQ& &1 S ¢
in several paods exceeded 1, far too egregious an exception to adopt without the risk of compromising the study more generally.

79 Such as the mentioned 229 age group, or the share of commuters traveltogvork by foot and/or bicycle.

80 \While Viaud (2021) and evétair (2010) suggest-#bchp A & G 2f SNI ot ST (i K S .82 drethigibilNdorsiel @ & (1 K2 :
analyses; #®d o+ fly0Sa (KA&A gKAfTS LINBaAaSNBAYy3I I gARSNINIy3IS 2F YSI a
819 @3 dx | (NI OG Qa ing Kousedldare ndidly peiediverseyi.R, thdydcyirelatd .0), but they represent

MaE:Y 2N GKS SyGdANB woOt2aSR asSiéiQ 2F YSIadNIofS K2dzaSKz2f Rao
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2KAES GUKSasS F2N¥Y | dzaSTdz w202S0GA0SQ KSdz2NAadAO RdzN
for overlaps in the different conceptual constructs that justify variable inclusion, and which likely underlie instances
of multicollinearity. For instance, | use multicollinearity to indicate where and how opposed concepts relate to each
other. A prominentexample found in all my experimental static datasets for 1996, 2006, and 2016 is that the %
University Certificate variable correlates betwee89 and-.93 with % No High School Certificate variable (and nearly
the same with the % Trades, Transport, M&aturing variable) in any given year. To avoid multicollinearity between
these variables (indicators for residents at the highest and lowest ends of the education spectrum), | remove the
dzy AOSNEAGE RSIANBSE JINAIOf SEBOARAYORN A A O dzLIA dsdRangidy Od KB Ij X
education in many cases). However, because shares of persons with no high school degree and shares of persons
with a university degree inversely correlate so strongly in the underlying datasets (whicheejites Toronto CSD),
the strong presence of people with no high school degrees in a CT is also interpreted to indicate a weak incidence of
LIS2LX S 6AGK dzyA@SNEAGE RSINBSa olyR GAO0S GSNAIFIO® ¢ Kdzaz
GKS LINBaSyOS 62NI 1010 2F ¢2NRyiG2Qa Y2aid SRdzOI GSR NB&AI
R2YFAY Y2NB NRoO6dzaAG GKIFyYy YAIKG 0SS AYLBX ASR 060& GKA&A WYA&aa.

Combined, these prescriptions result in the hostvafiables which populate my datasets (Tables 3.4 and
3.5).In the following section, | introduce principal component analysis as the specific form of factorial analysis |
employ to achieve my research objectives. A detailed discussion of my variablenddmé&rms of the measures

used and the social and spatial concepts they are meant to serve as indicators for can be found in Appendix #.

3.8 ¢ Factorial Ecology via Principal Component Analysis: Extracting and Refining Meaningful Axes
Many factorial analyses have been developed and reviewed for their specific strengths and weaknesses
over ime, in terms of applications for which they are besited and the purposes for which researchipeed data
reduction(Davies, 1984). They fall into two main camps: common factor models and principal component models.
The first depend ora priori knowledge, whereby analysts employ hypothesized dimensiors deductive or
confirmatory context. An example: when psychologists extract information about personality types from data
gathered by established tesfs Conversely, principal component models reflect an explorataryyosteriori
approach where researche extract ushypothesized dimensions, latent within their data, that they then make
inductive inferences about (Viaud, 2022). | do not test hypotheses about components | expect to find; | intend to
infer if and how factors relating to age and aging oyenidth other social and spatial aspects of the Toronto CSD
based on the axes emerging from my factorial analyses. Therefore, | employ principal component analysis (PCA) to

explore overlaps between population aging and urlsagial ecologyn Toronto from B96 through 2016

82 Similarly, inverse multicollinearity betweenpkrson and 4+ person households justifies the removakpérson households,
yet (as the inverse of the 4+ person variablgdetson households can still be inferred in subsequent analyses and discussion.
83 These tests being composed oftandardbattery of questions developed for such a purpose and which they and/or other
researchers have typically employed and tested many times bgfioegefore establishing prioriknowledge.
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I now outline my PCA of the 5 datasets created for the years 1996, 2006, and 2016 and the decades 1996
2006 and 200&016 (Tables 3.4 and 3.5). This illustrates how PCA works, which is informative for subsequent
interpretation of resultiy components or axes of differentiati®f Further, it illustrates how the several process
which make up PCA influence my refinement of axes sets | ultimately retain and analyze (Section 4). An example axis
illustrates how they are interpreted. PCAredudées 1 4 S O2NNBf | GA 2y a A Waridbleg A Y LI SNJ
that represent constructs underlying the convoluted surface patterns observed of large, complex dat&msteral
SEGSyardSs adSLwAasS OF t Odz I (A 2 yhto anRnBié) Seof A8 Shese arRthanl & S Q&
treated arithmetically to arrive at more meaningful, interpretable results that satisfy methodological criteria. Below,
L SYLXKFI&AATS t/!1 Qa O2yO0SLIidzZ f dzy RSNLI Y ysdpafiagly forc@ByNI A Ga Yl

Component extraction can be thought of in a clear manner as the process of fitting a series-fitf Ibe=t
to an array of data, a process occurring in a multidimensional $pa€ach resulting line, or component explains a
decreasing proportion of the total variance in the dataset, from the first line fit to the data array (capturing the most
variance) through to the last (capturing the least variance). As mentioned previously, because the first axes extracted
typically explaiir O2y AARSNI 6f S aKI NB &2hese tan Belraiainéd Sl st ofin®ré bseful 1+ NR |
meta-variables describing the dataset while components ordinally succeeding those axes which are ethessd
explaining far less variancecan be disarded as superficial. This process is best understood after a brief outline (via
'y SEFYLXS [EA&0 2F K2g | ESE WSELINBAAQ G(KSANI NBALISOUA
O2YLRYySyiQa NBfFiA2yaKAL) (f®om whitRikh@hbBedzexfractédl(Tabld®pt S&4 Ay (0 K:

The saturation column in Table 3.6 depicts a set of 6 negative saturations opposed to 4 positive. Each set is
G2NISR o0& OFINRIofSaQ 02y OSLlidzrf R2YIFAY eivedarkdfRge and (G K S A N.
family / household variables. As indicated, saturations can be understood just like correlations: the higher is a
saturation, the more strongly the axis relates to a vari&blReturning to our line analogy, every axis relates tover
BFNALFofS Ay GKS RIEGE FNNY@ (G2 a2YS RSANBSP |1 26SOHSNE (K¢
reflect how variables meaningfully covary, either in the same direction e.g., both variables on the positive pole, or if
they inversely® each other e.g., one on the positive pole and the other on the negative. To support analytical clarity,

| intentionally suppresthosesaturations < +.40 as these ultimately prove superficial to axis meaning. On the other

8¢ KNP dZAK 2 dzii = yLi (Wzal Sy RP ORI YELE2AKB A Yy I SNDKI yaSl ofed ¢KS fFaGaSNI GSNYS
axes of socispatial differentiation.e.,where and how concepts vary from each other most strongly. By this, axis depict opposing

ends of different condedii dzI f A LSOOG NHzra So3ad> KAIKSaAld gad t26Sad a20A28502y?2
85 Such as mine which depict the 468 CTs making up the Toronto CSD using roughly anywheréfravarables.

86 All computationsaredoneviaSPSS Version 26.0 (IBM 2017), a statistical software offering a range of factor analysis procedures.

87 Truthfully, lines arefit postextraction to visually assess initial modeind inform furtheraxesrefinement (Gorsuch1983

Davies, 1984); explanatty though, theline analogy is both conceptually valid and munbre easily digested

88 Certainly more variance than any individual variable can (in fact, more than many variables considered together could).

89 The example axis employed here is part ¢fi@ 7-axis solution for 1996 that | ultimately did not analyze.

0 aFGdNI GA2Y B &1 -AaA D 2YlaRiBiSIEBRRENSIIEedanRr@iREri2, T982Y Wiaud, 1995).
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hand, communality defines how much of they i 36
common variance in a variable is accounteBxample of Axis Saturation and Communality

. . . Domain Indicator Saturation Communality
for by the entirecomponent solutionHigher Age % 60-69 yrs old 082 0.64
communality means higher variable Age % 70-79 yrs old -0.91 0.85
Age % 80+ yrs old -0.75 0.64
contribution to the solutior?’. Communality Family / Household % 2-person HHds -0.62 0.71
migration (Period) % Immigrated Pre-1980s  -0.43 0.70

depicts how much of variable variance i
p ncome % Other Income Sources -0.59 0.83

captured by the set of extracted axes

communality is the sum of all Bvsaturatiors Age % 0-14 yrs old 0.71 0.89
for a variable.Aslow communaliy indicates A9¢ % 40-49 yrs old 0.41 0.67

R ) L Family / Household % 4-person HHds 0.58 0.95
avariableA @ NBf | 0A OGSt e y Ydmiyl/ dGéhaayoLbnRPardnZFiddiles 0 0.46 0.79

resulting componentd, suppress variables with communality < £.30 frommanalyses, as these prove superficial to
my solutions for each of thanalyzedyears (1996, 2006, and 2016) and decades (8B and 200€0162.

When interpreting components, are importance or weight is given to higher than to lower saturations.
[221Ay3 G2 ¢l o6fS odcz 2fR FYR &2dzy36SNDL |3S 3INRdzZLJA NB3
differentiates age / life stage. Additional meaning can be derfv@u family / household variables that also saturate
to a lesser degree, denoting the typical type / size of household persons of these respective older and younger age
groups belong to (in the Toronto CSD at least). Given higher saturations equate rigestammponenvariable
relations, this axis explains the soapatial location of the 709 group {.91) and the 80+ group.82) better than
it does the 6669 group {.63)2. The major takeaway for axis interpretation is that the clustering and divesgeh
GENRFoftSa 6AGKAY OSNIFAY 02y O0SLIidz £ R-gpatial Miffeentiatight 2 NYa | E

Here, a relatively clear, simple axis illustrates how components are extracted and interpreted. However,
this ease and clarity is tygally not the case with an entire set of initially extracted components. Further refinement
is critical to arrive at useful axes. The overarching criteria is to arrive at components simple in strusigméjcant
ideal in factorial ecology as per Thtmse (19475% While any axes set is unlikely to achieve this critepierfectly,
GKAa 3IdZARSEAYS A& ySOSNIKStSaa 62NIK AGNAGAY3I FT2NP ! &

benchmark pushes researchers to arrive at axes clear and distinct in meaning. It is a vital framework for using other

91 Communalities are vital for refinement amcterpretation of resulting components (Wyly, 1999). For example, retaining 53

axes for the same number of variables in my 1996 dataset would provide each variable a communality of 1.

92 By this, a variable is only excluded from the analysis of a yeaabdeshere its communality is < +.30, not from all analyses.

BL | GdzNF GA2ya SELINBAE |ESAaQ dzyAljdzS O2yiNAodziA2y (2 YHI adzNBaQ
(.83), and (.63) explain 92%, 69%, and 40% of varianc&@r9, 80+, and 6@9, respectively (Cattell, 1978; Davies, 1984).

9 Thurstone argues thain factor analyses, variables should have one or mdree@r0 saturations on at least one extracted

axis eachaxesshauld have enough ear-0 saturations to match the total number of axes; pairaeésshould have variables

that saturate highly on one axis anén@arO on the other;axespairs should have a large share éh8ar-0 saturation on both

axes;and eachxisd K2 dz2f R KI @S YAYAYIl f wO2YLEXSMBonmdkiNanbret)sa odGKz2asS GKI G
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heuristics of fawrial analysis to produce meaningful components. However, in advance of employing this simple

structure criteria to determine an ideal component set, | discuss the key concept of axis rotation.

The axes extracted during initial decomposition of a dat@set O2 NNBf | GA2y YI GNRAE | f A3
the multi-dimensional data array as best they can, in terms of maximizing explained variance via a contained series
of bestfit lines.While unrotated axes are technically usable, they rarely attain a simpletste which makes them
useful (Viaud, 1995). Thus, over the decades factor analysts have devised many arithmetic treatments referred to as
WNRGFGA2YAaQ 6KAOK | R2 dzdimiensibaaydaiad gfr8yy Analysts rbtatkakes ardukd3he Wadat G A
aNNJ @ Qa OSyidSNI 2N 2NARIAY LRAYyi(GX a2 GKIFIG GKSasS tAySa oSi
Rotating axeslarifies their meaningful variable saturations while reducing the saturation of superfluous variables
w2il 6ARYQ Y®2®b dzaS ES& INB fAYySENI Sljdzt GA2ya GKFEG NBaLXE

consistent arithmetic treatments i.e., lines are not redrawn in an ad hoc fashion to create a desirable axis position.

Figure 3.9demonstratesrotation using awo-axis model. The initial array of red data points is seen in A),
with black horizontal and vertical lines for spatial refereritieere are effectively two types of rotations: orthogonal
approaches and obliqgues approaches. Orthogonal rotations, sholn mmaintain a 9relation between all fitted
axes so that rotating one axis rotates all. The underlying premise is that axes are uncorrelated (Davies, 1984; Brown,
2009c). This means underlying dimensions do not (cannot) relate, that the componentsiaperient from one
another. In B, we see that one of the green axes fits the data quite well, with both poles in the relative center of
each data cluster; however, the other axis (which must maintain°agéion to its partner) does not relate well to
the data. Oblique approaches, shown in C, independently allow axes to rotate freely of each other, at les§ than 90
angles, to obtain the best fit possible to the data arfBlyis avoids imposing any structural rigidity while revealing
relations between extaicted components which themselves are interpretable. In C, the two axes both fit the data
clusters quite well because their placement is not restricted. Oblique rotations allow axes to correlate i.e., the socio
spatial dimensions they represent are separaut can relate to each other. Many social ecologists interpret this
approach as better representing the social and spatial realities they seek to measure (Viaud, 1995). To that point,
the data clusters of Figure 3.9 are quite opposed, or negativelgleded such that the two axes in C appear on the
verge of aligning precisely because the dimensions they depict correlate with each other. Figures 3.9 also clarifies
that rotation does not invent patterns between variables, but (by advancing past iniicdation) allows axes to
0SGGSNI SELINBaa (KS RIGIFQa fFGdSyd LI GGSNYy&ad ¢Kdzas L Y 1.
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Figure 3.9: Visualized Axis Rotation in Multi-Dimensional Data Array

A) No Rotation

B) Orthogonal rotation: 90° angle;
no correlation between

C) Oblique rotation: lessthan 90°
angle; axes cancorrelate, yet are
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While rotationsare extensively scrutinized and their varied benefits and minutiae extensively detailed

(Davies, 1978; Brown, 2009b), analysts ultimately decide how to influence their results, even if rotation techniques

are applied consistently (Wyly, 2012). Further, Goksuco mcpy o 0 | NBdzS&a GKI G NRGOGIF GA2ya Yl
Y2 NB LJ2LJdzf | NJ LINR OSRdzNB & ¢ NEBfAFLofeé& LINRRdzOS aAYAfLFNI FESaA

Those using PCA to refine a psychological assessment may prefer orthogoeglkifitiw/hypothesize in advance

the traits their queries should evoke and require distinct/exclusive measures. However, imposing structural limits
on208 S NJ aiidzReé 2F ¢2NRy(2Q4a Ogpaialtoddhicts suchas §ES dusirfgesu £ | G S
ethnicity, and urban location might overlap even if the precise nature of these are yet re¥edlede the Promax

oblique rotation (Promax) as an effective means by which to extract more information from my*PCAs

However, since obliquely rotatedxas correlate with each other and these correlations in fact influence
said components, their interpretation tends to be more complex. Oblique axes are an interrelated set of meanings,
compared to unrelated orthogonal axes (Viaud, 1995). Further, whileoganal rotations produce a single, new
matrix of rotated axes, oblique rotations produce two, interrelated matrices: a pattern and a structure matrix. While
often quite similar in their resulting components, the pattern and the structure matrix each sxmtdferent

meaning about underlying social and spatial dimensions. The following outliaé@splort of thisfor my analysis.

Two types of matrices result from oblique rotatgra factor pattern matrix and a factor structure matrix
Theyare similar irthat they both portray and quantify a form of relation between axes andrttespective variables.
¢KS LI GGSNY Yl GNRE R AngudtdntdbationititSe variansdxpfessed by ath vhriatednQ
the datase?’. The structure matrix, corersely, features zerorder correlations between an axis and its featured
variables; thesdoads however, do not account for the influences of other axes upon the respective indicators.
However, these loads reveal the ax@riable relations which leadxas to correlate togethera feature which can
prove useful in certain analytical circumstancémud (1995) and others (Gorsuch, 1983; Davies, 1984) priargeze
of the pattern matrix precisely because, by expressing the unique variance accounteg dacl axis, it provides

for cleaner results that are more easily interpreted and more meaningful, thus providing a stronger basis for

9% Trialing an oblique rotation is common practice, such that if minimal correlation emerges between extracted axes, théir lack
relatedness justifies reversion twthogonal rotation (Cattell, 1978; Bryant & Yarnold, 1995).

% Promax is a type of oblique rotation that (for each axis in an extracted set) raises all unrotated saturations to a ligher po
i.e., Promax squares, cubes, etc. these saturations. Asthkiof are < 1.0, Promax will supress all these values, yet the smaller,
less significant saturations are reduced much more so than are the larger, more/most significant saturations e.g., squaring

y

saturations of .50 and .90 results in rotated saturation®ef p | YR dymd ¢KAa LINROS&E YIEAYAI Sa R
Wy2A4SQ YR KAIK &l ddzNI GA2YyS 6KAOK NBLINPBER)NEOoGKS RBUF&ABDIQPA
emerge clearly.e., theyarey dzOK Y2 NB aAYLI & aiGNHZOGd2NBR 06D2NEJZOKI mMpyoT Al dzR
d2fdziAn2ywdas & o & LINPRAZOS wikKSe Of S NwSaie ES&E 6BPTAO YR
Gorsuch, 1983). The power tdbh OK  al G dzNJ GA2ya FNB NI}IA&ASR G2 Aa NBFSNNBR (2

W1 Q NBadzg G4 Ay dKSdZMRAK2ya 26k ¥BUzRE mMdpp0 T K28SOSNE (KS KAIK
detrimental if axesstart to duplicate each other, which impedes interpretation (Gorusch, 1983). The goal is to maximize high
OYSIEYAYyAFdzAZ 6 &l GdzNI GA2ya 6KAES ftAYAGAY3I EA&E O2NNBHF3 Azy (2
97 Effectively, pd G SN YI GNRE &l (dzNF GA2y & | NB NBAINB&aaAazy O2S8STFTFAOASYy(4
ability to estimate the associated variables controlling for the variance predicted by the other components (Cattell, 1978).
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interpretation (Viaud, 1995)[hus, for the most part | focus solely on analysiheffactor pattern matricesesulting

from the PCA | conduct on each of my datasets. However, in one instance for the 1996 results, | draw upon use of

G2 ESAQ FI OG2N &0 NHzOG dzNB Y I i NRkelatSely sigréficancSrielatiBr\thisdzy R S NB& G |
because their pattermatrices focus upon unique variance is unsurprisinggaliipped for expressing their points

of shared variance, given said shared variance is necessarily not unique to eitfsp axts A (i K pladinimy A 2 y Qa

analyses outlined, | now discuss the fisteps | employ in refining my component setsifderpretation.

To balance explanatory power with simple structure, extracting the appropriate number of axes is vital.
¢l ol OKYyAOl FYR CARStt omdpyo0 Aff dza (rNdefit@ndihk GreaRA. £ SY Y Y ¢
GENREFYyOS Ay GKS RIGEFE SELXIFAYSR @ & o 1 26SOSNE GKS @Y2N
meaning of any set of axes is unique to the dataset from which it is extracted. This forces researcbigrbath
2y GKSAN)I O2y Syl 1y26tSR3IAS IyR GKSANI RAAONBiGAZ2Yyd LYy NB
useful (Kim & Mueller 1978; Davies 1984; Brown, 2009b). First, eigenvalues (EVs) measure the dataset variance each
component acounts for; axes with an EV < 1.0 explain less variance than an original variable and are easily discarded
(Moos, 2014). Second, scree tests visually plot EVs to illustrate their decreasing explanatory power. A sudden drop
in the scree line often justifids WOdzi 2FFQ LRAyG F2N FES&a 6S0Sy AF GKSAN
variance helps assess axes for superfluity i.e., ifthe A & Ay ONBI aSa | &aSiQa OdzvydzZ | GAD
percent but is conceptually inconsistent or ambiguous, excluding it likely benefits results more than its ifitlusion

These rules are more objective and applicable to any dataset relativeetmtelligibility criterion.

Finally, the informed judgement of analysists is needed to instruct the retention or exclusion of axes based
2y GKSANI 3SYSNIt AYOGSNIINBGFIoAtAGE O6+xAl dzREZ mdhp 0 & dzOK
to £0.50 or less), resulting in less intelligible measures. Similarly, when experimenting on a decreasing number of
components i.e., moving from-lNto N-2 axes, if the interpretability of the ladf2 a0 F ESa Ay G(KS wWLR (S
erratically®®, said set of axes is likely unfit for analysis (Brown, 2009b; Davies & Murdie, 1991a). | select my final
component solution for each year (1996, 2006, and 2016) and period {2836 and 200€016) by first extracting
a raw set of axes where the sole criteis they all have an EV > 1.0. | then iteratively work from the orighaaisN
setthrough NI, NH X ®X gSAIKAY3I aKFNBR YR AYRA DA Rdxestcordlatioih | y OS>
and overall intelligibilityof solution sets to arrive athbse which best balance this host of methodological
considerationsThe component solutions ultimately retained for 1996, 2006, 2016 and for the periods2D8@85

and 20062016 are an ideal balance of explanatory power and intelligibility based on théiémedupractices.

9% While seeminghad ho& L &aidAff NBfte Sy_iaANBte dzZly LI GESNY YFGENROSa G2
matrices solely taunderstandl y | dér&Eati@n, a purpose to whicthey arewell-suited. While structure matees seem

redundant giverpatternmatrice) & dzedrbkkich Néxsidentity i.e., unique variance, structure matricas only redundant

until they are neededo understand axes interrelations, an uncommon circumstance which doesimias®e of my fivePCA.

99 |n oblique rotationhowever,W & dzLJS Nakels shautttdeConsidered for theimpact oninter-set correlation(Davies, 1978).

100 jkewhen variablssaturateaxes in a manner inconsistent with prior extractipases begin to ovecorrelate;or axes present

variable relationsnconsistent with wellunderstood conceptual linkages found in prior research of sepatial patterns.
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3.9 ¢ Spatializing Dimensions via Use of Component Scores
Finally using SPSBgenerate component scoséor my extracteddimensions and assign them to Torofx@
468CT® ! O2YLRYSYyld &a02NB daAa ICTyeai&NA Stantling@n & [cxBporiert]t & Ay R
(Grice, 2002)In essencescores measure how strongly &&lign to sociespatial construatthe dimensiors portray.
For instance, scoe2 y (G KS W2f RSNJ | Rdzf i «k S lirdifate thg dedrdeindirtensidy2ol LI2 y Sy
relationto that componentas a composite measur&hus, the higher the score, eitheegative(older adulhood)
or positive (early familes), the stronger the degree of association between the CT and b i.e., cqualities
associated with that sociecologicalconstruct. Component scoreare mapped via ArcGIS to visuahzkere and

how Toronto CTsalignwith my extracted axeslhisallows a direct means tanswer myfourth research question
4. In mapping thespatterns, how do they emerge across urban space and change over time?

Scoresalsoprove quite useful in interpréhgmy PCAesultsin that Icanreferencecontextual knowledgef different
Torontolocationsand trends which have occurred in and around tBSD over timi@ better understand why certain
areas score upon certain dimensions Having fully outlined the methodological considerations undertaken in
developing my data and refining my axis set# respect to answering my research questiankcorclude this

section and commence my analysis of theultingcomponent sets, then provide a discussion thereof.
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4.0c Analysis
4.1¢ Introduction

The following presents my analysis of population aging in Toronto between2@B8%and how this process
fits within broader patterns of urban structure and change occurring in this sizable, urban municipality. | first portray
I 396, 2606, MatrOai élaxdchanges asabrring between -P88% and 2002016 via age

C2NRYG2Qa

based location quotients. | then delve into separate PCAs | conduct for each of these years and period, proceeding

chronologically through component sets resulting from mytistahen changeéased analyses. While the static and

change PCA are conducted and presented separately, the latter refers to the three static PCA (1996, 2006, and 2016)

given these depict a general structure upon which changes occur in each decade(D@3nd 200€2016). Maps
YE02NBaQ 2y SIFOK O2YLRYySyi

where and to what degree the urban dimensions revealed by my PCA emerge throughout the Toronto CSD. Having

2T K29

extensively @tailed the process and metrics associated with PCA (Section 3), here | focus more so on results; where
factor analytical terminology is employed, it is sparingly in support of my axes interpretation. | now introduce the

location quotients (LQs) | generaad map for the 60+ cohort and for Boomers in the Toronto CSD from2A@5&.

4.2 ¢ Analysis of Location Quotients: Patterns of Aging in the Toronto CSD 1996 to 2016
Recalling Section 3, LQs measuré lative concentration of anelativerelative to a comparator region
within whichthey arelocated. Table 4.1 providegor both the Toronto CSD and the CigAn overview of the total

number and respective share adftal population made up by older adults (60+ cohort) and Boomers for 1996, 2006,

S| OK

¢C2NRY G2

/¢

f

and 2016. Focusing first on older adults, the CSD and CMA experience increases in their 60+ cohort of ~120,000 and

~366,000 over the two decades, which aligns with the inaeds their older adult share from 17.9 to 21.3% (CSD)

and 15 to 20.1% (CMA). Interestingly, the gap between CSD and CMA share of 60+ narrows over the period, the City

of Toronto still maintaining a slightly older population by 2016. While the total nunobexider adults differs

between CSD and CMA, as per relative scale of size and population, they experience similar aging.

Table 4.1
Toronto CSD/CMA Number and Share of 60+ and Boomer Residents, 1996, 2006, an
1996 2006 2016
Toronto CSD # % # % 4 %
Total Population 2,385,425 - 2,503,285 - 2,731,570 -
Age 60+ (Older Adults) 427,060 17.9 462,915 18.5 580,800 21.3
Boomers* 788,260  33.0 723,145  28.9 669,615  24.5
1996 2006 2016
Toronto CMA 4 % 4 % 4 %
Total Population 4,263,760 - 5,113,150 - 5,928,040 -
Age 60+ (Older Adults) 639,295 15.0 825,160 16.1 1,191,325  20.1
Boomers* 1,442,985  33.8 1,522,110  29.8 1,481,290  25.0

Source: Statistics Canada, 1998; 2008; 2017a

*Boomers are age 30-50 in 1996; age 40-60 in 2006; and age 50-70 in 2016
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Boomers, however, experience declining population share for both CSD and CMA. Boomers decline from
about onethirdtooneT 2 dzZNII K 2 F G KS [/ { 5 Q&20162aligdifglwiihinfeglecadleSdécin® Boyh M b b c
788,260 (1996) to 723,145 (2006) to 669,615 (2016) residents (presumably driven by emigration from the City of
Toronto to the surroundin€MA. However, the Toralw CMA also experiences decline in Boomer population share
from 33.8 (1996) to 25% (2016). While the CMA sees numerical increase from 1,442,985 to 1,522,110 Boomers from
1996:2006¢ supporting a CSD to CMA migration flow at least for that decgithey then decline to 1,481,290 by
2016. This is likely due to Boomers moving beyond the GTA as well as being outnumbered by influx of subsequent
generations (given early households propensity for urban living; Newbold, 2011; Moos, 2016) and/or younger
immigrants 6r which Toronto CSD and CMA are both popular destinations (Hou & Bourne, 2006; Harris, 2015).
Another underlying reason for this is the reduction of overall Boomer populations via increasing mortality with age;
in other words, Boomer populationsduced & a result of their dying as they age from3Dto 5070. These trends
020K O2dzy i SNBI At yINNIGABSa 2F . 22YSNBRQ ydzYoSNI I yR LINJ

spatial variance with which population aging can occur across geograplés gbalvies & Jame2011).

CKdza>s gKAES ¢2NRyd20Qa 2f RSNJ | R dziyéaastudycparibd) Boame@ NS | & S
become less s8%. However, these trends should be considered from the perspective that the fact Beageer
residents constzi S I ljdzFt NIISNJ 2F ¢2NRyYy({G2Q&8 Hnmc LRLMzZFGA2Y &dGAft
RSY23AN} LIKeX 2dzad tfSaa a2 GKFry ¢KSy (KS@& YIRS dzLJ I G KANR
over time, probably via their oumnigration, also indicates that those Boomers who remain in the Toronto CSD likely
differ from their peers who leftover the 2@ear period®. Having now regionalized both the 60+ and Boomer age

groups in the Toronto CSD and CMA) context, | now turn to the LQs$ngtaith those for the Toronto older adults.

4.2.1¢ Older Adults (Age 60+)

CA3IdzNBE nodm RAALIX I &a cnb [va F2NJ SFOK ¢2NRyYyG2Qa&a ncy
magnitude and direction of changes occurring between 12066 and 200&016. In the former, blue and red hues
RSy23GS dadzyRSNE |yR G20SNE O2yOSyiaNIXdGAzya 2F 2f RSNJ | Rd
gAGK GKS /{5®d /KIy3aS YILBAQ O2f2d2NAy3 aK2¢a YdhlagsA (1 dzRS 2

denoting CTs with concentration of older adults roughly stable over thgeh period.

azald 2F wmdpc ¢ 2 NPy i @&duader@présBnted i dldarkadulEs (BRF e for some
middling clusters at Trinitellwoods and Kensingte@hiratown near Downtown. 60+ residents concentrate

heavily in Rosedale, Yonge. Clair, and Forest Hill where Toronto converges with York/East York and in High Park

g KAAE YSIya GKFEGX F2Nlcnb [vaX /¢aQ 2t RSNIIFRdA G aKlInw&a NB O
of Boomer are weighd against declining CSD shares. In either case, however, LQs still depict if CTs contain greater or lesser
shares than expected for their comparator region; even if CSD share declines, Boomers still concentrate in some CTisover othe
102\Whereas the segnmds of Boomers were likely more alike in lifestyle and resources at earlier ages, as per contemporary life

course findings that agbased values and behaviours have increasingly diverged in the last several decades (Coulter et al, 2016).

NSy
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bordering Etobicok®3 While York presents lower shares of 60+, East York and especiallgsoEtobicoke are

FY2y3a GKS Yz2ald SnhaRSNEb alahgrwithiroSt of/Nprih ®aérk south and east of Downsview
Airportt®® 2 KAt S 6SaG {OFNP2NRdZAK O002NRSNAY3I b2NIKk9lFa&dG | 2N
a2YS 2F mModpdpcQa &2dzy3a3SaidzI KIGAy3a 0SSy NBOSyife O2yaidNyzO
most cases, average aged areas buff@ 8INJ | Rdzf & WK2 3G Q I y R -ahdddeRconceatialbisd > G K S 2
R2 200dz2NJ Ay RANBOG I R2FI OSyO0Sed ¢KS ¢2NRyid2 /{5Q& 3ISYySNJI |
ergo, underrepresented in 60+ residergshat is surrounded bynore aged inner suburbs, these then surrounded

08 82dzy36SNL FNBFa 4 GKS /{5Qa 2dziSNJ SR3ISd |1 2gSPHSNE &
suburbs, such as the Mount Dennis area extending through York and eastern parts of Olad Tertntd on the

Don River (e.g., St. Jamestown, Cabbagetown, Regent Park, and Riverdalegomedetrate in older adults. Thus,

1996 Toronto presents a more complex age structure, one that is less purely concentric, than neighbourhood life

cycle theorymight posit as typical for most urban regions developing outward from their CBD over time.

.® HAancI YdzOK 2F GKS /{5Qa wmdopdpc LIIGGSNYy KIFIR KSfR
observations, although the generally greater prevalence of averaggdy LQs (white) seems to indicate that
¢C2NRYyG2Qa 2t RSNJ [ Rdzf i LR LMz I GA2ya KIFIR RAFFdzASR -aLI GAL ¢
or overconcentrated by 60+ residents shift to more average age structure by 2006. By captwaitgeshn these
LQs between 1996 and 2006 (as well as 22086, discussed subsequently), Figure 4.2 provides direct evidence of
GKA&a WFE@SNIIAYIQ GNBYR o6& KAIKEAIKIGAYTI K2g (GKSAS | NBI a
An examje would be parts of South Etobicoke and East/North York that see sharp decline in their 60+ LQ measure.
¢tKA&a Oly 0S aSSy Fa | aa3ay néghbourfo&a ST $ NB& GQQS LA &lad 38 (&N
concentrations decline as younger i@snts seem to replace local elderly residents, or at least move into these

neighbourhoods in sufficient numbers to dilute the overall representation of remaining older adult Torontonians.

Conversely, the Kensingta@bhinatown and Rosedale biYge St. Clair / Forest Hills areas, already rather
aged in 1996, experience even further concentration of their elderly populations over the decade. Given that the
¢C2NRPYyG2 /{5Qa4 cnb &AKINB | f&a2 3INBG Ay alieddphigh 1086%6G&+ LOst | 6 f S
NEGSIFfa O2yaARSNIOGES 20t F3IAy3Id 9EGSYRAYI (KAAZ Y2&i
increase in their 60+ LQ, e.g., in both Little Italy and Little Portugal. Some of the largest, most widespread upward
[v aKAFda 200dz2NJ Ay GKS /{5Qa y2NIKSIadz F2NJ AyadlyosS LI
FYR fIFNBSZ K26S@PSNJ 6KS RSOFRSQ&a YIFAYy LI GGSNY Aa GKFG 217
CSD. Where change doeccur, a rather prevalent pattern is for young(er) areas to age while 60+ concentrations

tend to diffuse. These speak to general trendsi@ifghbourhoodaging and eventual population renewal.

103 The six preamabamation municipalities of Toronto, York, North York, East York, Etobicoke, and Scarborough that now
constitute the City of Toronto (2001) spatially reference various patterns emerging in my analyses (Section 3, Fig. 3.1).
104CTs north and west of there, saunding York University, feature low 60+ shares, given prevalence of stadedtresidents.
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Figure 4.1

and 2016
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Figure 4.2
Change in Older Adult (60+) Location Quotients by Census Tract, Toronto CSEZA@®&Nnd 200€2016
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By 2016, most concentrations present in 2006 hold, albeit with lesser intensity. Average LQs continue to
AYONBIaS GKSANI NBflFGABS FNBIdSSyoOe G(KNRdAAK2dzi (GKS /{5%
elevated 60+ LQs continue to be quiteepalent in Rosedale / Yongsd. Clair / Forest Hills, central Etobicoke, and
b2NIK ,2N] FYR {OFNDB2NRdzZAKQa O2y@SNHSYyOS i GKS 2dzi SN !
02 ¢2NRyG2Qa 526y (26y3> KI a ostpr@nhéntidstrice olan dgodS1986apldtion | & € A | §
that continues to intensify over 20 years as opposed to seeing older adult shares diminish (as per 60+ LQ softening).

This trend makes the aregafor the period 1996 to 2016 at leagtt A { St & ¢ 2ebtRxAmple ©fa Naudrafy-
Occurring Retirement Community, or NORC (Bookman, 2008). The general trend for most older neighbourhoods,

however, is that of experiencing an eventual reversal from oweunder concentrated 60+ populations.

In terms of neighourhoods that gdrom under and averagely concentrated to overconcentraiecolder
adults between 2002016, Scarborough and northeast North York experience considerable structural aging (as they
began to in the 19962006 period, demonstrating neighbainoods experiencing further passage through the
demographic stages of the neighbourhood life cycléje 20062016 change map (Fig. 4.2) confirms this finding,
with many CTs of outer Scarborough seeing a marked increase in 60+ LQs, representing a laridecaysely
Wa2dzyI3Q &dzodzNba& dzy RSNH2AY3I LRLIzZ FGA2y |3Ay3 & GKSe | f
Meanwhile, parts of Etobicoke and North York that surround Downsview Airport that saw LQ decline between 1996
2006 experience siilar drops from 2006 to 2016 as residents aged 60+ either leave or are outhnumbered by inflows
of other, younger (than age 60+) residents. These seem to represent neighbourhoods undergoing the final stages of

the neighbourhood life cycle as any remainindegly residents decrease in significance as a population segment.

For all the talk of neighbourhood population aging (and the opposite) between 2006 and 2016, most CTs of
the Toronto CSD, as during the 198®06 period, experience relative stability ireth60+ share as compared to the
CSD overall. As the entire Toronto CSD grows older from 1996 to 2016 i.e., tddeéZiDare of 60+ increases
(Table 4.1), underand overconcentration of older adults at the CT level appears to grow more muted in overall
intensity & Y2 NB GN} Ola NB@OGSNI (2 | &aKFINB 2F cnb FEAIYAYyI 4
W2f RSNDRS A& AYRAGARIZ f ySAIKOo2dzZNK22R& Fff aSSy (2 0S8 =
in CTs share of rekénts aged 60+ from the beginning to the end of the®2& I NJ A (1 dzZReé LISNA2R® ¢ 2NRY
are less concentrated and more diffused throughout the CSD when using the regional share of older adults as a
measure of expectation via the LQ measure. Howes@me bastions of neighbourhood aging, particularly in central
Etobicoke, much of North York and west Scarborough, and (in the core) Rosedale /St.o@tgér / Forest Hill, hold
up well over 20 years as per their persistently high 60+ LQs. The lagergeows to include the St. Jamestown and

Cabbagetown districts, which were undewncentrated in 60+ in 1996.
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4.2.2¢ The Baby Boomer Generation

Figures 4.3 displays LQs for they&&r age groups corresponding to the age ranges in which Boomers fell
in the years 1996, 2006 and 2016 and Figure 4.4 shows changes occurring in these LQs for the decades in between.
Instead of modelling the locationpatS Ny & 2F F adl GAOTX 2f RSNJ I RdzA G 38 3INEP dzL

progress through several stages of adulthood and into early old age, ranges included with the respective figures.

In 1996, Boomeaged residents (ages 3®) existasa$hNBE 2 F Y2ad / ¢aQ LR Lz | GA2Y
0KS ¢2NRyG2 /{5Qa oo®»: 2F +ff NBaARSydGa o6¢+-o6ftS nomox
Suburbs (Fig. 4.3). Their most consistent ex@rcentration occurs centrally in Old Toronttarsing near High Park,
along the lake through Parkdale into the CBD, then north and east to-Bluréwille, St. Jamestown / Cabbagetown,
and east of the Don in Riverdale and stretching through The Beaches east to Scarborough. Interestingly, high LQ
clusters between the University of Toronto and Don River lie just south of Rosedale /-$brQkir / Forest Hill,
2dzEG I LI2AAYy 3 . 22YSNE ljdzAGS Oft24S (2 6KSNB (G(KS /{5Q4 2fR
under concentrate in placesith high 1996 60+ concentrations, namely large swaths of North York and eeatthl
9G20A021Sz a ¢Sttt Ia G(GNIOdGa aiNBGOKAY3I FNRBY { O Nb 2 NE dz
Although average 1996 Boomer LQs are the majority,ethea clear corperiphery trend to their over and under
concentration. While a 33% share of neighbourhood residents is not a majority, that one in three residents in most

Toronto CTs were a Boomer in 1996 is a marked level of generational representation.

2 KAES GKS 2@SNYt Yl 360)spatiaRc8ncedtation id 2006SeeRrostdTdramtd &Ts n n
G02NAY3I NRdzAKE& LIN gAGK GKS /{5Q4&8 Hyoddhn: 6¢+Fo6fS nomox
Downtown, especially west of the CBD, whiieir populations consolidate in CTs further from the core compared
to their location in 1996. However, parts of Old Toronto east of the CBD, on both sides of the Don River (e.g., Mount
Pleasant, Rosedale, St. Jamestown, Cabbagetown, Riverdale and Tdesegppear to remain popular for
Torontonians of this generation. Several peripheral clusters of high Boomer concentration also emerge, namely
Ff2y3a 9G20A021SQ4a aK2NBEAXWMYE IRIEND K Ny AINI{ FO | ANybosheiR i ZHEK 018 8
concentrations in and near Downtown dissipatedicating their likely exodus from these neighbourhoadsany
¢C2NRYyG2 /¢a tFLeAy3ad FdzNIKSNI FFASER Ay GKS /{5Q& AYYySNI &c
over concentrate. Whildifficult to pin down causality, the increasing peripherality of Boomer concentrations over
GAYS tA1Ste NBadA# Ga 020K FNRBY LINB@GA2dzate Y2NB OSyd NI f Al
Fa GKS F3Ay3a Ay LI I CeSistiyBoomdt fopubations2 QbRcenRaticn cdultl well deur a& Qe
children of these (now) latetage adults vacate the family home with their own increasing age, seen as a core part
2F (GKSAaS adzodz2NbaAaQ (NI yaaAdaAz2y mdeRofresidénfahodudatioNt & G2 € I G SNJ
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Figure 4.3

Boomer Location Quotients by Census Tract, Toronto CSD, 1996, 2006, and 2016
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Figure 4.4
Change in Boomer Location Quotients by Census Tract, Toronto CSD2@006&Gnd 20062016
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Figure 4.4 supports th by directly depicting LQ increase in these areas and several others. Etobicoke,
Scarborough®, much of North York, especially York/Don Millsand ie&S / { 5Qa y2NIKSNYy SR3IS:
increase in Boomer LQ between 1996 and 2006. While Boomers leave most of Downtown, they consolidate nearby
insoughtt TG4 SNJ w2aSRItS yR /I 060F3SG26y o0& HAnncd® DAMASY GKS |
many of these CTs still go from ovér2 dzy RSNJ O2y OSYiNI GSR Ay . 22YSNJ NBaAR
O2ya4ARSNIOfS 2dziFt 26 FNRY ¢2NRy{i20Qa Oz KBd996 tk 2086 LI G G SNy
. 22YSNEQ ( Nlei éaNyyadulthBdr Wi§ile theSiéading edge enters late career/family stages, nearing
retirement. Similar patterns whereby Boomers appear to vacate highly urban CTs (in terms of built form and density)
occur in the Mount Pleasant and Yorgglinton areas, tlough CTs just surrounding these urban nodes see their
.22YSNI[va AYONBlIaSod ¢KAa SE2Rdza FTNRBY | NBla 6AGK ¢2NRYIQ
GKS /{5 Ayaz2¥FrNIla fFNBS WwWiz2gy OSy i lotks aldofseéfferbQ detlibel y y 2 R
as Boomers age further into the life course. Boomers thus tend to suburbanize spatially, but also transition away

from the most urban forms of housing in many (but not all) parts of the Toronto CSD during the perie200896

. @ HAamMcI GKS f20FGA2Yy LI (GSNJ&)CBOW représéiEing #45% af the 2 2 Y S NJ
CSD population (Table 4.4)0 dzA f R dzLJ2y G KS LINA2NJ RSOFRSQa oHnnclO GNBy
O2y @SNHS 6AGK ¢ 2 NEhat gearqiith loalfob. 2L32YL3dXEEl (My2 yH A% died generalb 3 NP dzL
process of retreat from the CBD and surrounding Downtown districts is near complete (Fig. 4.3). Within Old Toronto
itself, however, Boomers do appear to solidify in Forest Hill, Rosedale, Cabbagetown, and Riverdale. LQs further east
dimind K SEOSLII F¥2NJ GKS 5FyF2NIK FyR . SIOKSa | NBlFaz gKSNB
Fff GKS gl & GKNRdzAK (G2 GKS [/ {5Qa & paitiduuiNitenttahEYobicoke® a 2 &
b2NI K | 2NJ] Qa . BeMirtk &n2 gast @dyésfofiNorth Wdkk afid Scarboraubhve sizable Boomer
shared®”. Underconcentrations outside the core share a predominance of rulvitelling housing, although several
rise to average LQ. While still prevalent, average sharesnoléhgeY Ay S GKS /{5 & Ay wmdpdc d
mostcore neighbourhoods where they appear rather absent, Boeagsd residents ovetoncentrate at varying
distances from the CBD, except for tracts running northwest from Toronto, through York, andlaoogrder of
Etobicoke and North York. Older adult maps for 2016 (Fig. 4.1) indicate lacking 60+ concentration here too; this

seems to indicate a population largely dominated by residents under age 50 at least, if not younger.

Figure 4.4shows2006-2016 LQ shifts are of lesser magnitude than thoE&9962006, with patterns of
AYONBIFraS IyR RSOftAYS Ay /¢aQ [va adzZLdRNIAy3I .22YSNEQ
¢ 2 NP yne? SuburbsThe life course transition betweethe examined age ranges (40 to 5070) is one of
residentid stabilityA y G SN¥a 2F GKSa$S | 3S 3INP ddetdd tadainBrild@nyicsillemntial (2 Y2 €

05¢ KS F2NY¥SNDRa SaoOlfldAay3a [va tA18te SELXLIAY RSOtAYS Ay cnb |
1062016 Toronto has 385,2X&rsons aged 589 and 284,405 669; LQs lean to trailing edge Boomers (Statistics Canada, 2016).

072 AGK . 22YSNE YF1Ay3 dzZl) wnop: 27T {4.B30Qd répreseat 291504 dfthelpdphlacy, & KI NB
with the nextmost LQ of 1.28.4depicting population share of 31:34%.
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movement contributes to charigg Boomer patterns for the decade 200@016. Thus, thas concentrations of
Boomers which crystallize over the-80S | NJ LISNA 2R N8 Y2NB GKIy fA{1Sfte@

other age groupsg both younger and oldeg become less significant population segmentshiose areas by 2016.

Taken tgether, 60+ and Boomer LQs illustrat@rked, but not seismishiftsA Yy ¢ 2 NRy (2 Qa
over two decadesOlder adult settlement patterns are more varied tharo be regarded as jusgeneral
suburbanization, aparts ofboth core and peripheral Torontexperience populatiomgng. Areas such as Rosedale

/ YongeSt. Clair / Forest Hill consolidatdready high 199@lderly populations for a further 20 yeardefying life

GKS N

cycleexpectationswhere aged neighbourhoods reachriinal declineli KSy RS Y 2 3 NI LOK A C2f Y SENDWNS

consolidation in these areas will sustain older adult concentration. That said, other areas quite aged in 1996, such as

OSyidNIt 9G20A0218 YR 9F&G . 2NJ = ough\Bing indplacdzyhairBomer 3

populations may see 60+ shares resurge in coming y€hesgeneral pattern, however, is that as all of Toronto ages,

less variation imlder adultshares (high and low) occursthgy diffuse throughout Torontpincreasng proportion

LIS NJ

in many neighbourhoods?arts of North York and Scarborough see both 60+ and Boomer trends converge as their
CTs age. Both population groups seerd t6 W LJdzt f ¢S2RNR yii(R260 ANRY 2 Ny, For@stHilldEgedale NB I a =
| Cabbagetown and W LJdza K S Rrém Iésg prasperous parts of West Toronto (Rankin & McLean, 2015). For

Boomers, desirable lakefront areas stretching from The Beaches to Rouge Hill, and in Etobicoke alstoappear

increasingly align with their needs in ewaaturing Ife stagesThus, athe Boomergenerationsages toward older
adulthood, theirsettlement patternsby 2016become thosalefining both current populationagingand where next

several decadeaging willoccur most stronglgas their households continue to age in place in later life.

While population aging is generally pervasive and Boomers shift locatiorfergmeewith age age LQs

and the preceding observations can only hint anecdotally at how these demographic gatteerlap other

elements of Toront@ social ecologpver thed ( dzZRe& LISNA2R® CdzZNIKSNE 6SOI dza S

1996 to 2016assessinghange is obscureoly whether tractsgain or losdBoomers or if CS[2vel decline is shifting

iKS

the goal pat i.e., do CTs maintain aboaeerage LQs compared to the Toronto CSD, despite possibly experiencing

lower shares over tim€8 To betterl 8 8 Sa & (KA & ¢ 2 HR y é&@asxBland OSpreseyit component
sets extractedor the years 1996, 200énd 2016and the periods 1992006 and 200&016

8C2NJ N Ollda AKATFOUAY I dzlJ Ay [vEI GKAA A& YAYAYAT SRY Incemdm

/1 {5Qa& .22YSNJRNRLAI [v R24gYyaKATFIH YI 3NR%) mhstdrop tdP6% tofbe .80an 2008.
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4.3¢ Using PCA to understand Population Age in the Toronto CSD asgdrantructure

In line with prior studies that use both static and change PCA (Perle, 1982; Le Bourdais & BE38)ry,
first analyze the years 1996, 2006, and 2016 (Section 4.3) before analyzing the decad26®86d 2002016
(Section 4.4). This Section 4.3 is constructed as follows: communalities and overall explained variance outline the
explanatory powerd S| OK &SI NRa NBAaLISOGAGS t/!d ¢KS adladA0 t/ ! N
by-side for interyear comparison (Table 4.3). Starting vitike earliest, 1996 set, | discuss how each axis is saturated
and spatially oriented across thel@%ided by map2 ¥ ¢ 2 NERdyhéndionAtbraponent scores. Concluding the
Fyrteara 2F SIOK &SI NDa | ESaz -dpatitd srdiciudzietnphésiidgg elérfets ai S RS |
age and generational change, aided by the correlations Befwy S OK &S Qa O02YLRySydao

Experimenting on 8 9, and 16axis sets for 1996, 2006, and 2016 (respectively), guided my methodology
(Section 3), £omponent solutions are retained for 1996 and 2006, anecarponent solution for 2016. Table 4.2
presents ¢ OK &S Q& GFINAFIo6fS O2YYdzytfAGASE FyR G201t SELX I Ay
Hnmc NBALISOGAGStEE SELXIAY chpdPdp cys YR cpodm: 2F GKSAN
complexity yet preserve explanatorywer. With a few exceptions, communalities aeceptabldor most variables
in each set, the majority having 50% or more of their variance explained. Housing era variabl#88iottnd to
score poorly across all three years. Another domain where sceresto be middling all three years are those for
visible minority groups. In some cases, variables such as % Transit Commuting see communality decline from 1996
to 2016, while others such as % High School Certificate Only experience increase over theTperdd49 and 50
59 age groups, occupied at times by leadiagd trailingedge Boomers, score as low as 40% and high as 67%,
aSyarotsS 3IAgSy GKSeé SEA&G Ay Yz2ald 2F ¢2NRyG2Q& ncy /¢a&
communak & R2S&a y20G AYRAOFGS  @FNRIFOofSQa 101 2F LINBaSyo

does not covary with other variables as much as those with high(er) commuriéfiti€s

109 Twentyseven of the 53 variables for 1996 have more than 70% variance explained, while 8 measures register less than 50%.
Homes Built 1981990 has a communality less than 30% and is excluded from 1996 arfadys2606, 26 of 55 variables have

more than 70% communality, while 10 score less than 50%; Homes Buil20091scores less than 30% and is excluded from
2006 analysis. Finally, for 2016, 30 of 57 variables score a 70% or higher communality, while 1&ssaban 50%; Missing

Middle and Homes Built 2062010 have a communality below 30% and are excluded from the 2016 analyses.

110Case in point: in 1996, % High School Certificate Only registers a low communality when this level of education cstilld likely
access a decent range of jobs, whereas by 2016, those with only their high school are far meee®ocinically limited.
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Table 4.2
Communalities and Total Explained Variance for 5, 5, and 4-Axis Solutions, Toronto CSD, 1996, 20086,

Year 1996 2006 2016
# of Components 5 5 4
# of Variables 53 55 57
% Explained Variance 69.9 68 65.1
Variable Communalities by Domain
% 0-14 yrs old 0.66 0.64 0.67
% 30-39 yrs old 0.76 0.74 0.77
% 40-49 yrs old 0.67 0.40 0.50
Age / Life Stage % 50-59 yrs old 0.57 0.49 0.51
% 60-69 yrs old 0.78 0.61 0.64
% 70-79 yrs old 0.85 0.88 0.82
% 80+ yrs old 0.63 0.67 0.66
% 2-person HHds 0.70 0.61 0.63
% 4+ person HHds 0.95 0.93 0.90
. % Legally Married Persons 0.84 0.80 0.75
Family & HO[.JS.ehOId % Separated / Divorced Persons 0.77 0.65 0.52
Characteristics
% Common-Law Couples 0.64 0.76 0.80
% Lone Parent Families 0.76 0.78 0.86
% Multi-Family HHds 0.79 0.77 0.80
% No High School Certificate 0.93 0.87 0.78
Educational Attainment % High School lCertificf’:\-te Only 0.49 0.69 0.80
% Non-University Certificate 0.45 0.40 0.31
% Trades Certificate 0.68 0.79 0.72
Female Participation Rate 0.68 0.61 0.72
% Business, Admin, Management 0.84 0.81 0.85
Labour Force & Occupatior % Arts, Science, Public Sector 0.87 0.85 0.81
% Sales / Service 0.53 0.62 0.77
% Trades, Transport, Manufacturing 0.85 0.86 0.87
% Immigrated Pre-1980s 0.56 0.68 0.73
% Immigrated 1981-1990 0.83 0.61 0.57
Immigration & Integration % Immigrated 1991-2000 0.84 0.81
% Immigrated 2001-2010 0.82
% No Knowledge of Off. Languages 0.85 0.84 0.46
% Black 0.73 0.74 0.74
% South Asian 0.69 0.68 0.56
. N % Chinese, Korean, Japanese 0.52 0.60 0.41
Visible Minorities . .
% Southeast Asian, Filipino 0.43 0.49 0.53
% Arabic, West Asian 0.50 0.53 0.51
% Latin American 0.52 0.53 0.49
% Government Transfer Income 0.89 0.87 0.90
Income % Other Income Sources 0.81 0.77 0.82
% Persons in Low Income 0.78 0.80 0.77
% Persons in Near-Average Income 0.45 0.48 0.45
. % Auto Commuting 0.88 0.86 0.79
Commuting K . -
% Transit Commuting 0.72 0.60 0.47
Residential Mobility % No Moves in La_lst 5yrs 0.83 0.83 0.81
% Moved Locally in Last 5 yrs 0.66 0.50 0.55
% Renting 0.84 0.71 0.69
Tenure % of Annual Income on Housing 0.83 0.80 0.79
Average Dwelling Value LQ 0.61 0.67 0.68
% Single-Detached 0.78 0.81 0.75
Housing Type % Missing Middle 0.46 0.37 0.12
% 1-4 Storey Apts 0.62 0.64 0.50
% 5+ Story Apts 0.86 0.86 0.72
% Homes Need Major Repair 0.41 0.50 0.42
% Homes Built Pre-1960s 0.87 0.85 0.81
. .. % Homes Built 1961-1980 0.68 0.55 0.49
Housing Age & Condition 0 e Built 1981-1990 0.29 0.46 0.49
% Homes Built 1991-2000 0.19 0.30
% Homes Built 2001-2010 0.23
Urban Form Dwelling Density 0.63 0.68 0.70
Distance from CBD 0.86 0.81 0.78
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Ahead of and in support of a more detailadalyses of the 1996, 2006, and 2016 components sets, Table 4.3
LINBaSyida (KSasS- *abd4bamponediBetsliis Caimbimg&format to demonstrate how quite similar
dimensions emerge consistently each year, in terms of saturating variahlpgend the conceptual themes these
StAOAGD® 2KAES YAETR GFENRFGAZ2Y Ay FES&Q S thié consiSterniR I N |
LI GGSNYAYy3 2F (GKS F2tt26Ay3 ESAQ &0GNRyY IS4 Gial dcblaggzNI (A 2 y 2

SocieEconomic Status (SES) and Visible Minorities (Axis 1 in 1996, 2006, 2016)
Urban vs. Suburban Lifestyle (Axis 2 in 1996, 2006, 2016)

Life Cycle / Stage (Axis 3 in 1996; Axis 4 in 2006, 2016)

Apartments by Age, Type, af@tcupants (Axis 4 in 1996; Axis 3 in 2006, 2016)

o > b F

East Asians vs. Vocational Educations (Axis 5 in 1996, 2006; not extracted in 2016)

Further, due to their relative consistency over time, analysis of the 1996 axes extracted focuses onrtheir co
structure, while analyses of 2006 and 2016 components highlight how these structures chantmeyesar, both in

terms of evolving saturations and the spatial patterning of corresponding component scores. To support this, the
RAYSyYyaA2y Qa lesiand fdedi stokeangps forl- 1896, 2006, and 2016 are all introduced in corresponding

tables and figures alongside their 1996 analysis. This highlights what if any changes occur across Toronto over the
19962016 studyperiod while reducing repetitiorin the following, Table 4.4 and Figure 4.5 correspond to the SES

and Visible Minorities dimension; Table 4.5 and Figure 4.6 to the Urban vs. Suburban Lifestyle dimension; Table 4.6

and Figure 4.7 to the Life Cycle / Stage dimension; Table 4.7 and Figuoetde8Apartments by Age, Type, and

Occupants dimension; and Table 4.8 and Figure 4.9 to the East Asians vs. Vocational Educations difaehsibn.

these features an a, b, and ¢ sséction to denote the 1996, 2006, and 2016 saturation table and compmuamne

map of the dimensioH2 Tables are organized by variable domains and depict the strength of saturation and
communality for each variable. Negative and positive saturations are separated to highlight the opposition of
variables. For each year, thd & Sy 8 A2y Q& SEGNI OlGA2y 2NRSNE SELX I AYSR &I |
aredisplayetf* / 2YLRYySy i &02NB Yl LA dzasS akKlIRSa 2F o0fdzS G2 RSy
shades of re@ NI y3S RSy23GS /¢aQ a02NARAy3a (2 (KS LIRarAliABS LRt S
minimally to either the negative or positiymle'4 Having outlined my 1996, 2006, and 2016 axes sets, | now analyze

GKS moddpc FEAE aSG 0S3IAYYAYyd 6AGK GKIFEG o0FyR SOSNB 2GKSNJ

WwwSTFE SOGAYyT akKATia Ay (GKS dzy RSNI & Ay 3Ispdbdl aftGoytésbawean 1908046/ 3 (23S K
m2¢ KS LRNIAZ2Y 2F (GKS FTAIdNBE FT2NI SIFOK &SN Aa AdFTAESR o0& G(GKS
113 Accounts for the variance of the agidded toS F OK LINA 2 NJ F EA&aQa @I NAIF yOS Soadr GKANR |

114 Corceptually, these are tracts striking somewhat of a balance between the observed oppositions efi@battribute.
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Table 4.3

Components by Domain and Variable for 5, 5, and 4-Axis Solutions, Toronto CSD, 1996, 2006, and 2016

SES and Visible Urban vs. . Apartments by Ethnicity and
S . Life Cycle / Stage Age, Type, and Household
Minorities Suburban Lifestyle o
Occupants Characteristics
Explained Variance (%) 27.4 27.4 30.2 20.0 19.1 18.9 94 64 58 74 9.6 10.2 57 55 -
Domain Indicator 1996 2006 2016 1996 2006 2016 1996 2006 2016 1996 2006 2016 1996 2006 2016
% 0-14 yrs old 0.44 -0.44 -0.55 0.60 047 0.59
% 30-39 yrs old 081 0.79 0.79
% 40-49 yrs old -0.84 041 041 050 -0.50 -0.54
Age / Life Stage % 50-59 yrs old -0.48 -0.48 -0.54 -0.44 -0.67
% 60-69 yrs old -0.49 -0.44 -0.75 -0.62 -0.59
% 70-79 yrs old -0.92 -0.89 -0.82
% 80+ yrs old -0.79 -0.75 -0.77
% 2-person HHds -0.46 -041 -0.60 -0.41 -0.40 0.43
% 4+ person HHds -0.69 -0.80 -0.83 0.59
Family & Household :A> Legally Marrieq Persons -0.46 -0.91 -0.87 -0.78
Characteristics % Separated / Divorced Persons 0.62 0.79 0.62 0.47 0.48
% Common-Law Couples 058 0.61 055 -0.41 -0.50 -0.66
% Lone Parent Families 059 082 0.75 0.43
% Multi-Family HHds 0.70 0.52 -0.46 -0.47 -0.40
% No High School Certificate 092 092 0.86
Educational Attainment % High School .Certificlalte Only 0.72 0.72 0.42
% Non-University Certificate 0.57 049 061
% Trades Certificate 0.59 0.70 0.87 0.62 057
Female Participation Rate -0.72  -0.40 0.49 -0.58
% Business, Admin, Management -0.76 -0.86 -0.85
Labour Force & Occupatior % Arts, Science, Public Sector -0.82 -0.77 -0.66
% Sales / Service 0.67 079 0.76
% Trades, Transport, Manufacturing 0.85 090 0.84
% Immigrated Pre-1980s 0.40 -0.41 -0.70 -0.72
% Immigrated 1981-1990 0.65 0.55 0.45
Immigration & Integration % Immigrated 1991-2000* 0.56 0.55 0.73
% Immigrated 2001-2010** 0.81
% No Knowledge of Off. Languages 0.56 0.74 0.44 0.42 -0.61 -0.49

* 2006 and 2016 only ** 2016 only
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Table 4.3

Components by Domain and Variable for 5, 5, and 4-Axis Solutions, Toronto CSD, 1996, 2006, and 2016 continued

SES and Visible Urban vS. ‘ Apartments by Ethnicity and
L Suburban Lifestyle Life Cycle / Stage Age, Type, and Household
Minorities . L
and Life Stage Occupants Characteristics
Explained Variance (%) 27.4 27.4 30.2 20.0 19.1 18.9 94 64 58 74 9.6 10.2 57 55 -
Domain Indicator 1996 2006 2016 1996 2006 2016 1996 2006 2016 1996 2006 2016 1996 2006 2016
% Black 0.47 0.71 0.77
% South Asian 0.49 0.49 049 0.61
Visible Minorities % Chinese, Korean, Japanese -0.53 0.43 0.51 -0.61 -0.71
% Southeast Asian, Filipino 0.44 061 0.63
% Arabic, West Asian 0.71 070 0.71
% Latin American 069 0.60 0.69
% Government Transfer Income 0.97 092 0.79
Income % Other Income -0.61 -0.71 -0.65 -0.49 -0.44
% Persons in Low Income 056 0.70 0.51 0.56 -0.41
% Persons in Near-Average Income 0.66 056 0.68 0.44
Commuting % Auto (?ommuting -0.87 -0.89 -0.83
% Transit Commuting 0.76 0.73 0.60
. . . % No Moves in Last 5 yrs -0.82 -0.67 -0.82 -0.53
Residential Mobility % Moved Locally in Last 5 yrs 078 052 0.71
% Renting 0.85 0.78 0.79
Tenure % of Annual Income on Housing 0.45 0.64 043 055 051 0.56 0.43
Average Dwelling Value LQ -0.60 -0.71 -0.59
% Single-Detached -0.78 -0.82 -0.84
Housing Type % Missing Middle -0.53 -0.40
% 1-4 Storey Apts 0.48 0.46 -0.59 -0.63 -0.65
% 5+ Story Apts 0.54 051 0.65 0.79 081 0.61
% Homes Need Major Repair 0.45 0.59 0.50 0.46
% Homes Built Pre-1960s -0.90 -0.86 -0.91
Housing Age & Condition % Homes Built 1961-1980 0.77 058 0.50
% Homes Built 1981-1990 0.62 0.65
% Homes Built 1991-2000* 0.55
% Homes Built 2001-2010** -0.41
Urban Eorm Dwelling Density 0.76 0.81 0.82
Distance from CBD -0.68 -0.67 -0.56 0.41 0.52

* 2006 and 2016 only ** 2016 only
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4.3.1¢ Toronto in 1996
M ppc Q ad V{siBld Mirlonfies Dimension (Axis 1; 27.4% Dataset Variance)

Ly MddcI ¢2NRYy(d20Q4& TANAGfrod BWIES GdigBbBurhbadsh Morefpredisehs NB y G A |
40- to 59yearolds, high status whiteollar occupations, female labour participatioand aboveaverage home
Gt dzS& &l (dzNJF S GKS | EA & Qa-staluS atdasi(Rabl&th) | Thef pSsliive pofestutatey 3 | F F
lower-tier occupations, low education achievement, midttelow-incomes?®, government transfers, higimcome
shares spent on housing, lone parent families,-p880 immigrants, and visible minorit®é& These saturations
suggest far less affluent, racialized neighbourhdtids ¢ KS Y2aid LINBaOASYyd FAYRAYy3I Aa
reflects clear ethnic patterns. While this SES axis is extracted in each year of the study periodlQtgralip is the
strongest negative saturation in 1996. Alongside thésS@roup, this dhensionlocatest 2 NB y {i-® Ltk advlts R
(persons typically in more advanced, secure stages of their careaffluent social and spatial traits; specifically,
GKSe& O2y3aNBIIGS Ay ¢2NRPYy(i2Qa Y2NBkY2a i) Gerneratiorddy yhése RA & G NRA
are leadingedge Boomers (reflecting how pegtk NJ ISy SN} GA2y a4 GKNAGSR | YARaG GKS
of the Silent Generatior® also in their early working years during the pastr prosperity of the 1950s and 1960s.

Turning to Figre 453, negative scores fam dppc ¢ 2 NEBsthtiis? aldilateflddulB Kongregate in central
Old Toronto, from the CBD, through Cabbagetown, Rosedale and Forest Hills, up tdEytmga, and through into
North York and east at The Beash®lotable exceptions inclugmsitivelyscoringSt. Jamestown and Regent Park,
and (east across the Don) parts of Riverdale extending through the Danforth. The former two areas are quite
marginal, the latter less so. Marginal, racialized districts alsergemmwest from Downtown through Kensington
Chinatown, Little Italy, Little Portugal, and TrirBgllwoods. Further north in Weston and The Junction, low SES
FILOG2N) a02NBa AyiSyairFe GKNRdzAK |, 2N)] (2 {EkdNoth{&ka y 2 NI
A highSES cluster is found at the western edge of this marginal swath, starting in High Park, extending north into
central Etobicoke. While not scoring as intensely forfo® { = adlF NIAy3a Ay 9Fad «k b2NI|
Flemington Pek areas and extending east, much of Scarborough (except its outer periphery) leans$&®wand
to higher incidences of visible minorities. tAe first axis extracted in 1996, 2006, and 2016, thus explaining the most
total variance (Table 4.3), the S&® Visible Minorities dimension confirms these elements are fundamental to
C2NRYyG2Qa a20Alf SO2f238d DAGSY ¢2NRyid2 Aa y20SR F2NJ A
high, and middIeSES neighbourhoods can be found in cdnparipheral, and isbetween parts of the CSD. Worth
noting also, as being both semxpected and easily referenced in subsequent analyses, is how the negative (affluent)
and positive (marginal) factor scores in FigueMB5 8 SY o0 S | dzf O Kee Citie} (BeRtion 3) Figure 814). ¢ K NJ

115Those making > 40 and-200% the regional income average.

118 atin American, Black, and Southeast Asian or Filipino (in ordéreofyth of saturation).
117The lack of knowledge of English or French also suggesistegsated immigrants.
118Born mid1930s until the end of WWII.
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Table 4.4

SES and Visible Minorities Dimension - Saturation and Communality Table, Toronto CSD, 1996, 2006, 2016

Table 4.4a Table 4.4b Table 4.4c
Year 1996 Year 2006 Year 2016
Extraction Order First (1) Extraction Order First (1) Extraction Order First (1)
Variance 27.4 Variance 27.4 Variance 30.2
Cumulative Variance 27.4 Cumulative Variance 27.4 Cumulative Variance 30.2
Domain Indicator Saturation Comm. Domain Indicator Saturation Comm. Domain Indicator Saturation Comm.
Age % 40-49 yrs old -0.84 0.67 Age % 50-59 yrs old -0.48 0.49 Family / Household % 2-person HHds -0.41 0.63
Age % 50-59 yrs old -0.48 0.57 Family / Household % 2-person HHds -0.46 0.61 Family / Household % Legally Married Persons -0.46 0.75
Labour Force Female Participation Rate -0.72 0.68 Labour Force Female Participation Rate -0.40 0.61 Occupation % Business, Admin, Management -0.85 0.85
Occupation % Arts, Science, Public Sector -0.82 0.87 Occupation % Business, Admin, Management -0.86 0.81 Occupation % Arts, Science, Public Sector -0.66 0.81
Occupation % Business, Admin, Management -0.76 0.84 Occupation % Arts, Science, Public Sector -0.77 0.85 Ethnicity % Chinese, Korean, Japanese -0.53 0.41
Housing Value Average Dwelling Value LQ -0.60 0.61 Income % Other Income -0.61 0.77 Income % Other Income -0.71 0.82
Housing Value Average Dwelling Value LQ -0.71 0.67 Housing Value Average Dwelling Value LQ -0.59 0.68
Family / Household % Lone Parent Families 0.59 0.76 Age % 0-14 yrs old 0.44 0.64 Family / Household % Separated / Divorced Persons 0.62 0.52
Education % No High School Certificate 0.92 0.93 Family / Household % Lone Parent Families 0.82 0.78 Family / Household % Lone Parent Families 0.75 0.86
Education % Trades Certificate 0.59 0.68 Family / Household % Multi-Family HHds 0.70 0.77 Family / Household % Multi-Family HHds 0.52 0.80
Occupation % Sales / Service 0.67 0.53 Education % No High School Certificate 0.92 0.87 Education % No High School Certificate 0.86 0.78
Occupation % Trades, Transport, Manufacturing 0.85 0.85 Education % High School Certificate Only 0.72 0.69 Education % High School Certificate Only 0.72 0.80
Immigration (Period)% Immigrated Pre-1980s 0.40 0.56 Education % Trades Certificate 0.70 0.79 Education % Non-University Certificate 0.57 0.31
Language % No Knowledge of Off. Language  0.56 0.85 Occupation % Sales / Service 0.79 0.62 Education % Trades Certificate 0.87 0.72
Ethnicity % Black 0.47 0.73 Occupation % Trades, Transport, Manufacturing 0.90 0.86 Occupation % Sales / Service 0.76 0.77
Ethnicity % Southeast Asian, Filipino 0.44 0.43 Immigration (Period)% Immigrated 1981-1990 0.65 0.61 Occupation % Trades, Transport, Manufacturing 0.84 0.87
Ethnicity % Latin American 0.69 0.52 Immigration (Period)% Immigrated 1991-2000 0.56 0.84 Immigration (Period)% Immigrated 1981-1990 0.55 0.57
Income % Government Transfer Income 0.97 0.89 Language % No Knowledge of Off. Language  0.74 0.84 Language % No Knowledge of Off. Language  0.44 0.46
Income % Persons in Low Income 0.56 0.78 Ethnicity % Black 0.71 0.74 Ethnicity % Black 0.77 0.74
Income % Persons in Near-Avg Income 0.66 0.45 Ethnicity % South Asian 0.49 0.68 Ethnicity % Southeast Asian, Filipino 0.63 0.53
Tenure % of Annual Income on Housing 0.45 0.83 Ethnicity % Southeast Asian, Filipino 0.61 0.49 Ethnicity % Latin American 0.69 0.49
Ethnicity % Latin American 0.60 0.53 Income % Government Transfer Income 0.79 0.90
Income % Government Transfer Income 0.92 0.87 Income % Persons in Low Income 0.51 0.77
Income % Persons in Low Income 0.70 0.80 Income % Persons in Near-Avg Income 0.68 0.45
Income % Persons in Near-Avg Income 0.56 0.48 Tenure % of Annual Income on Housing 0.43 0.79
Tenure % of Annual Income on Housing 0.64 0.80 Housing Condition % Homes Need Major Repair 0.59 0.42
Housing Condition % Homes Need Major Repair 0.45 0.50
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Figure 45
SES and Visible Minorities Dimensie@omponent Scores, Toronto CSD, 1998006, 2016

Figure 4.5a Figure 4.5b

1996
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MdppcQa ! NDBly @ad {dzodzNbly [AFTSadetsS 5AYSyarzy o!E
LY wMpdcI ¢ 2-NMBkgdidtnonsiohdaFSAORTRNB Y GAF 1S4 GKS WdzZNbFyQ TFNR)Y

household types / forms, lifestyles, life stages, and built form attributes associated with these ideals. Specifically,

the negative pole saturates 5808-yearolds, legally married and 4+ person fseholds, singleletached homes, auto

O2YYdziAy3ds y2 Y2@0Sa Ay GKS flLad p & lddpibtiag stabhfeRsutiRbani( I y OS

residential areas comprised of older, traditionally structured famiffe¥ oung children (@4) do not aturate here.

Instead, residents aged 5P and 6669 in late career / early retiremetft gravitate to traditional suburban form

and familyoriented lifestyles. The positive pole saturates individuals age®%30commonrlaw, separated /

divorced, transit ommuting, high shares of income on housing, renting, &nd 5+ story apartments, dwelling

density, need of major repairs, and high shares of moves in the last 5 years. This depicts early, often small households

AY ¢2NRBYG2Qa RSy aScswhé&eranhdg fs thelzhdstlcommonNaBuredald rdsitiential turnover

is quite frequent?2 Note that 3039 here are trailingedge Boomers; in 1996 Toronto, it seems these younger adults

NBaARS LX) Sy iA ¥ dzZ fadearl fosét®ldsNplatiryis Beyefiagon &ithiOeamdife course stages.

/| 2YLRYySyli aO2NBa T2N moppcQa ! Nbly @ad {dzodzZNDly [ A
pattern, sensible given saturations of Distance from the CBD and density @aj.dore CTs tend toe dense,
apartment and transitich, andto hostearly households. Meanwhile, suburban form and traditional family traits
AyGSyarTe Fa 2yS Y20Sa Ayd2 ¢2NRBYy(i2Q&8 LYYSNIJ {dzodzZNb& | y|
and North York. Yethts concentricity takes exception in areas such as Rosedale in Old Toronto (extending into Bridal
tFGK FYyR 52y aAffao a2dRINAWAHIYSAEIdAIIOEERA ADS dx O AR Y5 df6A 3
YongeEglington area adjoining Rosedale the west and the Weston and Mount Dennis areas. Old city centers or
towering apartments further from the core also score positively (for urbanity). Many CTs throughout 1996 Toronto

score average on the dimension, reflecting areas more mixed in theirfbun and household composition.

19 NIyl YFAYOGFAYySR GKNRdAK2dzi GKS addzRe LISNangedffitstndsy G2
120Minor saturation of pre1980 immigrantsand mui I YA f @ K2 dzaSK2f Ra NBFi SOG ¢2NRyiG2 NBaa
1211n 1996, members of the Silent Generation chronologically generationally preceding Boomers.

122 Severakaturations here reveal how inferring their inverse on the other pole is informative i.e., saturations for renting and

dwelling density on this positive pole mean the peripheral, siagiached dwellings on the negative are most often owned and
relativelyRA A LISNESR® {AYAfFNI &z yS3AFGAGBS al dzNI GA2y 2F 5AadGrky0S FN
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Table 4.5

Urban vs. Suburban Lifestyle Dimension - Saturation and Communality Table, Toronto CSD, 1996, 2006, 2016

Table 4.5a Table 4.5b Table 4.5¢

Year 1996 Year 2006 Year 2016

Extraction Order Second (2) Extraction Order Second (2) Extraction Order Second (2)

Variance 20.0 Variance 19.1 Variance 18.9

Cumulative Variance 47.4 Cumulative Variance 46.5 Cumulative Variance 49.1

Domain Indicator Saturation Comm. Domain Indicator Saturation Comm. Domain Indicator Saturation Comm.
Age % 50-59 yrs old -0.54 0.57 Age % 0-14 yrs old -0.44 0.64 Age % 0-14 yrs old -0.55 0.67
Age % 60-69 yrs old -0.49 0.78 Age % 50-59 yrs old -0.44 0.49 Age % 50-59 yrs old -0.67 0.51
Family / Household % 4+ person HHds -0.69 0.95 Family / Household % 4+ person HHds -0.80 0.93 Age % 60-69 yrs old -0.44 0.64
Family / Household % Legally Married Persons -0.91 0.84 Family / Household % Legally Married Persons -0.87 0.80 Family / Household % 4+ person HHds -0.83 0.90
Family / Household % Multi-Family HHds -0.46 0.79 Commuting % Auto Commuting -0.89 0.86 Family / Household % Legally Married Persons -0.78 0.75
Immigration (Period)% Immigrated Pre-1980s -0.41 0.56 Residential Mobility % No Moves in Last 5 yrs -0.67 0.83 Family / Household % Multi-Family HHds -0.47 0.80
Commuting % Auto Commuting -0.87 0.88 Housing Type % Single-Detached -0.82 0.81 Commuting % Auto Commuting -0.83 0.79
Residential Mobility % No Moves in Last 5 yrs -0.82 0.83 Urban Distance from CBD -0.67 0.81 Residential Mobility % No Moves in Last 5 yrs -0.82 0.81
Housing Type % Single-Detached -0.78 0.78 Housing Type % Single-Detached -0.84 0.75
Urban Distance from CBD -0.68 0.86 Urban Distance from CBD -0.56 0.78
Age % 30-39 yrs old 0.81 0.76 Age % 30-39 yrs old 0.79 0.74 Age % 30-39 yrs old 0.79 0.77
Family / Household % Separated / Divorced Persons 0.79 0.77 Family / Household % Separated / Divorced Persons 0.62 0.65 Family / Household % Separated / Divorced Persons 0.47 0.52
Family / Household % Common-Law Couples 0.58 0.64 Family / Household % Common-Law Couples 0.61 0.76 Family / Household % Common-Law Couples 0.55 0.80
Commuting % Transit Commuting 0.76 0.72 Commuting % Transit Commuting 0.73 0.60 Commuting % Transit Commuting 0.60 0.47
Residential Mobility % Moved Locally in Last 5 yrs 0.78 0.66 Residential Mobility % Moved Locally in Last 5 yrs 0.52 0.50 Residential Mobility % Moved Locally in Last 5 yrs 0.71 0.55
Tenure % Renting 0.85 0.84 Tenure % Renting 0.78 0.71 Tenure % Renting 0.79 0.69
Tenure % of Annual Income on Housing 0.55 0.83 Tenure % of Annual Income on Housing 0.51 0.80 Tenure % of Annual Income on Housing 0.56 0.79
Housing Type % 1-4 Story Apts 0.48 0.62 Housing Type % 1-4 Storey Apts 0.46 0.64 Housing Type % 5+ Story Apts 0.65 0.72
Housing Type % 5+ Story Apts 0.54 0.86 Housing Type % 5+ Story Apts 0.51 0.86 Urban Dwelling Density 0.82 0.70
Housing Condition % Homes Need Major Repair 0.50 0.41 Housing Condition % Homes Need Major Repair 0.46 0.50

Urban Dwelling Density 0.76 0.63 Urban Dwelling Density 0.81 0.68
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Figure 46

Urban vs. Suburban Lifestyle Dimensie@mponent Scores, Toronto CSD, 1996, 2006, 2016

Figure 4.6a Figure 4.6b
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MmppcQa [AFS /e0tS « {GF3S 5AYSyarzy o!EA& oT dpdm:
The third axis extracted for 1996 distinguishes between darhjly and older adult life stages. The negative

pole saturates ages 60+ (the-69, 7679, and 80+ groups);{Zerson households and other incont&Table 46a).

Portrayed are aged neighbourhoods i.e., older adult concentrations, along with retired hduge@oQ G NI A (G a ®

positive pole saturates persons aged® and 4649, 4+ person households, and lone parent famifteslepicting

early families with newborn to middle scheaged children. While saturating only .41, the@@ 3I NP dzLJQ& LINB a

I'daTy

in 1996 perains to leadingedge Boomers. While useful for identifying how population age overlaps other urban
St SySyidas GKAa [AFS /@80tS «k { G 3S Rwdaldoachaf henariage® n:’z S E LJ
explained by the first, SES and VisMiaorities (27.4%) and second, Urban vs. Suburban Lifestyle (20%) axes

DAGSY (KS RAYSyaizyQa &aiNRy3 al ddz2Ny GA2y 2F7acnb INE
resemble the high low-, and average olderadui2 Yy OSY (i NI GA2ya Ay mMdpdhcQa cnb [v YIL
scores) cover south Etobicoke and North York. Entering Old Toronto west of Downtown-Belhitpods and
KensingtorChinatown lean to agedness, as do Rosedale, ¥8ndelair, Bloe¥okville, and Forest Hill. Meanwhile,

/I ¢a gAGK LI2aAGA@S a02NBazx NBLINBaSylAaAy3d KAIK aKlINBa 27
and Niagara areas leading right up to the CBD, in Regent Park, and (across the Don River) in merclalef &tid

GKS 5FyF2NIKd LYy GKS LYYySN {dzodzNbaz Gg2 YI 22N Of dza i SN&
and (especially) northeast corners, where Etobicoke and North York converge and through much of Scarborough

east of the Pacific Maf ® ¢ KSaS &a02NBa NBTFESOG (GKSasS I NBIFIQa NBOSyil
families. Through the Junction area to Mount Dennis in Yaalsimilar stretch of CTs scoring towards early families

and away from older adult households, atigh these neighbourhoods were built out much longer ago.

123As indicated in Appendix 1, these sources include various government and empleyensed retirement income sources

such as pensiorsnd RRSPS, as well as forms of investment income; they are definitively sources other than those directly from
employment or transferred from various levels of government.

1240-14 and 4+ person households saturate more strongly (0.60 and 0.59) thé® &l lone parent families (0.43; Table4).
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Table 4.6

Life Cycle / Stage Dimension - Saturation and Communality Table, Toronto CSD, 1996, 2006, 2016

Table 4.6a Table 4.6b Table 4.6¢

Year 1996 Year 2006 Year 2016

Extraction Order Third (3) Extraction Order Fourth (4) Extraction Order Fourth (4)

Variance 94 Variance 6.4 Variance 5.8

Cumulative Variance 56.8 Cumulative Variance 62.5 Cumulative Variance 65.1

Domain Indicator Saturation Comm. Domain Indicator Saturation Comm. Domain Indicator Saturation Comm.

Age % 60-69 yrs old -0.75  0.78 Age % 60-69 yrs old -0.62 0.61 Age % 60-69 yrs old -0.59  0.64

Age % 70-79 yrs old -0.92 0.85 Age % 70-79 yrs old -0.89 0.88 Age % 70-79 yrs old -0.82 0.82

Age % 80+ yrs old -0.79 0.63 Age % 80+ yrs old -0.75 0.67 Age % 80+ yrs old -0.77 0.66

Family / Household % 2-person HHds -0.60 0.70 Family / Household % 2-person HHds -0.41 0.61 Family / Household % 2-person HHds -0.40 0.63

Income % Other Income -0.65 0.81 Immigration (Period)% Immigrated Pre-1980s -0.70 0.68 Immigration (Period)% Immigrated Pre-1980s -0.72 0.73
Income % Other Income -0.49 0.77 Income % Other Income -0.44 0.82

Age % 0-14 yrs old 0.60 0.66 Age % 0-14 yrs old 0.47 0.64 Age % 0-14 yrs old 0.59 0.67

Age % 40-49 yrs old 0.41 0.67 Age % 40-49 yrs old 0.41 0.40 Age % 40-49 yrs old 0.50 0.50

Family / Household % 4+ person HHds 0.59 0.95 Labour Force Female Participation Rate 0.49 0.61

Family / Household % Lone Parent Families 0.43 0.76
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Figure 47

Life Cycle / Stage Dimensieromponent Scores, Toronto CSD, 1996, 2006, 2016

Figure 4.7a Figure 4.7b
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MppcQa ! LI NIYSyda o0& !'3ST ¢eLST YR hOOdzLdr ydia 5AY
LY mMdpdpcZ ¢2NBY(i2Qa F2dz2NIK RAYSY a AbRigingRhtpd, miBayidi A I S a

f20FGA2y3S 6AGK aSO2yRIFENER &l GdzNI (A 2y a 743n0WE dNdegafivg pble i KSa S

strongly saturating pred960 dwellings alongside (to lesser degred) dtory apartments and commeaw couples.

These older areas (plentiful in small apartments) seem to avoid widespread redevelopment compared to other parts

of Toronto, such as the CBD, which have seen theilpB9 housing stock supplanted with more recent building.

The positive pole saturates diliags built 19611980, many of these 5+ story apartments, and distance from the

CBD. Saturating also are several visible minority grét@08%1990 immigrants, and high school certificate only.

These reflect 1961980 Toronto, an era when both publickunded housing projects and private condo

RS@®St2LIYSyid ONBIFIGSR Ylye 2F GKS /{5Qa fIFINBS ILINIYSyi(a

education hint at local SES; these groups are also relatively absent19@@eareas i.e., thelaA 8 Q& y S3IIF G A GBS L

¢CKS mMpdpc ! LI NIYSydGa o0& !'3S: ¢@LSI YR hOOdz2L) yia RA
(Fig. 4.3.4a), albeit different than the Urban vs. Suburban Lifestyle axis 8aigWhile strong, positive component
scores i.e.those denoting high shares of homes built between 19680 and 5+ story apartments tend towards
GKS /{5Qa SR3ISaz GKS /.5 ltaz2 Kzada I O2yaradSyid of 201
to Yorkville and North St. Jamestown. Hewe this cluster halts abruptly @mmediately surrounding the CBD to
the west, east, and nortlg apartments tend to be 4 stories and local homes generally predate 1960. Strong
negative factor scores associated with this built form predominate mudBl@éfToronto, in the West End up into
York, Yonge / St. Clair, Forest Hill, and Lawrence Park, and (across the Don River) Riverdale and the Danforth. These
traits stretch further into the Inner Suburbs, covering much of south Etobicoke, York, and sotihviddt. Besides
Oft dzZAGSNBR Ay 9Fad k b2NIK ,2N]JQa ¢K2NYOfAFTFS FyR CfSYAyY
strongest swath of CTs scoringto 196thby n Rg St t Ay3a oS3aAya i GKS SraidiSNy S
extendsrighti 2 { OF ND2NR dzZKQa 2dziSNJ t AYAdGazr 6A0GK YIFENJSR AyidSy
construction era and built form, noted local presence of immigrants could in part explain the particularly high,

positive factor scores observed in Ci¢his outer region of the CSD.

125 Arabic or West Asian, South Asian, and Chinese, Korean, or Japanese (in order of strength of saturation).
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Table 4.7

Apartments by Age, Type, and Occupants Dimension - Saturation and Communality Table, Toronto CSD, 1996, 2006, 2016

Table 4.7a Table 4.7b Table 4.7c

Year 1996 Year 2006 Year 2016

Extraction Order Fourth (4) Extraction Order Third (3) Extraction Order Third (3)

Variance 7.4 Variance 9.6 Variance 10.2

Cumulative Variance 64.2 Cumulative Variance 56.1 Cumulative Variance 590.3

Domain Indicator Saturation Comm. Domain Indicator Saturation Comm. Domain Indicator Saturation Comm.

Family / Household % Common-Law Couples -0.41 0.64 Age % 40-49 yrs old -0.50 0.40 Age % 40-49 yrs old -0.54 0.50

Housing Type % 1-4 Story Apts -0.59 0.62 Family / Household % Common-Law Couples -0.50 0.76 Family / Household % Common-Law Couples -0.66 0.80

Housing Age % Homes Built Pre-1960s -0.90 0.87 Residential Mobility % No Moves in Last 5 yrs -0.53 0.83 Labour Force Female Participation Rate -0.58 0.72

Housing Type % 1-4 Storey Apts -0.63 0.64 Housing Type % 1-4 Storey Apts -0.65 0.50
Housing Age % Homes Built Pre-1960s -0.86 0.85 Housing Age % Homes Built Pre-1960s -0.91 0.81

Education % High School Certificate Only 0.42 0.49 Immigration (Period)% Immigrated 1991-2000 0.55 0.84 Immigration (Period)% Immigrated 1991-2000 0.73 0.81

Immigration (Period)% Immigrated 1981-1990 0.45 0.83 Ethnicity % South Asian 0.49 0.68 Immigration (Period)% Immigrated 2001-2010 0.81 0.82

Ethnicity % South Asian 0.49 0.69 Ethnicity % Arabic, West Asian 0.70 0.53 Language % No Knowledge of Off. Language  0.42 0.46

Ethnicity % Chinese, Korean, Japanese 0.43 0.52 Housing Type % 5+ Story Apts 0.81 0.86 Ethnicity % South Asian 0.61 0.56

Ethnicity % Arabic, West Asian 0.71 0.50 Housing Age % Homes Built 1961-1980 0.58 0.55 Ethnicity % Chinese, Korean, Japanese 0.51 0.41

Housing Type % 5+ Story Apts 0.79 0.86 Housing Age % Homes Built 1981-1990 0.62 0.46 Ethnicity % Arabic, West Asian 0.71 0.51

Housing Age % Homes Built 1961-1980 0.77 0.68 Income % Persons in Low Income 0.56 0.77

Urban Distance from CBD 0.41 0.86 Tenure % of Annual Income on Housing 0.43 0.79
Housing Type % 5+ Story Apts 0.61 0.72
Housing Age % Homes Built 1961-1980 0.50 0.49
Housing Age % Homes Built 1981-1990 0.65 0.49
Housing Age % Homes Built 1991-2000 0.55 0.30
Urban Distance from CBD 0.52 0.78
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Figure 48

Apartments by Age, Type, andccupantdDimension- Component Scores, Toronto CSD, 1996, 2006, 2016
Figure 4.8a Figure 4.8b
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MpodcQa 91 ald !'aArAlya @gad x20FG§A2yIFf 9RdzOFGA2Yya 5AYS
The fifth dimension of 1996 Toronto distinguishes areas concentrated with East Asian visible minorities

(Chinese, Korean, or Japanese) from parts of the city with minimal concentrations. Minimally concentrated areas

also happen to feature higher shares of certaircational educations. The negative pole saturates East Asians, no

official language knowledge, missing middfemulti-family households, and low incomes (Tabl&s}. These depict

thesocicd LI GALFE t20F0A2y 2F wmddpc ¢ 2Ny, in i@ dasedlteadency téwartsy OA & A

relatively lacking economic and language integration. The positive pole opposes these traits with trades-and non

university certificates, and-gerson households, denoting couples with middling degrees of educa@bta@nment.

¢KSAaS FOGOdNROGdzISEaE AYOSNES 2F (KS yS3rdiAadgsS LS AvYLX &

With Figure @a markngg KSNBE GKS / {5Q& 9L ad ! &aAly @GA&aA0tS YAy2N
major clusters of negativelycoring CTs emerge. Two of them surround the CBD in Old Toronto: the larger, more
severely scoring of these Downtown clusters is west of the ABBugh KensingtoiChinatown, Little Italy and
Portugal, TrinityBellwoods, then north through York to the Yorkdale Mall. The other Downiadyacent East Asian
cluster starts east of Yonge Street and heads across the Don River into Riverdale then the@gnfbrth up to
East York. The third major cluster of these residents, considered far more suburban, is spread across North York and
{ OF NP 2NRdzAK | f2y3 GKS /{5Qa&a SR3IST Y2aiG AyiSyasSte OSydsSH
2016).This area is also popular for the settlement of immigrants genéfa(@adeer et al, 2010). Areas scoring to
0KS RAYSyaAz2yQa LIRaAGAGS LIRS INB F2dzyR (KNRdzAK2dzi GKS
Etobicoke and much of south Scarbugh along the lake register consistently away from East Asians and associated
FGGNROdziSa FyR (261 NRa (KS WYARRfAYy3I SRdzOF SR 02dzLd SaQ

126 3 LISNJ ! LIWISYRAE M2 (i kdetadedaiyow halises. 2 T ¢2NBy (1204 aSYA
12¢KS LRAAGAGS LRES 2T mdbpdc Qa ! LI NI Y Sy i) iraitates tHefeare highlsbarEs | Yy R Ly
of recent immigrants and certain ethnic groups here; in fact, the East Asian visible minority group also saturates said pole.
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Table 4.8

East Asians and Vocational Educations Dimension - Saturation and Communality Table, Toronto CSD, 1996, 2006, 2016

Table 4.8a
Year
Extraction Order
Variance

Cumulative Variance

1996
Fifth (5)
5.7
69.9

Table 4.8b
Year
Extraction Order
Variance

Cumulative Variance

2006
Fifth (5)
5.5
68.0

Table 4.8¢c
Year
Extraction Order
Variance

Cumulative Variance

2016
N/A
N/A
N/A

Domain Indicator Saturation Comm. Domain Indicator Saturation Comm. Domain Indicator Saturation Comm.
Family / Household % Multi-Family HHds -0.40 0.79 Language % No Knowledge of Off. Language  -0.49 0.84
Language % No Knowledge of Off. Language  -0.61 0.85 Ethnicity % Chinese, Korean, Japanese -0.71 0.60
Ethnicity % Chinese, Korean, Japanese -0.61 0.52 Housing Type % Missing Middle -0.40 0.37
Income % Persons in Low Income -0.41 0.78
Housing Type % Missing Middle -0.53 0.46
Family / Household % 2-person HHds 0.43 0.70 Family / Household % Separated / Divorced Persons 0.48 0.65
Education % Non-University Certificate 0.49 0.45 Education % Non-University Certificate 0.61 0.40
Education % Trades Certificate 0.62 0.68 Education % Trades Certificate 0.57 0.79
Income % Persons in Near-Avg Income 0.44 0.48
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Figure 49

East Asians and Vocational Educations Dimensi@omponent Scores, Toronto CSD, 1996, 2006, 2016
Figure 4.9a Figure 4.9b
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1996 Components: Analysis Summary (5 Axes; 69.9% Dataset Variance)

a® &dzYYINB Fylf dsleAsd 2F mppc Q&

asi

AXxis Correlations for Toronto CSD 1996 Dimensions

of 5 dimensions (as with subsequent sets)

] ) _ Dimension Label Axis 1 2 3 4 5
first assesses any meaningful correlations — —
SES and Visible Minorities 1 1
between individual components and whatUrban vs. Suburban Lifestyle 2 000 1
) . Life Cycle / Stage 3 0.33 0.06 1
these contribute to the meaning ofhe Apartments by Age, Type, and Occupar 4~ 023 -0.06 023 1
East Asians vs. Vocational Educations 5 -0.16 -0.01 -0.01 0.05 1

entire set. Looking to Table 9}.the only

correlation of relevance is the .33 relation between the SES and Visible Minorities dimension and the Life Cycle /

Stage dimension. Althoughnaild correlation overall, this relation suggests overlap of age léfe course with other

vital aspects of neighbourhood structure and change in Toronto, which | now discuss.

Few clues emerge via their shared variables (Talde 8aturation of the 4@9 group (in 1996, leading

edge Boomers) on the affluent pole of &xi (Table 4.4a) and on the early family pole of Axis 3 (Table 4.6a) seems

to indicate that, in 1996 Toronto, early family areas lean affluent while neighbourhoods in their latest demographic

stages, replete with older adult households, associate with imaliy and with high concentration of visible

minority and/or immigrant households. This would confirm the neighbourhood life cycle proposition that areas

undergo social and economic decline as they age. Given the considerable import of making suahmti@ss

particularly on such a paucity of mutual variables seeradilised. Thus, so | delve into the structure matrices of
Mippec ¢2NRyiG2Qa !'EA& M YR ! EA& o (2

OSGGSNPOf I NATe G(GKS

Table 4.10 compares rsicture matrices of the 1996 SES and Visible Minorities and Life Cycle / Stage

dimensions (mutual variables bolded for reference). It contradicts the theoretical expectation that local population
aging begets SES declimeleast in 1996 Torontd ! E high-SES Qdle sharesp2rson households, whiteollar
YR KA3IK

200dzLJ GA2y&as 20KSNJ AyO2YSacs

F SN 38

K2YS @I f d:

SES and early family poles, every variable loading with early families (minus 4+ parsehdids) also loads with

low-{ 9{ ® ¢KA& AYLX ASAaX GAGK AYLRZNI

T2NJ Y& 62N] =

GKFG ¢2N

decidedly away from low SES traits and concentration of visible minorities and/or recent immigrants. Conversely,

WSIINIYeA f 8 Q GNJF Oda fSIy (261 NRa

GKS&aS YI NBAYI f

a more complete story of how neighbourhood life cycle overlaps SES and ethnicity in 1996 Toronto.

4 0 NR o6 dzi S

128 Recalling Section 3, variablésad the structure matrix (as opposed teaturate the pattern matrix). While pattern matrix

dzy A lj dz8 SELINB&aaAzy -aabledl NAI 6f S
relation, with no regard for how other axes also relate to the variable. While structure matrices often result in interegting b
superfluous information (thus why | near entirely eschew them), they can prove usefully revealingréadide relations which

lead axes to correlate. This is one such case wherein employing the structure matrices of two correlating axes provalg invalua

AF GdzNY GA2ya AYRAOFGS Fy FEAAQEA
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Table 4.10
Structure Matrices of Toronto CSD 1996 Axis 1 and Axis 3

SES and Visible Minorities (Axis 1)

Life Cycle / Stage (Axis 3)

Domain Indicator Structure Comm. Domain Indicator Structure Comm.
Age % 40-49 yrs old -0.72 0.67 Age % 60-69 yrs old -0.69 0.78
Age % 50-59 yrs old -0.49 0.57 Age % 70-79 yrs old -0.87 0.85
Family / Household % 2-person HHds -0.41 0.70 Age % 80+ yrs old -0.79 0.63
Labour Force Female Participation Rate -0.65 0.68 Family / Household % 2-person HHds -0.67 0.70
Occupation % Business, Admin, Management -0.80 0.84 Occupation % Business, Admin, Management -0.42 0.84
Occupation % Arts, Science, Public Sector -0.87 0.87 Income % Other Income Sources -0.74 0.81
Income % Other Income Sources -0.56 0.81 Housing Value Average Dwelling Value LQ -0.47 0.61
Housing Value Average Dwelling Value LQ -0.69 0.61

Age % 0-14 yrs old 0.52 0.66 Age % 0-14 yrs old 0.68 0.66
Family / Household % Lone Parent Families 0.75 0.76 Family / Household % 4-person HHds 0.60 0.95
Family / Household % Multi-Family HHds 0.57 0.79 Family / Household % Lone Parent Families 0.65 0.76
Education % No High School Certificate 0.92 0.93 Family / Household % Multi-Family HHds 0.48 0.79
Education % Trades Certificate 0.51 0.68 Occupation % Trades, Transport, Manufacturing 0.47 0.85
Occupation % Sales / Service 0.66 0.53 Immigration (Period) % Immigrated 1981-1990 0.59 0.83
Occupation % Trades, Transport, Manufacturing 0.88 0.85 Ethnicity % Black 0.60 0.73
Immigration (Period) % Immigrated 1981-1990 0.63 0.83 Ethnicity % South Asian 0.58 0.69
Language % No Knowledge of Off. Language  0.69 0.85 Ethnicity % Southeast Asian, Filipino 0.42 0.43
Ethnicity % Black 0.65 0.73 Income % Persons in Low Income 0.44 0.78
Ethnicity % South Asian 0.51 0.69 Tenure % of Annual Income on Housing 0.52 0.83
Ethnicity % Southeast Asian, Filipino 0.55 0.43

Ethnicity % Latin American 0.67 0.52

Income % Government Transfer Income 0.92 0.89

Income % Persons in Low Income 0.74 0.78

Income % Persons in Near-Avg Income 0.56 0.45

Tenure % of Annual Income on Housing 0.61 0.83

I @Ay3 KAIKEAIKGSR GKS LI FOS 2F LRLIzZA FdA2y 38 Ay

components reveal the CSD is primarily delineated by SES, a dichotomy quite inflected by ethnicity. Divergences

between urban and suburban form andebtyle comprise another defining axis. These two dimensions together
SELIX LAY ySIN¥fé KFEfF (GKS GFENALFYOS T2N mppecd ¢KS {9{

locating highand lowSES across the CSD, while the Urban vs. Subutbara G & t S
urban/outerd dzo dzZNB F Y@ | 2 6 SGSNE

C2NRYG2Qa

of urban and suburban found peripherally and centrally, respectively; these built forms are &sauoite proximal

(Harris, 2015). While Toronto is a difficult fit with concentric ecological models, income sorting of core, peripheral,

Ly

OY2NB WaLJ Al fQ
dzy A lj dz8 RS @St 2LIYSy (i K

FYROSEYSSYyQ NBlFa Aa Of SINWP {SOSNIf 2F GKS 2t R$aalGzI Ayy:
F LI NIYSyida OtdzadGSNI GKS /{5%

with moreNBE OSy it & odaAfixX RSyas

ddzodzZNbad® !'a GKS {9{ IyR

extending into North Yorleans to higher status attributes while Ie8ES defines much of west Toronto, York, and

parts of Scarborough. This-tebanization of uppeOf | & &

outflow to the suburbs, as centralirban tracts grow semingly more desirable for high&ES residents due to

appeal of their built form and spatial location i.e., proximity to the numerous amenities of Downtown Toronto. As

LISNJ K26 GKS LI NIYSyda

w

0e

13Ss

¢eLIST |y Rith th® Saglahdy { &

Visible Minoritiesdimension (Figs. Ba and 48a), several parts of core Toronto built prior to 1960 have been long
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gentrified if not always consideredpper clas®® ! & GKS &lFYS GAYSI -suBuMBny 2 Qa L
neighbourhood, often replete with large, unappealing, and physically degrading apartment blocks buik1B3&1

seem to be less desirable, frothe perspective that those of high€3ES i.e., with economic capacity to reside

St aS6KSNB I NBSt & R/BwestBES rdsieatts rioreiokes congfegale in these gpéchid because
relatively better housing in more suitably serviceeighbourhood closer to Downtown is unaffordable for them.
CdZNIKSNE RS&ALIAGS GKS&aS RAaldl f | N&S manahate § to binddRgo brbhadhd NB y
WNBYSogITEAQy RFKINESY I 200dz2NNBER Of 2aSNJ (2 ¢2NRYyG2Q%. 5246y i2¢

While the most ageentric axis of 1996 Torontpthe Life Cycle / Stage dimensigis third most, explaiing
just 9.4% of dataset variance, seeming separation of population age from otber explanatory axes afirban
structure belies two key points: the first is that age grogpspresenting distinct, recognizable life staggsopulate
GKA&a asSiQa TA NBEand5eF NBUSs, repkeSeatitg ntidkté-lata adulthood, feature with higiSES
on the SES anWisible Minorities dimension, ascribing said leanings to leaddye Boomers and the Silent
DSYSNI GA2Yy Q& GNIXAfAYy3d SRISO ¢KAA NNIy3ISYSYyld 2F O NR I
68l GdzNF GAYy3 GKIFG | Ewar@rarehRin dhidlite Stéags ar of Yhesd Behefalticns. THe ©riSan vs.
Suburban Lifestyle dimension juxtaposes the380age group (younger, early households) from lstage adults
and early retirees i.e., the 589 and 6669 age groups, representing amer element of life stage emerging in
C2NRyG2Qa a20Altf SO2f238d ¢KS [ AT S14am @adSchildrenfaadtt@iE RAYSY
parents) from all 60+ age groups (older adults) provide a normative picture of residential neighbdsiinabeir
earliest and latest life cycle stages, as per the predominant age and composition of resident households. Generally,
early family, early household, and older adult areas follow their own patterns, a key question being how stable these
remainind dzo 3 S1j dzSy G4 Iyl fteasSa 2F wnnc YR HAamc® DA@Gdya 2t RSNJ |
20 GA2YyS AY wMdhpc ¢2NRByYyG2 G f SI &G -décknd suppbsionyFihally, FA G G K
from a generational perspec®> wMdppc aSSa . 22YSNBR &A0GNIRRfAy3I 2y-S 2F | R
edge (4n v Y2 aife Faaz20AlGSa gAGK StSYSyida 2F KAIKSNI {9f |
the trailing edge (3® o0 = & | G dzNJ { A y Zurb@naiéds anil 6 Sssddiatéd dif€style efendnts, are still in
life stages of early household formation, likely explaining why these urban spaces are so residentially transitory.

Having assessed and summarized my major findings for 1996 Toronto, | nowrag$&GSa results for 2006 Toronto.

129 §§ 21 f1& FyR al NIy lneightibéirhoodsESshifts in Sofohie ketivéen FORO012 F
130A stage which may beome ways off for many large apartment towers, especially those hosting goversforeted and/or

noNLINE FAG K2dzaAy3d gKAOK GSYyR G2 O2yGNROGdzGS (2 aft26SNI NBRS@St 2
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4.3.2¢ Toronto in 2006

HnncQa {9{ YR zA&aA06fS aAy2Nriée 5AYSyairzy o6! EAa wm
While still juxtaposing higBES from low in 2006, the SES and Visible Minorities dimension sh@hge

yS3AlLGABGS LRfSQa 6A33SAa0G RATTS NS Group (saUEENY.84(nKLSO6) Naiscpe | Y | | &

saturate in 2006, although the 58P group still does (Table4b). Generationally, leadingdge Boomers are 589

in 2006 (4049 in 1996)while trailingedge Boomers are now 40 T ¢ 2 NP y-&dgeBoomierS $tilRakfijame

GAOGK KAIK {9{ Ay GKSANI fFGSNI I Rdzf K22 RX ®B.Séneralli, §hed NJ G NI A

negative pole in 2006 seesprson houseB f Ra YR 2 G0 KSNJ Ay O2 Y S-ollai dccuplatithsii S 6 A i K

high home values, and high female participatf@nThe positive pole in 2006 sees thd® group and mulifamily

K2dzaSK2f Ra 22AY GAGK wmdpdc Qa & hdusenidsimo fikeh2irFlowfSESL&verlJr NSy (i 7

status occupations and low incomes increase in saturation from -2886, and high school certificates now

Faa20AF0S 6AGK 26 {9{ lf2y3 6A0GK y2 KAIK Sdukgoaf OSNI A

and are joined by South Asians in 2006. Further, 1880 and 1992000 immigrants saturate in 2006. The SES

YR *AaA0fS aAy2NRAGASAE RAYSyarzyQa 3IASYySNIt OKIFy3aS GNBy

occupational, educational YR SGKYyAO k AYYAINI YOG GNIFAGE GKFG RAAGAY3

Figure 45b shows Toronto CT component scores for the dimension in 2006, resembling, as in 1996,
| dzf OKI YyA1AQ& oHnmm0 ¢KNBS / Arthvad atitbscareNiegatitgd 2 RN GZ BV Vi 2 6 i
1996 swath of low{ 9 { / ¢ & WN(®Bigi N.E)leadn® manpaf these CTs as average SES by 2006. South
Etobicoke scores to high SES thainmcpdpc ® a Sy gKAf ST GKS / {5Q&TsyeanNdi K¢ Said S
moderateto-high positive factor scores, depicting marginality; while the former, occupying most of York and
northern Etobicoke, remains highscoring, by 2006 more of Scarborougcluding peripheral tracts around the

Pacific Malk, shift to positive factor scores, including several CTs scoring to the negative, affluent pole in 1996.

w

HnncQa | Nbly @ad {dzodz2NDly [AFSadetS 5AYSyarzy o!E
In 2006, the Urban vs. Suburban Lifestyle dimension continues to contrast hodsaibllifestyletraits

commonly associated with urban and suburban Toronto. The negative, suburban pole maintains core saturations of

4+ person and legally married households, auto commuting, single detached, distance from the CBD, and no recent

moves, inmost cases stronger than 1996, with most 19986 changédeing ofage saturation (Tables5h and b).

The 6669 group that saturates in 1996 is, in 2006, replaced by tid @roup (early families); the 589 group

(leadingedge Boomers) maintains mildsalzNI G A2y ® ¢KAa RAYSyaizyQa LRAAGAGS LI

131 This may also reflect the 493 N2 dzLJQ & Y.deOdtmidinalityis 2006 compared to .67 in 1996, implying the trailing

SR3ISQa &L GALFE GFENARFIYyOS aaz20AlGSa gAGK T OG2N8&4aand)aiA RS Y& S
132|nterestingly, 2006 sees female paifiation rate saturate .40 compared to .72 in 1996, as female employment becomes less

definitive in differentiating high from low SES neighbourhoods ergo households of all social classes now host working females
133Namely these areas host high shares ofiyefamily, singleparent, and/or multiF I YAf &8 K2dzaSK2f R&T (GKS yS
person household saturation adds to these archetypes of-efélprofessional couples and struggling families.
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FGOGNROdzESAa 2F WdzNBFyQ ¢2NRy (23 dzyRSNH2Sa YAYAYlFf OKIy3¢
in the last 5 years decrease saturation, making these traitsReSsF A Y A G A @S 2F WdzNDB Iy Q ¢2NRY
continuity demonstrates a degree of sodipatial fixity in the Toronto CSD. From a life course perspective, the 30

o INRdzLI 6 DSYSNI A2y - 6KAOK adzOOSSRA inlacativrSandifesty@.2 y i A y dzS

/| 2YLIR2YySyi alO2NBa F2NJ GKS wnnc ! Nbly @ad {fud@ndzNBly [ A
peripherysuburban pattern (Figs.@. FyR o00® ¢KA& A& FdGNAROGdziltotS G2 GKS |
tend to little change over a decade) relative to resident traits (Perle, 1982; Le Bourdais & Beaudry, 1988). Changes
between 19962006 are a general expansion of averagering tracts, those in white, neither highly negative (urban)
or positive (suburban), thizkd K G KS / {504 YARRtS NBIFIOKS&d 'y SELX YLl GAz2)
GKNRdzaK2dzi GKS /{5 KIa&a YIRS ySAIKo2dzNK22Ra®y2NB8 WYAESR

HnncQa ! LI NIYSydGa oeé ! 3S3: ¢ 6% Datasey\Rriahc®)OdzLI yia 5AY
Table 47b shows the 2006 Apartments by Age, Type, and Occupants dimension is third extracted and
explains 9.6% of dataset variance (fourth and 7.4% in 1996; Table¥4d { GAff SaaSy dAalft£e& RA&G)

and post1960 development eras and prominent dwelling type, some resident trait variables change. While the

yS3aFiABS LIt SQa &l NP6 hanlesiamNg sioly 2apadmerttsNdmnioti [avi douplesNake

joined by the 4849 group and no moves in the lasyBars. This spatializes where trailing edge Boomeri4in

2006) reside; these prand (just) postvar areas, often popular among gentrifiers (Walks & Maranaan, 2008), also

y2¢ FLIISEN £ Saa &adzoaSO00 G2 NBaARSaiatonsfcontindeNdbe BSedp ¢ KS L

apartments, Arabic / West Asian residents, and pt60 homes (2006 sees 198290 homes join 1961980:9).

Milder saturations include South Asians (as in 1996) and-#9811 n A YYAINI yia ONBLMd OAYy3I wmo

1981-1990 group). One can infer these areas feature low shares of no recent moves. As in 1996, this pole depicts

CTs with tall(er) apartments, developed pd$t61, that are landing areas for recent immigrants (particularly of

Arabic, West Asian, and @l K ! 3A LYy RSaO0OSyidod 5SaLAGS aKAFAIAY3I G NRI

fI NBESte NBaSYOGEtS mMppcQads 6AGK (KS /. B8adddSAy3d Iy AyONBI

HnncQad [AFS /80tS «k {iGF3S 5AYSyarzy o!EA&E nT cdm:
Tabledsd LI I OSa GKS [ATFS /80tS k {GF3S RAYSyYyaaAz2y | & wun

6pdm: | & Mddc QBa) THe diEhsidn Eemaing stable ovér $he dedade: its negative pole saturates

384 cnb kpghddn houelpidSand ather incomes are joined in 2006 by-p880 immigrants, as these

Torontonians age into later life. The-69 group desaturates somewhat, and even more ggegson households

134 This should be tempered, however, by acknowledging that the 1996 and 2006 factor scores being compared relate back to

two different components. They are similar but not identical mesaiable measuring Toronto CTs on the entire body of

measures saturatig each of the axes, saturations that differ in composition and magnitude each year.

135From 19962006, saturation of 196 py n K2 YSa& RS Of Ay S&a T dtBwiunality also degline®)pnyeaningi KS @1 N
its covariance with other variables lessseover time and/or ceoccurs with measures outside the datageble 4.3.4a and b)
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and other incomes over the course of the dectifleThe positive pole ndergoes more drastic change: of the
variables 014, 4649, 4+ person households, and lone parent families saturating in 1996, only the two age groups
remain by 2006, the-Q4 group also losing saturation. However, 2006 sees female participation joirotikvp,

early family pole. The 489 group represents trailingdge Boomers in 2006, showing some life course continuity

with their leadingedge peers who in 1996 were ages4®and saturate the 1996 Life Cycle / Stage dimension.

¢ KAAd RAYSY aitacsresi(FigOm)Yndigate SimiliaVe 2 dzy 3Q YR W2t Rap / ¢a | &
However, several areas shift from older to younger, vice versa, or from average to younger or older. For instance,
much of central Old Toronto, west of the CBD through Keisi-Chinatown and Little Italy and Little Portugal sees
AYONBIaAy3dte ySIriradsS FFEOG2N a02NBasz Ay RBeingtdnyam LJ2 LJdz |
Thorncliffe Park areas, and much of north Old Toronto adjoining these (includingdRaskeawrence Park, and
Forest Hill) see a proliferation of positive factor scores as early families begin to concentrate these districts. This
trend occurs just north of the Bloe¥orkville / Yongét. Clair areas, CTs which score strongly for agednd€96
and continuetoin2006'® ¢ KAa &K2ga K2g LINPEAYlIf ySAIKo2dzZNK22R&Q | 3
Mpdc G2 HanncI {OFND2NRAZAKQa 2dziSN¥Y2aid LISNALKSNE O2yiGAy
Of dz& G S NX & nd Yreadtyf dimiinigReS to kome degree. Several tracts revert to average scores as these once
YWySgQ YySAIKO2dz2NK22Ra | RGFYyOS (KNRdzZAK (KSANI tAFS Oeof So

as smaller pockets of CTs demographically shidtway at odds with the trends occurring in adjacent CTs.

HnncQa 91ad !'aAlya @ad x20FGA2yIFf 9RdzOFGA2Yya 5AYS
LY HnncX GKS 9Fad 'airxlya @gaed £20FiA2y+Ft 9RdzOI GA2Yy:

vocaitonally educated residents d&eingdivergentpopulations East Asians increase their negative saturation while

multi-family households and low incomes disappear such that, by 286¢pnly saturate with no official language

and missing middle, both leisan 1996 (Tables 8a and b). The positive pole still saturates agriversity and trade

certificates between in 2006 but dropsp&rson households. Saturating instead in 2006 are separated / divorced

andneafr ASNIF 3S Ay O02YSod 2 KAdtidhs aieknildy poiRta of Stabiity ahg” ddangeantbéstizNJ

L2fSa AYRAOIGS ¢2NRyG2Qa 91 a&d ! aAa-faniily hoyseholtiseay'idl 88, ygtNI O &

they continue to diverge from middling educations and associated class impficato Ay Hnnc ® ¢KS RAYSy

component scores largely resemble 1996 (Fig8a 4nd b). East Asian concentration in the Kensingtbmatown

FYR wWAGSNRFIES IINBlFa tSaasSys gKAES aO2NBa ydedadd { OF ND 2 NP

136 Saturations for Zerson households decrease fron60 (1996) to-.41 (2006) and other incomes fron65 to-.49 over the
same period (Tables@a and b).

187A stabilityalg NBFE SOGSR Ay (KS NBtS@OlIyld cnb [va 2F {SOGA2Y nouQa C
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2006 Components: Analysis Summary (5 Axes; 68% Dataset Variance)

No 2006 axes correlations warrant, . 411
analysis(Table 4.11), making for relativelyo‘XiS Correlations for Toronto CSD 2006 Dimensions

. . Dimension Label Axis 1 2 3 4 5
independent axe’$8 Yet, many variable

. . . SES and Visible Minorities 1 1
domains saturate several 2006 dimensionN$yrban vs. Suburban Lifestyle 005 1

2

Apartments by Age, Type, and Occupar 3 017 -005 1

Life Cycle / Stage 4 011 -010 -010 1
5

and 5059 age groups (Tab|839-. These can East Asians vs. Vocational Educations -0.03 -0.03 -0.05 0.02 1

especially for lifestage i.e., the @4, 4649,

be called complex socigpatial indicator&®. The first group, @4 (index of early families) saturates dimensions of

social status and ethnicity, urban form and lifestyle, and Wee/ stage, implying each dimension influences how

the 0-14 group situates, making family formation in 2006 Toronto less predictable solely by life stage i.e., axes of SES

and sub/urban location and lifestyle also playing a ¥8leSimilarly, the40-49 and 5659 groups (in 2006, trailing

and leadingedge Boomers, respectively) feature on several #xe%his illustrates different ways axes relate via

Ydzidzk £ € 8 K2aGAy3d OSNIIFAY O NARIFOf Sasz ( Ksgztal vardrice/ inbve O2 y (i N,
Fylrftel S nHnncQa OGpavabdimérBiBns i & morey@neral 8efsk. 2

¢KS LINEYAYSYyOS 2F wnncQ&d FANBG FyR aS02yR FES& AyR)
SES (inflected by ethnic / immigrant status) agdlivergence between urban and suburban form. These axes explain
nc®dps 2F HAnc QB OFICNINTKESNESG RISEILS (irSd a KA F (i dompoyfentSc&r&A S RA YS
their spatial patterning remains quite consistent between 1996 and 2806,2 6 Ay 3 G KF 0X RS&ALIAGS G
of change (e.g., new development, immigration), its underlying strudsieli 6 f S Sy adzNAy 3 O2y (A Yy«
social ecologySome of this stability appears to be attributable to elements of urban form, sutioas depicted
via the Apartments by Age, Type, and Inhabitants dimension which increases in overall explanatory l{sower
IANRPgAYI NBfSOIFYyOS adzllll2 NI a | dzf OKI y &4 speRificallpseciveconomicOf | A Y a

differentiation of neighbourhood by construction era anethnicity ¢ is increasingly crystalizing.

Relations between population age andban structure appear less relevant than other dimensions over
time i.e., the agfDSY G NA O [AFS /@80tS «kx {GF3IS RAYSyarazyQa RSOt Ay
adulthood and early familjffea G 3S& Ty R G KSANI Wi & LIAsRe, fyfe) as@suppSticiaimsk 02 Y LI
GKFdG 13S A& 0SO2YAy3 | fSaa STFTFSOGUADBS LINBRAOGAGBGS YSI adz

138 Compared to the 1996 dataset, where indexis correlations were generally higher (Tab@ 4.

B¢ KS GSNY O2YLX SE KFEa ALISOATAO AYLERNIZAK &dzNSHAWEAAYLYE B ESHZOK @
NBfFGAGS (2 GFNRIOf Sa ( K39i@ndWa720/9 bde §roupsonsistentlsaiutiogsyTableStd)d ¢ (1 KS o

“40This referstothemn | 3S 3INRdzLIQ& & {dzNI (0 A 2 V492 tife SEKd VisiblE BinofitésCahdSthek  { G I 3

Urban vs. Suburban Lifestyle dimension (respectively; Table 4.4).

141 Trailingedge Boomers on the Life Cycle / Stage and ApartmbntAge, Type, and Inhabitants dimensions and leasfiigg

Boomers on the SES and Visible Minorities and Urban vs. Suburban Lifestyle dimensions.ahilizglingedge also cavary

with 0-14 on the Life Cycle / Stage and the Urban vs. Suburbanyldéfesies (respectively), albeit both mildly at best (Tdbe.
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life cycle stage solely via age structure is harder, given life stage is less definitive of householditommH3d+3.

However, lessening relevance doesyestage and life stagom influencingt 2 N2y i2Qa a20Alf S02f 2
preMdy n AYYAINIyYyGa y2¢6 3S Ayid2 tFGSNI tAFS adl3sSas AYLE
ht R ¢ 2 NPwi geRléhient drgag for said groups i.e., Little Italy, Little Portugal, and KensiGgioatown

increasingly lean to negative scores for the Life Cycle / Stage dimension betwee@Q3#®@-ig. #b). Compared

to 1996, emergence of the-D4 group on théJrban vs. Suburban Lifestyle dimension in 2006 shows increasiag link

between family formation and built for#* furthermore, family formation is increasingly delayed to later life stages,

as per juxtaposition of early households (the@®group) from chiilren ontheaxiQa 2 LR aAy 3 LIt Sd t S|

not growingless definitive so much as its relationsudanstructure are evolving, requiring existivg2 RSt a4 Q dzLJRI G S

CAYLFffez | & ZFpathposkichnhalIbeontaGSD dszhey pass thinauccessive adult life
stages, the most striking change is that the prominent relation between lessligg Boomers at ages 4@ in 1996
and high SES is not recreated by their trailtaigie peers in 2006 (Tablesdd.and b), indicating a lesser bond
between this life stage and certain social and material conditions e.g., established;osH#e career success and
residence in upmarket Toronto. However, leadedpe Boomers, 589 in 2006, maintain relation to the SES and
+AaAo0fS aiy 2 NAghSES alememtsY(S yha prexefigi Silent Generation did in 1996). This indicates
thatthetwo 1068 SI NJ I 3S O2K2NIia YI1Ay3 dzJ G§KS . 22YSNI ISYySNI Azy
social ecology. At ages 5@, the leadingedge follows Silet Generation predecessors in saturating with suburban
form and lifestyle (Table 8b), marking life course continuity. The trailing edge, having left age893hd urban
Toronto behind for ages 409 between 19968006 maintains the same mild relation &arly family formation as
their leadingedge peers did i.e., saturation of the-49 group on the Life Cycle / Stage dimension both years. More
interestingly, trailing edge Boomers in 2006 lean to-p860 neighbourhoods comprised ofdlstory apartments
(and away from areas built 196d cdocpn YR G £ €t SNE pb aid2NEB LI NIYSydaos | &
and ethnic characteristics. Given CTs that score to thelp6® pole, and thus to heightened shares of the440
group, are largely centrized in Old Toronto, an area also scoring towards the Urban vs Suburban Lifestyle
RAYSYyaAzyQa dzNBSsyturdtdd)f trdiling erlge Boderosaem to maintain relatively stable residence
AY hfR ¢2NRyi(i20a NBaAaARSYiKEE OINPODNBRAROSWNIAKS RSN RRdzZ5 @ |
dimensions show a segment of the trailiagge Boomer population carving out their own ecological niche over time,

one diverging from leadingdge peers who following a more typical path of subuikation.

142Compared to 1996,-person households and other incomes saturate the 2006 SES and Visible Minorities dimdgsamml

-.61, respectively (Table 4.4). Their variance is how shzetudeen the two dimensions of socioeconomic status and of life stage.

43 SOGA2Y noduHQa cnb [va FT2NI mdbdc YR Hnnc AYRSE H#BRAE APSodr /¢
144 e., family formation is increasingly a suburbaientedLINE O0Saa FyR 200d2NNAy3 fSaa FyR fSaa
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4.3.3¢ Toronto in 2016

HamcQa {9{ YR zA&aA06ftS aAy2NARiASa 5AYSyarzy o! EAa
In 2016, the SES and Visible Minorities dimension continues to differentiate Toronto by SES, increasing to

30.2% of explained variande5 £ | G A @S (2 H Mhan@d. While theiegativet polé dtilsaturates white

collar occupations, other incomes, high home values, apéradon households, neither the 89 group or female

participation do as in 2006. Legal marriage saturamssead which, with Zberson households, makes household

composition increasingly SESevant. More striking, however, is saturation of East Asians demonstrate their ascent

from lowerSES in 1996 to higBES". Generally, the pole continues to denote i) f | &84 ¢2NRy (23 (K2 dz

elements of later adulthood are replaced by household type. As other incomes also saturate stronger in 2016 than

AY mppcI FAYIFIYOALIt Ay@SadySyda o6tA1Ste NBFE ofogl G So I NJ

¢CKAad RAYSyairzyQa Ll2aiilirgdS-2008 tofer lkdatibrmlSadtainmentiisiis S 06 S i ¢
FY2y3a GKS L2fSQa AGNBYIASNI al GdzNF GA2Yy AT Fa Ay HBSS Hnanc
pole, 2016 sees neunniversity certificates join in 2016. The D4 group no longer saturates as in 2006, but other
household types (lone parents, muftimily households) remain, joined by separated / divorced individuals. The
L2fSQa @GAaAotS YAy2NRGe “iasiddziiv and hebdveraydSivebmiey goverandeitt & & 4 |
transfers, high annual housing costs, and major home repairs. Primarily then, education / occupation status
continues to define SES, with income growing less relevant (in saturation) and household type nto& N® y i 2 Q &
GraA0fS YAY2NRGASaA Fftaz2 GF 1S RA“ EaSthNEhy léssdnihgiretesiancé 6f Bige dz3 K (i |
i.e., loss of the 4@9 and 5659 groups over time, is generational. As tralédge Boomers (449 in 2006) already
divergefrom the material success enjoyed by their leadauge peers (4@9 in 1996), it is not surprising that in
2016, trailingedge Boomers, aged 0 pX ¢2dzf R FlF Af (2 | -8SESDdnkiah& copsiruttKk G KS / {

I 2YLRYSyi ao2 NEB aVisblz Mihoktiesdnengion{re3gmblé 2008 (FigSb4nd c). Most
OKIy3S 200dzNBE y St NJ ¢2NRYyY 2 Qacong, NBRES Fratts goritidus i expandwesdt G K 2 F
into areas that in 1996 and 2006 scored to averaydow-SES. A similarend occurs in Regent Park, which scored
heavily to lowSES in both 1996 and 2006. By 2ah6, redevelopment ofpublic housing here (August & Walks,
HAMHO KlFa SR GKS&S /¢aQ {9{ dzZJAKATGP® Ly -BEHSHtharyy SNJI { d
entrenches in northwestern and northeastern Toronto. This 2016 SES and Visible Minorities axis represents a 10
8SIN) S@2tdziA2y 2F |1dzZ OKFyalAQa OoHnMMO HAanc 20aASNIFGA2Y:

145Briefly, as it is not my research focus, the fifth axis for 1996 (East Asians vs. Vocational Education8a) askEodiates this

group to lowincome, multifamily households, and IO1 Ay 3 2 FFAOAL € €+ y3dzr 384z G NRIof Sa
9Fad !'aArlya y2¢ 2LI12aS Ay GKSANI alddNI GAz2zy 2F GKS {9{ IyR =
18Conversely, female participation saturates .72 in 1996 artdcahall in 2016 (Tables 4a and c), marking steep decline in

how female labor activity delineates high from kSES; ergo, the archetype of a hi§ES, dual income professional couple now

requires a third source of income (or more) to meaningfully diffeiegrtthemselves as higBES.

147 Although South Asian and immigrated 192000 drop off, with 1981990 immigrants remaining.

148] e., Black residentgrow moreentrenched in IowSES by 2® while East Asian residents simultaneously achieve higher SES.

Kl
A
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HAMcQa ! NbFy @ao { dzdroeND 18P% DaraFeb\araice)S 5AYSy a2

The 2016 Urban vs. Suburban Lifestyle dimension maintains many of its core 2006 and even 1996
saturations (Table 8a, b, and c). The negative pole still saturates tHilGand 5859 groups (stronger than 2006),
with the 60-69 group rejoining as in 1996. Marriage, 4+ person households, auto commuting;detagbed, and
no recent moves are still major saturations, depicting a suburban built form populated by stable, large families.
Distance from the CBD and meftimily households (new from 2006) saturate to lesser degree. In 2016 Toronto,
both early families and late career / early retirement adults (age$%06069) lean stronger to suburban Toronto
GKFY AY Hnnc® ¢KS LJ2aAiiAgdS Boykaoib, deyidly, redfirig, S+ stopyiaknentzS a G 2 2
transit use, high local move shares, and high annual housing costs, with common law and separated / divorced
RSy20GAy3 daNBlFy | NBFQa Wit22aSND K2 dza SK 2 f -Rstoty dpedtz@ritsdzNS G NB
and need for home repait®. Generally, the pole still depicts urban Toronto, where early households predominate,
and (given the negative pole) early families and those agesb5ind 6669 underconcentrate. In 2016, these older
age groug represent trailingand leadingedge Boomers in late career / early retirement. Their mutual saturation
2F GKAA FEAAS FFGSNI LINA2NI 8SINBQ RAGSNEBSYyOSaz AYRAOIGA
later stages of adulthood anddae 2t R | IS @ h@SNIffsx GKS ! Nbly @ad { dzo dz

stable of the static PCA, sensible given its many entrenched, built form variables.

Given this, 2016 component scores largely align to 2006, and even 1996 (fag$,4nl c), yet change
occuisin some parts of the CSD. South Etobicoke leans more to positive scores i.e., urban traits, aardar@Ts
b2NIK , 2Nl Q& ¢2¢6y /SyiaSN®W Ly (GKS f1FGGSNE AYYSRAFGSt @ |F
ToronR Q& LINPEAYAGE 2F RAOGSNHSY(G o6dzAf ( FByhdfan, distyidly urbdnd 2 OA | (i ¢
since 1996, sees adjacent districts such as Rosedale, Bennington Heights, Lawrence Park, and Davisville emerge as
suburban residential enclaveb.K dza ¥ RSALIAGS (KA A RAYSYyaAz2yQ®R01E SeyefaNI f f & W

areas experience transition along this spectrum of urban and suburban built forms and associated social traits.

H N m ApQriments by Age, Type, and Occupants Dimension (Axis 3; 10.2% Dataset Variance)

As third axis of 2016 Toronto, the Apartments by Age, Type, and Occupants dimension delineates the CSD
according to its prevs. post 1961 development, related built formg, 8 G & LA OF € Ay KFO0A Gl y i G NI Al
strongest saturation is still pr£960 homes, and it retains the 4® group, 34 story apartments, and commeaw
couples® (Table 47c). Low Syear move shares that saturate in 2006 are replaced in 2@1i@dmale participation,
indicting mature, duah y 02 YS 02 dzLJ S&a -Wdhd2 NRA2NRBYVO2DA ¢HNE RAYSYarAz2yQ

149Talbe 43 shows these variables increasingly find their variance explained by other dimensions over time, namely those for
development era (Apartments by Age, Type, and Inhabitants) and SES, specifically marginal status (SES and Vis#g)e Minorit
makingtt5 4S8 TSI (idz2NBa f S3a RSTFTAYAGABS 2F ¢2NRBy(i2Q4& daNbly aLlk 0Sa
B¢ KAA OFNRFOof SQa Ay ONEBdecade tady period (985 A, 2906 & 605 ahtl 2065t aimarkedly

higher-.66; Table 43) demonstrates an increasing prevalence of looser household structlikely those in nascent stages of

WO 2 dzigdh thes&8a@eas, or at minimum the eschewing of traditional marriage as a form of rigid cohabitation.
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far more significant change in how it depicts pa8161 Toronto. Retained in 2016 are 5+ story apartments (albeit at

cM alGdzNI GA2y NBfFGAGS (2 H986% Ma1L193DQ, and (néwy IR92000 hoResa I G dzNI
5AaiGkyO0S G2 GKS /.5 &l (dzNT ds&udratidn®, makifig tveddbecniore Ndigheral in @S G 2
character than before. ThispoS Q& aKAFdia Ay K2dzaSK2fR FyR SGKyAO OKIFNIO

While Arabic / West Asian still saturate as in 1996 and 2006, by 2016 other indicators come to this positive
L2t SQa T2 NE7a Nmaydic). h#91adoGidmigrait group saturates more in 2016 than in 2006 and is
joined by an even stronger saturation of 262210 immigrant®3 South Asians saturate more than 2006 and are
joined by East Asians. Finally, low income now saturates, as do high hoosis@nd lacking official languages. The
way the Apartments by Age, Type, and Occupants dimension transitions between 2006 and 2016 i.e., the increasing
magnitude of immigrant and ethnic saturations, relative to the waning of housing type and age @h@axi & G N2 y 3 S &
aFddz2NF GA2ya Ay wmddpec YR Hnnc03X | G Spahal conkestior itivdei A S  LJ2
¢ 2 NR y (i 219b4, pedrihéral tracts and their ethnic and recent immigrant populations continues to define the
construct. Thisshif & 41 yR& 2dzi FdzZNIKSNJ IAGSYy K2g fAGGES (GKS 2LJJ2.
central, pre1960 neighbourhood @ , S > (GKS Wy Sg (2 uHnmcQ GNIXAGA y2¢ 0 dy
characteristics found in low share in pt®60 aeas i.e., there are increasingly fewer immigrant, visible minority,

and/or lowrincome residents in these spaces in 2016 relative to 806

Despite these changes, there remains a general temporal continuity in the spatial distribution of component
scores(Fig. 48a, b,ande @ | AIK LIRaAGAGBS d02NBa adGAftf ad2NNRdzyR ¢ 2 NP\
scoring Downtown CTs stretching into the Inner Suburbs, this then surrounded by a more peripheral bane of post
1960s development. In fact, CTs wliilgh negative scores (pE960) generally remain as such from 2006. It is mainly
positive factor scores (podt961) that change, sensible given how the respective saturations change. For instance,

GKS /.53 02yidlAyAy3 ¢2 NBiygs GRsioriek)AsdoieS lavier irk2D16 dhani2d06,avich G | f f
aligns with how that variable less meaningfully saturates the pole; likewise, intensification of positive factor scores

in northeastern Scarborough reflects considerable intensification of postiudc and immigrant saturations. More
ONRIRf&s (KAA wnmc |EA&EQA S@2ftdziAz2y [&aaA3dya ¢2NRyG2Qa |

sociaspatial marginality, a condition wedintrenched in many respects by the SES and Visibleries dimension.

151\Whereas this variable saturated .#Y 1996, it now saturates only .50 in 2016, showing housing of the-1980 era has

varied more in socigpatial trajectory with the passage of time (Tabléadand c).

B¢ KAa Ffaz AYLIOE0S@ighboRrNddds and Reir socilEnharacteristéan more towards core parts of Toronto.

158 f 325 gKAf-Bhhpihdd QBdzMPFME £ & 2FF (GKS H A A-2000geodpimaintains and €vén | y I f 23
increases saturation by 2016 (Tabl8)4the 198im hcpn I NR dzLJ S T (i 1991-R0BGIrémaivsi th e (it By 260K A f S

2010 immigrants. Considering lewv9 { Y SI &dzNBa +Ff a2 &l ddzNF GAy3a KSNBX GKSasS wtly
spaces that new arrivals find it increasingly more difficult tomigrate from.

BAThisiNBf F GABS (2 LINBGA2dza AGSNI A2y as Y2NB &2-20060F 2002086 K2g 20K
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HamcQa [AFS /@80tS8S « {GF3S 5AYSyaArzy oOo! EA& nT pdy:
The 2016 Life Cycle / Stage dimension remains quite stable from 2006, although explanatory variance

reduces further from 6.4% to 5.8% (Tabledbdand c). The negatiymle saturates 60+ groupssg&rson households,

pre-1980 immigrants, and other incomes (atneam nc f S@St 40X RSLIAOGAY3I ¢2NRyG2Qa

new generations pass into and through later life, this dimension varies little; leagiggBoomers (6669 in 2016)

F2ft2¢ LINBOSRAY3I 3ASYSNIGA2yQa WF2203ai0SLJAQY RSaLMAGS GKS

if anything consolidating itself with higher saturations of thé®Dand 40n 0 INR dzLJ&A S KAE S SaOKSGAY:

participation. The picture is of neighbourhoods predominated by early family households. Considering both poles

together, the Life Cycle / Stage dimension in 2016, as in 1996 and 2006, distinguishes CTs in their earliest and latest

neighbourhood lifecy8 &G+ 354 S@Sy +a tAFS adl 35S egampvariante. f Saa SEL

¢CKS [AFS /80tS «kx {d13S RAYSYaA2yQa HAMTbaRY,LRYy Syl
though several areas grow older or younger. Ye8geClair /Yorkville in Old Toronto maintairstrong, negative
factor scores; this agedness intensifies and spreads south into Cabbagetown. Conversely, west Downtown, including
KensingtorChinatown, generally revert to average scores by 2016, as the aging poputatamplaced by younger
onesp {2dziK 90G20A021S dzy RSNH2S& &AYAfF NI &0NHOGdzNI £  We 2 dzy
edge, many areas scoring positively early families) in prior years now register average or negative scores, as they
pass through the neighbourhood life cycle. A prominent example is outer Scarborough, where CTs increasingly age
from 2006, and even more so compared to 1996. Many parts of the Inner Suburbs, however, experience the reverse,
registering higher positive facter O2 N3 & | & @&2dzy3 FlL YAt ASa NBLI I OS (GKS St R
d02NBa& dzyRSNH2 GKS Yz2aild OKIFy3IS 2@0SNJGAYS O2YLI NBR (2 24
fixed (built form, building era) or quite entrenched.j.¢he SES and Visible Minorities dimension while population
F3Ay3a Oly 200dzNJ Ay lyeé /¢ RSaAaLAGS (KS&AS ySAIKo2dzNK2 2R

2016 Components: Analysis Summary (4 Axes; 65.1% Dataset Variance)

Before assessing 2016 ax@relations, the biggest change in these dimensions is the shift froma 5to 4
FEAE &aSGx & mddpec YR HancQad FAFTGEK RAYSYAADY &KISA @ S!I AN
strongest, East Asian saturation seemingly absorb inm@a {9{ FtyR *AaAofS aAy2NRGAS
traits and opposite other ethnicities. While shifts like this occur when experimenting with extrafiotise
NEBfFdAz2zya NBE FOOdz2Ny 6ST KSNBEZ | YSI y plgired mzSESLionNdver,2 y 2 F
9Frad !'aAalya Ffaz2 aldadaNIGS HnmcQad !'LINIYSyida o& ! 3Sz ¢
AYYAINI GAZ2Y @ NI 61068 devadopryeRt). ThasNiBeyEas? ABian gta@padsiheterogenous: some

lean to one lindle of local traits while others lean toward a starkly different collection of sgpadial attributes.

155] e., that variables tend to increasingly cluster together as fewer axes remain in the set.

106



2KAES HAMcQA | EA&bes@2NNBfFGA2YyE |+ NB
, .. Axis Correlations for Toronto CSD 2016 Dimensions
relatively low (Table 4.12) the SES and Visibte

] N Dimension Label Axis 1 2 3 4
Minorities and Apartments by Age, Type, and — —
SES and Visible Minorities 1 1
Occupants dimensiormorrelate 0.28, supporting Urban vs. Suburban Lifestyle 2 009 1

R . oA o .~ Apartments by Age, Type, and Qccupar 3 0.28 0.08 1
't NBFRe y20SR 02YyySOUh@dbisagd SUSSSY €42 N@Y 62 Qobs 1

high- and lowSES and its prand post1960 neighbourhoods, respectivéifd / 2 YY2y (2 GKS RAYSyai
positive poles i.e., marginal, pe$860 tracts are different visible manity and immigrant groups (even if not the

alYS 2y SIFOKO® 5SaLIAGS GKSANI RAGSNEAGEST ¢2NRBYy(i2Q38 RATTFS
i KS |/ { ®thnic orynBrjimigrant residents. The Apartments by Age, Type, and OccupantS yitnA 2 y Qa

increasing ethnic, immigrant, and |eBES saturations in pe$961 Toronto further supports this.

¢C2NRYyG2Qa YI22N) Hnnc (G2 wHwHnmc adNHzOGdzNI £ GNBYR A& O
status, changes being further divergence aBdfA Yy SYSy i 2F GNI AG& RAFFSNBYIGAF GAyYy3
social ecology is also considerably delineated by built form, dwelling era, angré8mity. The general result is
higherSES, noethnic/immigrant households centralize near Downtowhilg low-SES residents, many of visible
minority and/or immigrant status, peripheralize further from the CBD in-8®85 areas. While this trend increases
its explanatory prominence, the role that age as life stage plays-2026 seems to decline. The L@gcle / Stage
dimension takes a 1998016 decline from 9.4 to 5.8% of explained variance, although remaining markedly
consistent in differentiating the neighbourhood life cycle beginning from end. As the CSD ages (Table 4.1), generally
higher older adulshares across Toronto soften distinctions between oldest and youngest neighbourhoods as local
age structures grow more mixed. Association between older adults and affluence and early families and marginality
witnessed in 1996 Toront®' is no longer by 2016or even 2006), showing how later life course stages grow more
G NASR Ay a20Alt OKFNIOGSNE | a 2tedaeldeByrandstuggingtaoiless F A NI S|

| 26 SOSNE fAFS adGFr3asS adNRBy3te RG asinpNIByearsy whanS/ewed KS / { 5
against the Urban vs. Suburban Lifestyle dimension. Urban Toronto is predominated by early househ8@ls (30
IANRPdzZL0 6KAES G(KS OAGeQa &dzmdz2Nba |+ NB NIRHENG indwvo stiardeK ¢ 2 NB y
years, 6669 grours (Table 43). Further, early families i.e.; 4 group, increasingly associate to suburban Toronto,
including the 5669 and 6669 groups, which in 2016 are trailingnd leadingedge Boomers (respectively). Before
exploringhow Bow SNBR (NI OSNBES ¢2NRyG2Qa az20Alf SO2t23&3x GKS | NJ
explanatory prominence and juxtaposition of life stages means that although the neighbourhood life cycle (the Life
Cycle / Stage dimension) becomes less exptagaif neighbourhood structure and change in Toronto, associations
between elements of built form (housing type, location) and associated lifestyle factors (household type, journey to

work, residential mobility) remain heavily associated with specificesta the human life course.

156 Their mutually saturating variables are official language knowledge, low income, and high annual housing costs (T3ble 4.
157Them dpcpc  0BBcdbrelation between the SES and Visible Minorities and the Life Cycle / Stage dimensionsqTable 4.
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The passage of two decades s@oomesii NI OSNAS I RdzZ 6 K22R Ayd2 2t RSNJ f A1
social ecology in different ways. Leadigge Boomers lean to higBES in 1996 at ages-49 along with slightly
older (5659) Torontonians, a pattern they hold at ages-3D by saturating tb SES and Visible Minorities
RAYSyaAz2zyQa | FFtdzSyld LRES AY wnncI |yR (GKS [Boddiny @& {
1996). In 20186, they still saturate with suburban Toronto at age8%@ group also saturating the Life Cycktage
dimension with other elderly groups (O~ ynb0 Ay GKS /{5Q& 3SR ySAIKO 2 dzN.
Toronto 19962016, leadingedge Boomers proceed through adulthood into older adulthood roughly along the same
path of the preceding, Silériseneration, a journey marked by relatively high(er) SES and traditional suburbanism.
TraiingSR3IS . 22YSNAB (Kdza adlryR 2dzi F2N) K2g GKSANI LI aal3s
[ SFPAY3I mddc Qad S| NI & -B9P mling édgefBBomere ddvok assodaye with IREES &t agesn
40-49 in 2006; instead, they lean to pi®60 Torontd*®and away from neighbourhoods built 194990. However,
by 2016, the trailing edge (ages-50) tracks the leading edge (ages@f) more clsely, both saturating the Urban
Bad {dzodzNBly [AFSadetS RAYSyaraz2yQa &dzodzaNBly LRfST (KAa
.22YSNB 6SNB SIENIeé K2dzaSKz2f R& 2y (KI (eddeBoomn@sifollddli2 & A y 33
different SES trajectory, they do end up suburbanizing by later adulthood. This reveals that, although different halves
of the prominent Boomer generation take different life course paths, later life seems to have a homogenizing effect
on whatever generatinal differences existed between the two cohorts in previous, younger life stages. More
ONBFRt&z G €SIad Ay-edgekBdomerk, h&e ddE nat sedhPty lie 2y strikingSdiffeténge 3
thus far in their life course trajectory relative tbe generations which proceed it withif anythingg the trailing

edge being the ones to experience a different middle and later adulthood than those age cohorts born Before it

While comparing these 1996, 2006, and 2016 dimensions allows rasstess the relative continuity of
AYLRNIIFYy(G dzyRSNIe@Ay3d O02YLRySyida 6KAOK a0NHz2OGdzZNB GKS ¢2
approach is still unable to directly expose the explicit nature of change i.e., PCA on static data pravidék
some certainly useful information upon which to infer change but fails to yield a direct measure of how changes
overlap in relation to each other. To that end, | now turn to my analysis of axes resulting from PCA of direct measures
of change occuing during the decades 199806 and 2006t n mc X (KSa$S 2dzift AYSR Ay {SOGA:

158 Areas which overlap to considerable degreefvit i KS &+ YS OSYGNI f LI NG& 2F ¢2NRyid2 (KSe
159Two major caveats follow. First, discussed patterns of and differences between each Boomer edge need contend with the fact

age variables representing each achieve, at most .76 and at worst .40 communality in the data g)alnleahing a considerable

poNIiA2y 2F SI OKQ&a @FNAFYyOS Aa dzyl 002dzy i SR Faadudlinde®OBognies Y& & dz
in 1996, 2006, or 2016 prevent observations for leadidge Boomers when they are age-39 (in 1986) or the trailingdge as
theyenterages6@ ¢ AY HnucX F2NBadlttAy3a I Y2NB | O2YLINBKSyargdgsS 0O2YLJ
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4.4¢ Using PCA to Understand Population Aging in the Toronto CSD asPdramChange

This section analyses dimensions of sepatial changein the Toronb CSD between 199806 and 2006
2016. | first outline how PCA using chaigesed data differs from static PCA, this contextualize how my change
NB&adzg G& NB Y2NB WSELISNAYSYyGlIfQ GKIY FFEYAfAINBeinadl GAO
factorial analyses. Since one difference is that change PCA tepdsstent asléss explanator§than static (Perle,
1982; Le Bourdais & Beaudry, 1988), | introdwoel discussthe 19962006 and 2006t nmc O2 YLy Sy i a
communalities and overall elgined varianceTable 4.13), then outline other nuances of change PCA interpretation.
As for the analyses, while Section 4.3 presents the static 1996, 2006, and 2016 axes together (Table 4.3), dissimilarity
in the change axes sets precludes this; howettez, 19962006 and 2006016 analyses are both prefaced by a
ddzYYIFNE GFofS 2F (GKS RSOFIRSQa FES&a o6¢l ofSa fdrabmte YR no
first- to the lastextracted axis before | assess sets in their entirety. As before, | emphasize elements of ageing and

generational change. | now discuss change PCA generally to set the stage for the analytical sections which follow.

The major dvantage of using chang®sed data in PCA is to providelisect measure ofhow different
sociocd LI GAl £ OKFy3aSa AYOGSNNBfIIGSY ta 2LIR2ASR 2 AYFSNNAY:
However, this results in generally less capacitgxplain variance and adds to the complexity of interpretating the
changes (or lack thereof) portrayed. | now speak to explanatory variance issues, exemplified by t260®96d
2006n nmc FES&E aS8SG&aQ O02YYdzyl f A (A S 5 disouSsedRiNSBctich &zia tpbegosey 3 A Y (G S
of PCA and other factorial analysis is to simplify complex datasets into multivariate dimensions that represent axes
of maximum differentiation in the data e.g., higihom low-status, most to least urban. A®r Section 4.3, despite
change occurring ithose dimensions underlying 2 NP gati@l €célogytheir general trend iso maintain a stable
continuity throughout the 19962016 study period This echoes otheurban change studies, in thathe most
commonpattern is that of littleor no change at all (Delmelle, 2017). This means my chibaged datasets have less
overall and extreme variatiothan occurs in mgtatic datasets. This translates into the corresponding components
for 19962006 and 200&016havinglower explained variance and lower communalities, strikingly so in some cases
compared to the static axe®CA conducted oRA NB Ol YSIF adzNBSa 2F OKIy3aS Aa y20 Wi
YdzOK Faz Ay GKS O2y(SE( 23patidl iealitp fios 199670 WDFeBange S NRded)®d / { 5 Q&

come by, resulting in a lesser magnitude of variation to be extracted from the data as principal comp®nents

Comparing Table 23 2 { SOl A 2 y 2, avérall @¥plaitet vafiabce fordthechangecomponent
solutions extracted for 1998006 and 200€016, which account for 44%and 46% of respective dataset variance,

are roughly 225% lower tharfor the 1996, 2006, and 20aticsetsd®™, This is mirroredinth®@ K y3S aSGaQ @I N

160 An important caveat is that soci&patial elements outside my datasets may be responsible for variations occurring in the

¢ 2 NB y ( éhanbd dat® Bowever, the relative paucity of change in neighbourhood social ecology still forms the primary basis
for the lower communalities and explained variance of my change PCA sets compared to my static.

161 The 19962006 set results from an initiaktraction of 15 axes, and 20@®16 from 14 initial axes. My change datasets result

in more raw axes (345) than my static PCA-(®), despite having fewer variables; however, while keeping more change axes
may reduce their noted gap in explanatory powsrany are superfluous and difficult to interpret and thus are excluded.
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communalities: less than half in each exceed .50 communality. More strikitgtindecades, 13-14 registerbelow

don O2YYdzyl tAléex NBadzZ GAy3d Ay GKSANI SEOfdaAA2Y FTNRY (KL
group fails to achieve suffat communality in either decade, as dagsange in thet0-49 groupfor 20062016 (the

60-69 group also has a minimal .3Bppulation sharettangefor Black, South Asian, and Southeast Asian and Filipino
Torontoniansfail to warrant analysis, ao those renting, transit commuing, and of nearaverage incomeAs
changemeasures|ow communality does natecessarilyneanthe variable does not change at,adb much ashat

CTlevel change in the variabliacks the level of covariance that occansiong theR | G I Bighér @ammunality

variables Given change occurring among other variables in these datasets, which | consider rather comprehensive

AY GKSANI O2@0SNY3IS 2F az20Alt IyR aLIl GAFt R2YFAyadI AlG A&
covariance translates to minimal or at least lesser overall change in population proportion at the CT levdbwhese
communality variables represent grougigt maintain theirCTpopulation shareeven ifthese proportionsn a given

year vay considenblyacrossToronto. For examplewhile Black Torontoniarsaturate the SES and Visible Minorities
dimension(Table 4.4)indicaingad LJ: G A+t @F NRAI yOS Ay {(G(KS / {5Qathekhckef I yR f 2
communality in the change axes means these varied static patterns hold over time. In other words, Toronto
neighbourhoods tend to maintain thegopulation sharef Blackresidents Built form measures, conversely, mostly

achieve above .50 and even as high as8F@ommunality giventhey represent (ironically) stable points data

varigion in Toronto, compared tthe lessr covarianceand overall variance of mamhangemeasure$®

This is a useful segue into discaggiow interpretating changeaxesdiffers from relatively simplestatic
axesLy &0l GAO t /! 3indchtéshheitdegid d covalianadzNiih Gttielsyturating variableghey,
co-exist inhigh proportion together. Conceptually, positive or negative component scores indicate the degree to
which CTs associate with the social construct depicted by the component's positive or negative saturations. They
associate with these constructs, for ihsy 0S W2t RSNJ | Rdzf 6 K22RQ oI &GNRy3 yS3l
dimension; Table 4.6), if they have high proportions of negatively saturating variables, here older adult greups (60
69, 7079, 80+). By extension, they do not associate withtheSlyna A 2 y Qa LR aA G A @S 02y aidNHzO(x
their low proportions of positively saturating measures e.g., the® 3INR dzLJ® L YL NIl yifesx GKS
WE26Q LINRPLRNIAZ2Y Aa (GKFGd GKS&S | NB .6KSs with sBéa dedativé NJ 2 & S
d02NBa F2N) W2f RSNJ | Rdzf 6 K22 RQ I NB9, 7870 SihdB0+tageg@updiafefand K A I3 K S 3
whatever these shares might b&his explanatory schema, while seemingly redundant, provides a clear basis fo

understanding howchange 8 SR RI G FTdzy OdA2y Ay &l AR aO0OKSYlI IyR K2g

1820nly60f19961 nnc Qa pn GENRFo6f Sa KIFEFS Y2NB GKFEy T1m3: O2YYdzytftAlezr ¢
80+, MultiFamily HHds, Trades Certificate, Business, Advtanagement, Immigrated P¥£980s, Black, South Asian, Southeast
Asian / Filipino, Other Incomes, PersonsinNe##3 Ly O02YSs ¢NIyaAd /2YYdziAy3az-2008yGAy3as |
have communality less than 30% and are excluded from -P@@6 analgis. For 2002016, 8 of 52 variables have more than

70% communality, while 27 score less than 50%. Change in %16f 80+ MultiFamily HHds, High School Certificate Only,-Non

University Certificate, Trades Certificate, Immigrated 12890, Black, SohtAsian, Southeast Asian / Filipino, Persons in Near

@3 LyO2YSsS ¢NIryaiAid /2YYdziAy3ds wSYdAy3aI YR HnncQG6:: aAdaaiyd

110



Table 4.13
Communalities and Total Explained Variance for 5 and 5-Axis Solutions, Toronto CSD, 1996-2006 and 2(

Decade 1996-2006 2006-2016
# of Components 5 5
# of Variables 50 52
% Explained Variance 44.5 46
Variable Communalities by Domain
Change in % of 0-14 yrs old 0.48 0.54
Change in % of 30-39 yrs old 0.63 0.55
Change in % of 40-49 yrs old 0.59 0.20
Age / Life Stage Change in % of 50-59 yrs old 0.42 0.55
Change in % of 60-69 yrs old 0.61 0.33
Change in % of 70-79 yrs old 0.50 0.62
Change in % of 80+ yrs old 0.17 0.25
Change in % of 2-person HHds 0.69 0.63
Change in % of 4+ person HHds 0.85 0.79
Family & Household Change in % of Legally Married Persons 0.52 0.78
. Change in % of Separated / Divorced Persons 0.52 0.45
Characteristics .
Change in % of Common-Law Couples 0.43 0.39
Change in % of Lone Parent Families 0.36 0.50
Change in % of Multi-Family HHds 0.15 0.26
Change in % of No High School Certificate 0.65 0.63
. . Change in % of High School Certificate Only 0.37 0.23
Educational Attainment Change in % of Non-University Certificate 0.43 0.25
Change in % of Trades Certificate 0.26 0.18
Change in Female Participation Rate 0.34 0.54
Change in % of Business, Admin, Management 0.25 0.51
Labour Force & Occupatior Change in % of Arts, Science, Public Sector 0.42 0.35
Change in % of Sales / Service 0.34 0.35
Change in % of Trades, Transport, Manufacturing 0.42 0.52
Change in % of Immigrated Pre-1980s 0.23 0.46
Immigration & Integration Change in % of Immigrated 1981-1990 0.49 0.26
Change in % of Immigrated 1991-2000 0.56
Change in % of No Knowledge of Off. Language 0.52 0.51
Change in % of Black 0.26 0.20
. N Change in % of South Asian 0.24 0.18
Visible Minorities Change in % of Chinese, Korean, Japanese 0.40 0.34
Change in % of Southeast Asian, Filipino 0.20 0.25
Change in % of Government Transfer Income 0.61 0.74
Income Change in % of Other Income Sources 0.12 0.48
Change in % of Persons in Low Income 0.39 0.42
Change in % of Persons in Near-Average Income 0.11 0.14
Commuting Change in % of Transit Commuting 0.24 0.19
Residential Mobility Change in % of No Moves in Last 5 yrs 0.49 0.49
Change in % of Renting 0.29 0.03
Tenure Change in % of Annual Income on Housing 0.41 0.32
2006 Average Dwelling LQ 0.62 0.61
% Single-Detached 0.73 0.81
Housing Type % Missing Middle 0.42 0.27
% 1-4 Storey Apts 0.53 0.53
% 5+ Story Apts 0.73 0.81
% Homes Need Major Repair 0.42 0.57
% Homes Built Pre-1960s 0.86 0.86
. .. % Homes Built 1961-1980 0.71 0.54
Housing Age & Condition % Homes Built 1981-1990 0.43 0.60
% Homes Built 1991-2000 0.19 0.38
% Homes Built 2001-2010 0.46
Dwelling Density 0.50 0.71
Urban Form Distance from CBD 0.71 0.77
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Extending this framework to changel 8 SR RI il 2 6KSNBAY @FNRARIFIo6fSa YSI ad:
population proportions between a G F NI ' yR SyR LISNA2RSZ al idz2N> GA2ya AYyRAOI
AKATGA Ay LISNOSyidl3IS aKIFINBE O20I NE 6AGK SIOK 20KSNI 2 KA
a variable largely suffers proportional decline theb& 2 dzi G KS / {5Q& ncy [/ ¢a 2SN I |
AYRAOIF(GSa GKS @FNAIFofSQa t26Salid LINRPLRNIA2YLIf RSONBIasS:s
during the period®d ¢Kdza X al (dzNJ GA 2y NB LINBlan&gasend/ adleabtprbporiiofai Q I NB | |
decrease. Taken together, while change dimensions depict conceptual constructs on their negative and positive
poles just as is in static PCA, the types of change portrayed can be more complex to understand depemaling on
G NRFofSa OKFry3aS i GKS /¢ tS@Std Cc2tf2Ay3ad GKAAZT LI2aAI
GAGK RAYSyaAzyQa LIRaiAiAdS 2N yS3alGA@S O02yadNHzOGasz &dzOK
saturatingvak 6 f S& SELISNASYOS (KS RIFGF&aSioa fLFNBSad AyONBIl &S
still function the same as in static PCA, it is just that the constructs portrayed by chasgeé dimensions can be
more complex. While potentially morefticult from an analytical perspective, this reflects possible ways in which
sociospatial change can occur e.g., large proportional increase in measure A might covary with large increase in B
and at the same time covary with minimal proportional decreiasmeasure C, a measure that declines considerably
AY /1 ¢& 6KSNB YSIadaNB’a ! YR . R2 y20 AYyONBlFIaSo /fFNRTFeA
FYRk2NJ £ SFad RSOftAySQ Ffaz2z Ffft2a YS (200N HYIR S K-S
saturations indicate the most increase (in the dataset) for those chdwaged variables and the most decrease (in

the dataset) for changbased variables on the opposing pole (the inverse meaning implied rather than 3fated)

Give/ Y& OKIy3aS 02YLRySyidaQ 3SySNIfte f26SNI SELX |yl (2
employ of certain static, spatial measures alongside chdrzped measuré€® (Perle, 1982; Le Bourdais & Beaudry,
1988; Murdie, Logan, & Marannan, 2014), myanged  a SR t /! 2F ¢2NRy G2 A& Y2NB WS
ndoQa adliArAd t/ ! o | 2gS @ad8sNampdhé&nisalutien? étiiactgt Zram mybliBrQd daedssts (0 K S
from providing a detailed picture of the nature and extent of sespatial clange in the Toronto CSD for 192606
and for 20062016. With these nuances regarding change PCA lain out, including an assessment of their capacity to

explain variance in my datasets, | now analyze first my -22@® then my 2002016 component sets.

163 jkewise, if a variable mostéxperiences proportionahcreases across thdataset,the pole opposing its saturation depicts
where theR | (i | Batinerdase occurs

84 G GAO YSIFadaNBa 2y lye LRtS AYyRAOFGS GKS RIGFASHQa fKAIKSAD
said measure are founduponthe dpgi Ay 3 L2t S 62dzal a GKS OFLasS éLa Ay {SOlA2y n
WYh2 St Q KSNB YShya GKFG GKS OAGSR asddniessires dzdes thdR emrgt@aéua 02 YL
percentage share shifts in certain entrenched physical varsadfleh as housing stock whighy t / | Qa 2 y SEI T

2
of maximum differencpresults in low communality and nesaturation of said variables; see SectionB)a RA dzaaArzy 2
development for further context behind my rationale to dige from these preceding studies.
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4.4.1¢ Toronto from 1996 to 2006
For this analysis of change in Toronto 12886, and for the subsequent 202816 analysis, a summary table
2T (GKS RSOFRSQ& p | B drganized byziakadlg domainSpndBides a doriteixtiBadis rfom
discussion of the set and highlights if and how variable domains saturate multiple dimensions. Tdlpiedents
GKS F2tft26Ay3 p RAYSYAA2Ya 2 F2008 Habefled Sccakdifg to AajbPsytiraticans. a 2 OA |

Urbanizatior/ Peripheralization by SES
Generational SES and Household Change
Density of Apartments vs. Single Residential

Household Size by Neighbourhood Life Cycle

o > 0w N E

Agingin-place vs. Succession

The following enumerates the tables of axis saturations and comiiti@saand component score maps that support
my analyse¥® Table 415 and Figure 4.0 correspond to the Urbanization / Peripheralization by SES dimension;
Table 416 and Figure 4.1to the Generational SES and Household Change dimension; Thb&nd.Fgure 412to

the Density of Apartments vs. Single Residential dimension; Talfeadd Figure 4.3 to the Household Size by

Neighbourhood Life Cycle dimension; and Takl®4dnd Figure 4.4to the Agingin-place vs. Succession dimension.

166As peforg O2YLRYSyd &da02NB YI LA dzaS akKFrRSa 2F o6fdzS (2 RSy234GS 1/ ¢3
orange denote CTs scoring to the positive p@bite denote CTs scoring minimally to either thegative or positive pole.

113



Table 4.14

Components by Domain and Variable for 5-Axis Solution, Toronto CSD, 1996-2006

Domain

Indicator Explained Variance (%)

Urbanization /
Peripheralization
by SES

14.0

Generational SE<
and Household
Change

9.4

Density of
Apartments vs.
Single Residentia

8.7

Household Size b
Neighbourhood
Life Cycle

Aging-in-place vs.
Succession

6.8 5.7

Age / Life Stage

Change in % of 0-14 yrs old

Change in % of 30-39 yrs old
Change in % of 40-49 yrs old
Change in % of 50-59 yrs old
Change in % of 60-69 yrs old
Change in % of 70-79 yrs old
Change in % of 80+ yrs old

-0.52
0.61

0.62
-0.49

0.45
0.66
-0.62

Family & Household
Characteristics

Change in % of 2-person HHds

Change in % of 4+ person HHds

Change in % of Legally Married Persons
Change in % of Separated / Divorced Persons
Change in % of Common-Law Couples
Change in % of Lone Parent Families

Change in % of Multi-Family HHds

-0.64

-0.60
0.50

0.43

-0.81
0.90

Educational Attainment

Change in % of No High School Certificate
Change in % of High School Certificate Only
Change in % of Non-University Certificate
Change in % of Trades Certificate

-0.45
0.61
0.56

0.43

Change in Female Participation Rate
Change in % of Business, Admin, Management

Labour Force & Occupatior Change in % of Arts, Science, Public Sector

Change in % of Sales / Service

-0.49
-0.42

Change in % of Trades, Transport, Manufacturing 0.63

0.44

Change in % of Immigrated Pre-1980s

Immigration & Integration Change in % of Immigrated 1981-1990

Change in % of No Knowledge of Off. Language

0.56

0.65

0.42

114



Table 4.14
Components by Domain and Variable for 5-Axis Solution, Toronto CSD, 1996-2006 continued

Urbanization / Generational SE< Density of Household Size b
Peripheralization and Household Apartments vs. Neighbourhood
by SES Change Single Residentia Life Cycle

Aging-in-place vs.
Succession

Domain Indicator Explained Variance (%) 14.0 9.4 8.7 6.8 5.7

Change in % of Black

Change in % of South Asian

Change in % of Chinese, Korean, Japanese -0.42 -0.44
Change in % of Southeast Asian, Filipino

Visible Minorities

Change in % of Government Transfer Income 0.69
Change in % of Other Income Sources

Change in % of Persons in Low Income 0.54
Change in % of Persons in Near-Avg Income

Income

Commuting Change in % of Transit Commuting

Residential Mobility Change in % of No Moves in Last 5 yrs 0.67

Change in % of Renting
Tenure Change in % of Annual Income on Housing -0.48
1996 Average Dwelling LQ -0.43 0.60

1996 % Single-Detached 0.80

1996 % Missing Middle -0.60
1996 % 1-4 Storey Apts -0.68

1996 % 5+ Story Apts 0.42 -0.72

Housing Type

1996 % Homes Need Major Repair -0.48
1996 % Homes Built Pre-1960s -0.80
Housing Age & Condition 1996 % Homes Built 1961-1980 0.71
1996 % Homes Built 1981-1990 0.43
2006 % Homes Built 1991-2000

1996 Dwelling Density -0.63

Urban Form Distance from CBD 0.76
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1996H nnc Q& ! NBIFYATFGA2Y Kk t SNALKSNI tATIFGA2Y o0& {9¢

The first axis extracted for 199806, the Urbanization / Peripheralization by SES dimension, explains 14%
of datasetvariance. The negative pole saturates the most increase of coMavercouples and whiteollar
occupations between 1998006, as well as high 1996 shares of-p&0 homes and-4 story apartments (Table
4.15). The positive pole saturates most increasegofernment transfers, low incomes, no official language
knowledge, and blueollar occupations between 199806, as well as distance from the CBD and high 1996 shares
of 19611980 homes and 5+ story apartmeHts This dimension builds on the static resulty showing that
socioeconomic patterns of 1996 (SES and Visible Minorities dimension; Table 4.4a) further consolidate from 1996
2006,ax;dza Ay3 GKS o0dzAf G F2NXY YSIada2NBa 2y alyYS &SFkNRa ! LI NI
4.7a; Fig. 48) and indeed same measures featuring here (Table 4¢16)2 NB y (i 2 Q4 96@a@ebsSdEClineINS
low-SES measures and peripheral, 19880 CTs see |Ie®ES measures increa3éere is also some overlap with
household formation or dissolution among coramlaw couples. The analytical import of this change dimension is
that it makes a finding arrived at in the static analyses (one arrived at via inference eyé@atechange in several
static axes and their component scores) directly explicit, showingpieeific measures contributing most to SES
OKIFy3aS Ay ¢2NRyi(i2Q0a a20Alft SO02t23@& yR (K2a$S lawLsSoida 2

Figure 4.10 shows that component scores for the Urbanization / Peripheralization byng#Sidn take
on a coreperiphery orientation sensible given its built form and spatial saturations. High negative sioalieating
increasing shares of highcome measures and whieollar occupationsgccur largely within Old Toronto, though
south Etolicoke, York, and even southern stretch of North York generally experience upward SES shift. Positive
scores, indicating increasing shares ofdoaome measures and blumllar occupations between 199806 (thus
resulting in overall decline in local SHSNB f | NASf & LISNALIKSNI X GKS &adNRy3Sai
Etobicoke, North York, and most of Scarborough (heaviest around Pacific Mall). Scores in part derive from saturation
of distance from the CBD, 194B80 homes, and 5+ story apartmte. However, some core Toronto
YSAIKO2dzNK22Ra So3dx . e {GNBSGZ vdsSSyQa tIFNJX FYyR ! yAcg
Park areas, rather severely despite being just removed from Old Toronto (demonstrating considerabldiS&S dec
These scores also overlap the static Urban vs. Suburban Lifestyle dimension (Fig. 4.6), sens#iargidspatial
G NRFOofSad 22NIK y20Ay3 A& stitidiménsiondriye 4Aba) sHows{wesk QfdToranfod A 6 f S
as lowSES, st the area scores foBES incread@egatively) hereas affluent populations rarbanize a previously
lower-SES innecity area; thisis alsthe O &S Ay hf R ¢2NRByYyi2Qa wAGSNRFItS |yR 51
FEA& 2F OKI y3Sn dirdcture id NIO§ dnd QD6 adeNceritralization of k&S attributes and
peripheralizationoflos{ 9{ F G GNAOGdzGiSa Ay GKS /{5Q& LISNALKSNEZI I NBI A&

167 With this and subsequerdaxes poles depict where opposingaturationsare low in share or experience the most decrease
ADPSPY RA&AGI YOS FNBY GKS /.5Q04a LI aAiilAdScenrdlifedthelnégatigesaturdBadgs LIK S NI £

116



Figure 4.10 Table 4.15

Urbanization / Peripheralization by SES Dimension

Urbanization / Peripheralization by SES Dimension ) )
- Saturation and Communality Table, Toronto CSD, 1996-2006

- Component Scores, Toronto CSD, 12906 Decade 1996-2006
Extraction Order First (1)
Variance 14.0
Cumulative Variance 14.0
Domain Indicator Saturation Comm.
Family / Household Change in % of Common-Law Couples -0.64 0.43
Occupation Change in % of Arts, Science, Public Sector -0.42 0.42
Housing Type 1996 % 1-4 Storey Apts -0.68 0.53
Housing Age 1996 % Homes Built Pre-1960s -0.80 0.86
Occupation Change in % of Trades, Transport, Manufacturing 0.63 0.42
Language Change in % of No Knowledge of Off. Language 0.56 0.52
Income Change in % of Government Transfer Income 0.69 0.61
Income Change in % of Persons in Low Income 0.54 0.39
Housing Type 1996 % 5+ Story Apts 0.42 0.73
Housing Age 1996 % Homes Built 1961-1980 0.71 0.71
Urban Distance from CBD 0.76 0.71
0 10 20
__ | |
Kilometers
B 240--150
0 140--075 $Increasing SE§ommonlaw; Central, Pre1960
-0.75--0.25
-0.25-0.25
0.25-0.75
I 0.75-1.50 Decreasing SESpmmonlaw; Peripheral, 19611980
B 150-240
[ Datana
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The second axis extracted for 199606, the Generational SES and Household Change dimension, explains
9.4% of dataset variance. The negative pole saturatest increasef the 3639 group, legal marriag&ast Asians,
and no high school certificates between 192806, ass St f | & mMdpdc Qa KAIK K2YS @I f dzSa
pole saturatesmost increasef the 4049 group, separated / divorced, lone parents, high school andumiversity
certificates,; YR al f SakaSNBAOS 200dzLJ GA2yad DSy-&Netieer2@¥st f &> G N
2006 (aging from 3@39). Tle axis shows 19962006 SE®hangebased on educational attainment, household
composition, and life stage. The positive pole showoiiiw CTs with relatively low 1996 home values experience
householddissolutionand increasing shares of middling educatiamsl sales/ serviceworkers Thistrend links to
tralingS RIS . 22 YSNE Q LJ -29%td 440, stippd@tivig stafit Sdalysetbmt ¢ 2 NP yafeBbora
Boomersare lessalignedwith affluencethan their leadingS R3S LISSNA® ¢KS yS3F A @S LRt S
high- SE@reasgenerally increase in SES by 2006, as middling educations, sales/service jobs, and separated, divor
and lone parent households decline, and marriage rates increase amidst an influx of early househd®jsa(@0or
East Asiarl€®. The increase of 30 p KSNB S@21Sa | WRSY23INILIKAO O2y@Seé2ND
household formation ¢t 3S& Faa20AF GSR gAGK f SaaSNI NBaz2dz2NDSao GKS w
from a highefrSES background than workinigss incumbents whose population shares diministe(nstra & van
Gent, 2012 While saturating no high school certificate contradicts SES increasealt88éy saw low shares of this
variable in¢ 2 N2 vy (| BEJareMKISNE (KA & RAYSyaizyQa O02YLRySyid ao02NB
experience minimal decline in alreadow share, a lack of change accompanied by large decreases in high school

and nonuniversity certificatessociated with a declining workiogass®®.

Figure 4.11showsti KS DSYSNY GA2y L+t {9{ IyR | 2dzASK2 pdaly KIy3S |
orient like thestatic SES and Visible Minorities dimension (Fig. i) also resembhg| dzf O K H(A0HL)THre@ a
Cities. Negative scores shamcreasing SES and household formalization t R ¢ 2 NP ¥xieAdivgto odterNS >
North York asmilder scores spread east through north ScarborolRpsitive scores sholWwousehold fragmentation
and decreasing SES predominate in two major clusters: the first and most intense is in York arefggheadorth
into west North York. The other starjisst east of the CBD and spreads east through Riverdale, the Danforth, and
parts of East York before coming to cover much of south Scarbordigh.a R A YcSmypankrisyofes support
| dzft OK I y a1l A Qaandéwstatys Tardadgiow iKckedsiaglpolarizedviatheir respectively increasing and
decreasing SES; it also shows these trajectaiehange align witldistinctions in household type and education.
Tying this togetheristraiin R3S . 2 2 Y S N& Q9 tb DA%y asdgerErhit®ndl Eeourse transitioreither
as agingn-place or inmigration) that aligns tof dzNJi K SNJ RS Of A y6ES, QGity #3 (S2did@h ¥.8.2 Flgi 3.4).2 &

168 East Asian 8E Sncrease herelarify static PCA resuliwherethey graduallyalignwith high SEBy 2016 (Table 4.3)

19¢ KS AYLIEASR LINBYAAS o0SAy3a (KIG wazyYS 2 i KaSWRhiclk RadafotedsioR y (&L
AYTSNBYOS |yR StAYAYLFL(iA2YyE ¢g2ddR 0SS (GKS WdzyA@SNEAGE OSNIA"
multicollinearity, the presence of which, however, can and should still be inferred in findings such as thesa §Set}.
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Figure 411 Table 4.16

Generational SES and Household Change Dimension

nerational SES and H hold Change Dimension
Generational SES and Household Change ensio - Saturation and Communality Table, Toronto CSD, 1996-2006

- Component Scores, Toronto CSD, 1996 -2006 Decade 1996-2006
Extraction Order Second (2)
Variance 94
Cumulative Variance 23.3
Domain Indicator Saturation Comm.
‘ Age Change in % of 30-39 yrs old -0.52 0.63
L Family / Household Change in % of Legally Married Persons -0.60 0.52
f Education Change in % of No High School Certificate -0.45 0.65
Ethnicity Change in % of Chinese, Korean, Japanese -0.42 0.40
Housing Value 1996 Average Dwelling LQ -0.43 0.62
Age Change in % of 40-49 yrs old 0.61 0.59
Family / Household Change in % of Separated / Divorced Persons 0.50 0.52
‘} Family / Household Change in % of Lone Parent Families 0.43 0.36
Education Change in % of High School Certificate Only 0.61 0.37
Education Change in % of Non-University Certificate 0.56 0.43
Occupation Change in % of Sales / Service 0.44 0.34
0 10 20
. |
Kilometers
B 365--1.75
-1.75--1.00 W |ncreasing 369, Household Formatiorkast Asians, Stable No High Schatigh Home $,
-1.00--0.25
-0.25-0.25
0.25-0.75

I 075-150 Increasing 419, Household Fragmentatiomncreasing High School and Ndumiversity, Sales

B 150-270 J / Service:Low Home $
Data N/A
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The third axis extracted for 199806, the Density of Apartments vs. Single Residential dimension explains

8.7% of dataset variance. The negative pole saturates high 1996 shares of 5+ story apartments, density, and major

repairs (Table 4.17). The positipole saturatesmost increaseof 19811990 immigrants and no high school

certificates between 1992006, as well as high 1996 home values and shares of slatiehed dwellings. The

RAYSY&aAzy RAFTTFSNBYUGALF(GSa ¢ 2NEY infdch Reas/(de§alivié pole) fiord #sA O £ £ &

leastdense residential districts, where single detached homes predominate (positive pole). The suburban built form

depicted by the positive pole sees shares of 29990 immigrants increase or at least remain statdupporting

claims that recent immigrants tend to peripheralize into the Inner Suburbs and away from Downtown (Qadeer,

HAMNUYE Fa 2LIIRAEASR (2 LINBGA2dza SN a 6KSy ¢2NRYy(i2Q& 5246y

Somewhat predictably, compent scores for théensity of Apartments vs. Single Residential dimension
OCAIDd ndmMHO FRKSNB G2 F FI YAT Al N RA adiaNdUiazive Supburbarf ¢ 2 NB
Lifestyle dimension; Fig 4.6). Here, negative scores denote ddageading 5+ story apartmentscatedlargely
withini KS / { 5Q& OSYyGSNI 6FtoSAd 6AGK RSTAYA {iabd pasftivizacor&sNBE  |j dzA (
¢ denoting dispersed, higheralug singlefamily residential neighbourhoods, found closérz ¢ 2 NRy (i 2Qa SR
b2ilofS SEOSLIiA2ya (G2 GKA& INB htR ¢2NRyd2Q& /ool 3Saz2,
out as residential enclaves not far removed from Downtown. Differences between this axis and the similar static
dimension an be attributed to the Density of Apartments vs. Single Residential dimension lacking a distance from
the CBD saturation; this makes this axis (which also features home values as a distinguishing factor) a purer measure

of urban form, and less so afbanlocation than the Urban vs. Suburban Lifestjilmension (Tables 4.17 and 4.5).
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Figure 412

Density of Apartments vs. Single Residential Dimension

- Component Scores, Toronto CSD, 1996 -2006

B 360--175
. 75-075
| 075--0.25
| 025-025
. 025-075
P 075-175
B 1 75-335
" DataN/A

0 10 20

1 |
Kilometers

5+ StoryApartments, Density, Low Home $

Table 4.17
Density of Apartments vs. Single Residential Dimension
- Saturation and Communality Table, Toronto CSD, 1996-2006

Decade 1996-2006

Extraction Order Third (3)

Variance 8.7

Cumulative Variance 32.0

Domain Indicator Saturation Comm.
Housing Type 1996 % 5+ Story Apts -0.72 0.73
Housing Condition 1996 % Homes Need Major Repair -0.48 0.42
Urban 1996 Dwelling Density -0.63 0.50
Education Change in % of No High School Certificate 0.43 0.65
Immigration (Period) Change in % of Immigrated 1981-1990 0.65 0.49
Housing Type 1996 % Single-Detached 0.80 0.73
Housing Value 1996 Average Dwelling LQ 0.60 0.62

SingleDetached, Dispersed, High Home $, Increasing 12830 Immigrants Stable No

High School
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The fourth axis extracted for 199806, the Household Size by Neighbourhood Life Cycle dimension
explains 6.8% of dataset variance. The negative pole saturates increaseof the 7079 group and erson
households between 1998006 and high 1996 shares of missing middle (Table 4.18). The positive pole saturates
most increasef the 0-14 group and 4+ person households between 12066. The dimensioshowsthe shrinking
or growth of householdthat occurs during the neighbourhood life cycle. The negative pole represents late stages
where aging households downsize, while the positive pole reflects initial stages where new families predominate,
whetherinnei @ o6dzAf G I NBIF & 2N ySAIKo2dzZNK22Ra WNByYySgAyaIQ TNRY
It Ady aSyarofeée 6AGK aYFffSNE 2f RSNJI K2dzaSK2f R&® ¢KAA | EA
4.6) in juxtaposing older aduind smaller household measures from children and larger households, although this
GAYS a I LINRBOSaa O0A®PSOI | IAYyIAT We2dzyIAYyIQU AyadSIR 27

I 2YLRySylG aO2NBa T2N wmdduchaod Life @ydigi dnfedsiorR(Fid. 4.138presedt b SA 3
rather distinct negative scor@ncrease of smaller, older househojdiecrease of larger, early fane) and positive
score(showing the oppositepatterng’®. Amajor cluster of household shrinking / agiagcurswest of Downtown,
in KensingtorChinatown, Little Italy and Portugal, TrinBgllwoods, and into York. Heading northwest, negative
scores drop off somewhat until reaching North York, where CTs south and west of York University also score
negative ® ! y2 i KSNJ Of dza 1 SNJ 2 T & K NJenifedchedin westINath Yok atd@OstizfiE A Yy
north-east Scarborough. Recalling the static Life Cycle / Stage dimension, this area scores quite towards early families
and away fromolderadultg(t 6t S nd®cT CAIdPndTO AY Mdppcd ¢KS | 2dzaSKz2f R
negative scores in these areas, which represent increasing proportionpesan households and 710 group and
decreasing proportions of 4+ person households art¥ Qyroup, show that 1996 Scarborough passes further
through the neighbourhood life cycle by 2006. The other end of this life cycle, wherein early family proportions
increase, is depicted by strong positive scores in north Old Toronto extending into NortBaah York. Starting in
east Old Toronto and stretching through south and central Scarborough, as well as in south and central Etobicoke,
neighbourhood renewal and related changes in household composition are also shown to occur (though to a lesser

magnitude as per milder positive scores) as young families occupy greater population shares in these CTs.

170The magnitude and extent of these component scores should also be considignegspect to the role played by saturation
2F ¢2NRPYy(i2Qa mMdopdc aKINBa&A 2F YAaaAiyd YARRES RgSttAy3dao
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Figure 413 Table 4.18

Household Size by Neighbourhood Life Cycle Dimension

Household Size by Neighbourhood Life Cycle Dimension : _
- Saturation and Communality Table, Toronto CSD, 1996-2006

- Component Scores, Toronto CSD, 1996 -2006 Decade 1996-2006
Extraction Order Fourth (4)
Variance 6.8
Cumulative Variance 38.8
Domain Indicator Saturation Comm.
Age Change in % of 70-79 yrs old -0.62 0.50
Family / Household Change in % of 2-person HHds -0.81 0.69
Housing Type 1996 % Missing Middle -0.60 0.42
Age Change in % of 0-14 yrs old 0.62 0.48
Family / Household Change in % of 4+ person HHds 0.90 0.85
0 10 20
| |
Kilometers

B 3.10--150

1 -150--075 S Increasing 7679, Declining @14, Shrinking Households, Missing Middle
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1996H n n ¢ Q ain-plaéeAg/ Slccession Dimension (Axis 5; Batéset Variance)

The fifth axis extracted for 1998006, the Agingn-place vs. Succession dimension explains 5.7% of dataset
variance. The negative pole saturatesst increasef the 3039 group, East Asians, and the share of annual income
spent on houmg between 19962006 (Table 4.19). Thaositive pole saturatemost increaseof the 5659 and 60
69 groups and of no recent move shares between 12066, as well as high 1996 shares of homes built from 1981
to 1990. Generationally, leadifgR 3 S . H25Y03 NESXBEtwern 19962006 (aging from 4@9).As on prior
axes, ife stage elements play an important role defining the Agimglace vs. Succession dimension. The negative
pole is where early households grow increasingly prominent, as do recergasnawprocess associated both with
C2NRyG2Qa 9lad !'aAaly LRLWzIIOS FtyYR gAGK AYyONBlFaAy3fe
neighbourhood maturation as latstage adults predominate via agiimgplace, a process increasing local residential
stability. This process is partly driven by leading edge Boomers i.e., increase ofH9egbOup, who (referring to

the static analysis) follow similar patterns to the previous, Silent generation (here, increase of@8egéoup).

Component scores fahe Agingin-place vs. Succession dimension showcase two major clusters of positive
scoresj.e.,increasing neighbourhood stability related to-66-yearoldsaging in place (Fig. 4.14)he first occurs
from Downtown north through Forest Hills and Lawce Park into North York and east across the Don Valley into
Riverdale and the Danforth. Aging and neighbourhood stability also predominate in eastern Scarboroughasvhich
per complementary scores dhe Household Size by Neighbourhood Life Cycle dimension for aging and household
shrinking in these ared§ig. 4.13)showl Y2 i KSNJ F y3f S (2 (GKS&S adzodzZNbQa 2 OSNJI f
and accompanying shifts in local social character. Converaelt, of the rest of the Toronto CSD (excepting some
minute clusters) tends to score negatively on this dimension, showing decreasing residential stability and presence
of the 5369 groups as early households {38), East Asians, and housing costs in@edéis implies these CTs
experience outmovement of their late adult populations and-inovement i.e., the neighbourhood succession of
younger, early households (a procasddly 8 82 OAF SR $gAGK ¢2NRy{i2Qa 9Fad ! aal

prevalen, showing CTs where these age groups stay relatively stable, as do recent moves between 1996 and 2006.
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Figure 414
Agingin-place vs. Succession Dimension

- Component Scores, Toronto CSD, 1996 -2006
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